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Abstract

In the first chapter, I propose a theoretical framework to elucidate how capital from
unsophisticated investors (naive money) is associated with fund performance dynam-
ics. In the framework, when naive money invested in a fund exceeds the ideal amount
for the manager’s skill, it leads funds to underperform persistently. In contrast, the
model predicts that, when the amount of invested naive money is smaller than the
ideal size of a fund reflecting the manager’s skill, the fund performs the same as the
market on a risk-adjusted basis. Empirical results using mutual fund data support
this prediction.

In the second chapter, I develop a model that characterizes how naive money
influences the decisions of active mutual fund managers: in particular, managerial
effort, fees, marketing expenses, private benefit-seeking, and risk-taking. My model
predicts that managers who receive a surplus of naive money are inclined to reduce
their managerial effort, charge higher fees, allocate more resources towards marketing,
and pursue their private benefit by sacrificing returns to investors. In addition, it also
predicts that a manager is most likely to increase idiosyncratic risk when the amount
of invested naive money gets closer to a certain size of the fund that reflects the
manager’s skill.

In the third chapter, I build a model to study how naive money affects funds’
survivorship and entry decisions. Sufficient capital provision from unsophisticated
investors elongates the survival of unskilled managers. Competition among funds
determines the industry equilibrium, and the equilibrium is affected by several key
market conditions: the aggregate investment opportunities, the aggregate capital in-
flows from unsophisticated investors, and the supply of skilled managers. When AM
markets are heterogeneous in investor sophistication, the model shows, AM markets
with more sophisticated investors (say, hedge fund markets) differentiate from those
with less sophisticated investors (say, mutual fund markets). Skilled managers gen-
erate more value in hedge fund markets, and choose to enter those markets.

Thesis Supervisor: Leonid Kogan
Title: Nippon Telegraph & Telephone Professor of Management
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Introduction

Why do active asset management (henceforth, AM) markets exist and persist at all?
This question has puzzled many financial economists, since neoclassical finance and
neoclassical economics, despite their kindred standpoints on most issues in financial
economics, give starkly different answers to the question. The answer from the con-
ventional perspective of neoclassical finance is that market efficiency prevents fund
managers from beating the market even before fees but, nonetheless, actively managed
funds exist since all the investors in those funds are simply irrational. In contrast,
traditional neoclassical economists take the view that investors are rational, and that
the active AM industry persists because active fund managers have skill. These two
different intellectual traditions offer sharply contrasting views on the rationality of
investors and the existence of active managers’ skill.

Empirical findings on the performance of active mutual funds are in line with
the view of neoclassical finance. Active mutual funds underperform the market net
of fees on average (e.g., Fama and French (2010)), and persistently outperforming
funds are hard to find (e.g., Carhart (1997)). The former evidence supports a view
that (at least a significant portion of) investors in active mutual funds are irrational.
The latter evidence appears to be consistent with a view that active mutual fund
managers rarely have skill. These two high-profile empirical results seem unfavorable
to neoclassical economists’ view, where investors are rational and active managers
have skill.

In order to overcome inconsistency with the empirical evidence, the seminal work
of Berk and Green (2004) refines the view of neoclassical economics. From the per-

spective of traditional neoclassical economists, active AM markets are markets for
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managers’ skill, i.e., rational investors look for skilled managers and invest in those
managers’ funds. On the other hand, the perspective of asset market efficiency tells
us that the average risk-adjusted excess return on active funds must be zero after
fees, as long as investors are rational and they consider active funds as one type of
asset class. Reconciling these two perspectives leads to a seemingly peculiar idea:
active managers are skilled, but in equilibrium they perform the same as the market
on a risk-adjusted basis. This idea is consistent with the non-persistence of good
performance, but fails to account for the average underperformance in active mutual

fund markets.

Since neoclassical economists’ view on the active AM industry is not consistent
with (some) empirical findings on performance, can’t we simply take the view of
neoclassical finance and move on? In fact, this view, where active managers do not
have skill and there are ouly irrational investors in active funds, has difficulties in
explaining the cross-sectional fund performance. There are many empirical studies
(e.g., Gruber (1996)) showing that some active funds perform better than others do,
and may outperform the market in the short run. The traditional view of neoclassical

finance cannot very well accommodate such empirical findings.

In this thesis, I attempt to fill this lacuna by developing a theoretical framework for
understanding the AM industry that reconciles the perspectives of neoclassical finance
and neoclassical economics. This thesis adopts the view of neoclassical finance that
there is a substantial number of irrational investors in AM markets. On the other
hand, this thesis adopts a view that skilled managers exist in AM markets, partially
taking the perspective of neoclassical economics, and this is crucially different from
that of neoclassical finance. This new framework provides a natural explanation for
the two major empirical findings in active mutual fund markets: the non-persistence
of good performance and the average underperformance.

Although Berk and Green (2004) do not take irrational investors into account, it
is worth highlighting their insight into the efficiency of AM markets. When skill is
subject to decreasing returns to scale, fierce competition among investors in capital

provision drives the performance of active funds down to that of the passive bench-
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marks. Since investors in active funds break even, the entire value from skill goes
to the managers in the form of fee profits. Therefore, from the investor rationality
perspective, the competitive nature of capital markets translates into the efficiency of
AM markets as markets for skill: rational investors correctly evaluate and compensate

managers’ skill.

By introducing irrational investors, this thesis opens up the possibility of ineffi-
ciency in AM markets: overpricing of managers’ skill. Decreasing returns to scale
at the fund level imply that there is a fund size that correctly prices the manager’s
skill, given the fee schedule. If there is only a small amount of capital from irrational
investors (henceforth, “naive money” or “naive capital”) invested in a fund, rational
investors flow into the fund until the fund reaches its correct size and, consequently,
the manager’s skill is fairly priced. In contrast, if the amount of naive money invested
in a fund exceeds that size, the skill of the manager is overpriced, i.e., the manager
receives fee revenues greater than the surplus (or value, interchangeably) that she is
expected to generate. However, rational investors cannot correct for such overpricing,

since they are not able to short-sell funds.

This thesis studies how the overpricing of managers’ skill shapes AM markets.
One of the most prominent implications of the new theoretical framework is the
performance dynamic of active funds. In equilibrium, overpriced funds underperform,
and the rest perform the same as the market on a risk-adjusted basis. Moreover, the
underperformance of overpriced funds persists. Such performance dynamics of active

funds, particularly that of active mutual funds, is studied in chapter 1.

Overpricing of skill distorts managers’ incentives, and changes their behavior.
Smart investors induce managers to make their best efforts to create value for in-
vestors. However, the possibility of skill overpricing may lead to deviation of man-
agers’ behavior from the optimal behavior from the perspective of smart investors.
Existing managers may choose to adjust their choices (intensive margin) such as fees,
effort, etc.. Managers may even want to change their entry and exit decisions (ex-
tensive margin). These industrial organization (I0) aspects of the AM industry are

studied in chapter 2 and 3.
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In chapter 1, I build a model that associates naive money with fund performance
dynamics. If funds receive excessive capital from naive investors exceeding the fair
size, at which the managers’ skill is fairly priced, those funds underperform persis-
tently. In contrast, when funds only receive small amounts of capital from naive
investors, those funds perform the same as the market on a risk-adjusted basis. Em-

pirical tests using mutual fund data are consistent with these predictions.

In chapter 2, I propose a model of active mutual fund managers’ decisions, par-
ticularly effort, fees, idiosyncratic risk, marketing and private benefit-seeking. More
invested naive money is associated with less effort, higher fees, more marketing and
more private benefit. In addition, managers choose to take the maximum amount of
idiosyncratic risk when fee profits from naive investors are at the same magnitude of

those from smart investors.

In chapter 3, I develop a model to examine how naive money influences managers’
entry and exit decisions, and how those decisions shape the AM industry. In particu-
lar, when there is heterogeneity of investor sophistication across markets, AM markets
with smarter investors (say, hedge fund markets) differentiate from those with naive
investors (say, mutual fund markets). Hedge funds attract relatively skilled managers
compared to mutual funds do. In addition, hedge fund managers create more value

than they would generate by managing mutual funds.

Lastly, I would like to emphasize that the conclusions of this thesis do not rely on
a set of possibly questionable premises regarding the behavioral patterns of irrational
investors. Theoretical studies that involve irrational investors are often criticized
for being sensitive to how their behavior is modeled. Since we lack a satisfactory
understanding of investor choice in AM markets, such sensitivity is an undesirable
feature for theories. Here, the only crucial assumption in chapter 1 is that naive money
is persistent. In chapter 2, in addition to the assumption of chapter 1, I make an
assumption that unsophisticated investors are less sensitive to fees than sophisticated
investors are. In chapter 3, I make an additional assumption regarding naive money:
competition among funds deteriorates the average naive money flow that a fund can

attract. The modesty of these assumptions should assuage the concern about theories
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involving irrational investors.

The remainder of this thesis is as follows. In the remainder of the introduction,
related studies on active AM markets, especially those on active mutual fund markets,
are briefly discussed. Chapter 1 discusses the implication of the theoretical framework
for the performance dynamics of active funds, and presents the analysis of empirical
tests on those implications. Chapter 2 theoretically investigates how naive money
affects the decisions of active mutual fund managers, particularly fees, effort, idiosyn-
cratic risk, marketing and seeking private benefit. Chapter 3 theoretically examines
how naive money influences entry and exit decisions of managers in the AM industry,
and how changes in those decisions shape the AM industry, particularly when AM

markets are heterogeneous in investor sophistication.

Related literature

Empirical studies on the average underperformance of active mutual funds go back to
Jensen (1968). More recent studies (Gruber (1996), French (2008), Fama and French
(2010)) confirm the underperformance. Carhart (1997) is a representative study that
empirically shows the non-persistence of good performance. I would like to emphasize
Fama and French (2010), especially their contribution showing that the aggregate
portfolio of actively managed US equity mutual funds is close to the market (with
99% R?), but underperforms the market after fees roughly at the magnitude of the
average fee. This result makes it difficult to argue that the average underperformance
of active mutual funds is simply due to benchmark misspecification or missing risk
factors.

Many empirical studies on active mutual funds associate the characteristics of
funds with their future performance in the short run (usually the following quarter).
Gruber (1996) finds that the past risk-adjusted performance (alpha) predicts the fu-
ture performance. Similarly, the “return gap” (Kacperczyk, Sialm and Zheng (2008))
and the “active share” (Cremers and Petajisto (2009)) predict performance. Cohen,

Coval and Pastor (2005) find that managers whose portfolios consist of stocks that
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other successful managers hold outperform. These studies suggest that, to a certain
extent, a group of managers have the ability to make portfolio choices that outperform
the market in the short run.

There are theoretical studies on the active AM industry based on the standard no-
tion of investor rationality. Berk and Green (2004) is the first study that theoretically
addresses the non-persistence of the performance of active mutual funds, by assuming
decreasing returns to scale at the fund level. Pastor and Stambaugh (2012) assumes
decreasing returns to scale at the industry level, and justifies the substantial size of
the active AM industry despite the average poor track record. Glode (2011) associates
the underperformance of active mutual funds with the counter-cyclical component of
their performance, which provides insurance against market downturns. One common
issue with these approaches is that it is hard to see how active funds can underperform
on a risk-adjusted basis without assuming the existence of irrational investors.

Among many empirical studies that document the irrationality of investor deci-
sions (e.g., Benartzi and Thaler (2001)), a set of empirical studies that investigate the
role of brokers and/or financial advisors in the AM industry are particularly inter-
esting. Bergstresser, Chalmers and Tufano (2009) show that brokers do not benefit
investors in most tangible dimensions. Del Guercio and Reuter (2014) provide evi-
dence that funds sold through brokers underperform index funds. These studies show
not only that unsophisticated retail investors exist, but also that the AM industry
possesses effective means of directing those investors towards underperforming funds.

Some theoretical studies on the active AM industry are based on irrational or
“distorted” behavior of investors. A study by Gennaioli, Shleifer and Vishny (2015)
proposes a trust-based model in which trust distorts the investors’ perception of
riskiness, and allows the manager to charge high fees despite the underperformance.
Carlin (2009) presents a model of retail financial markets in which firms make their
price structure complex in order to attract less knowledgeable consumers. While
there are other pertinent theoretical studies (e.g., Gabaix and Laibson (2006)) that
are not explicitly written in the context of the AM industry, their implications for

the structure of that industry fall outside the scope of this thesis.
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Chapter 1

Theory and Evidence: Mutual Fund

Performance Dynamics

1.1 Introduction

Are investors in active AM markets rational or not? It is quite well documented
that active mutual funds on average underperform the market (e.g., Jensen (1968)).
Hence, aggregate investors in active mutual fund markets do not seem to make optimal
capital allocation decisions. This supports the view that a non-negligible portion of
investors, especially those in active mutual fund markets, are not fully rational. The
term ‘naive money’ well captures the nature of such investors, although there is an
ambiguity in the precise meaning of this term.

The rationality of investors is closely linked to the question whether active fund
managers have skills or not. If managers do not have any skill, provided that investors
pay fees, all the investors in active management markets must be ‘naive’. On the other
hand, if all the investors are not able to evaluate managers’ skill correctly, managers
do not have any incentive to realize their skill. Therefore, the existence of rational
investors in active AM markets implies the existence of skilled managers.

Surprisingly, when the average risk-adjusted return (alpha) is used to measure
active mutual fund managers’ skill, the evidence is not favorable to the view that

managers have skills. Compared to the market, active mutual funds underperform on
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average (e.g., Jensen (1968)). Besides, the performance of active mutual funds does
not persist (e.g., Cahart (1997)), with an exception that poor performance persists.
In addition, in order to examine whether alphas of active funds come from luck or
skill, Fama and French (2010) conducted a thorough cross-sectional study of mutual

funds, and found little evidence for skill.

However, if alpha does not correctly measure active managers’ skill, there may
well be skilled managers. A rational framework introduced by Berk and Green (2004)
theoretically justifies that view. According to their model, rational investors identify
active funds that exhibit skills and flow into those funds. But there is a limit to
how much a fund can scale up its skill, because of diseconomies of scale (decreasing
returns to scale). In equilibrium, a skilled active fund grows up to a size such that the
net alpha becomes zero, and, as a result, the fund performs exactly the same as the
market. In Berk and Green (2004)’s framework, active managers have skills, but the
managers do not show any superior alpha to the market. Their framework suggests

that alpha may not be a good measure for managers’ skill.

Berk and Green (2004) is the model of ‘smart money’ as opposed to ‘naive money”:
all the investors are rational in active AM markets. Yet, even empirical studies that
do not involve alpha are not quite supportive of this view. Previous studies (e.g.,
Frazzini and Lamont (2008)) find that aggregate investors in mutual fund markets
lose wealth in the long run from their capital allocation decisions. Moreover, there
is more direct evidence on the irrationality of investors in studies of investors’ choice
of funds within 401(k) plans (e.g., Agnew and Balduzzi (2012); Madrian and Shea
(2001)).

In this chapter, I propose a theoretical framework of AM markets, where active
managers have skill, and both smart and naive investors participate in the AM mar-
kets. This framework can be viewed as an extension of Berk and Green (2004) in a
sense that funds are subject to decreasing returns to scale. Due to diseconomies of
scale, there exists a fund size that correctly compensates the manager’s skill, and I
call the size the ‘fair size’. If the amount of invested naive money exceeds the fair

size, smart investors withdraw all of their capital from that fund, and the fund is
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dominated by naive money. In this case, the skill of the manager is overpriced. On
the other hand, if the amount of invested naive money is smaller than the fair size,
smart investors provide capital up to the fair size. In this case, the marginal investors

are smart investors, and the skill of the manager is fairly priced.

In the equilibrium of the model, overpriced funds underperform, and the rest
perform the same as the market on a risk-adjusted basis. Moreover, the underperfor-
mance of overpriced funds persists. When a manager’s skill is overpriced, unsophisti-
cated investors subsidize the overpriced amount in the form of negative average excess
returns (alpha). Since sophisticated investors do not invest in funds with negative
alpha, only unsophisticated investors remain invested in those funds. As long as naive
capital invested in overpriced funds persists, those funds continue being overpriced
and, hence, keep underperforming. On the other hand, when a manager’s skill is
fairly priced, both the sophisticated and unsophisticated investors are invested in the
fund, and those investors receive zero risk-adjusted excess returns on average. Since
funds, at best, perform the same as the market, good performance does not persist.
In addition, because some funds underperform while the others do not outperform,

on average active funds underperform.

Using mutual fund data, I test a prediction that funds dominated by naive money
underperform. The main challenge for this test is identifying those overpriced funds,
since both skill and the amount of naive money are not directly observable. In
particular, since size and skill are correlated, large funds are not necessarily dominated
by naive money. In order to overcome the challenge, I identify funds with the worst
track records but the largest capital flows as most likely to be overpriced. In contrast,
funds with the best track records but the smallest capital flows are identified as least
likely to be overpriced. Results are consistent with the prediction that overpriced
funds underperform, and fairly priced funds neither underperform nor outperform.

Additional empirical tests support the mechanism of the model as well.

In the remainder of the chapter, section 2 presents the model. Section 3 discusses
the implications of the model for the performance dynamics of active funds. Section

4 presents the analysis of empirical tests on those implications. Section 5 discusses
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the limitation of the model and future directions for research, and summarizes the

conclusions.

1.2 The Model

In this model, funds charge a flat proportional fee fdt between ¢ and ¢+ dt. 1 assume
that f is constant and uniform across funds!. Figure 1 illustrates types of investors

and funds in the model:

[See figure 1]

1.2.1 Heterogeneity in skill across managers

There are two types of active managers: skilled (high or H-type) and unskilled (low
or L-type). Skilled managers generate surplus while unskilled managers cannot create
any value. A skilled manager faces decreasing returns to scale (DRS) as her assets
under management (AUM) increase. I assume an extreme form of DRS at fund level:
a skilled manager can generate a fixed amount of value (per time) regardless of her
AUM. Qualitative results of the chapter do not depend on the specific form of DRS.
A skilled manager generates
A (dt + let)
s

over the passive benchmark between ¢ and t + dt, where A is the average dollar value
per time that the manager creates, Z; is a standard Brownian motion, and s is signal-
to-noise ratio of the fund’s excess return. Hence, a skilled manager creates surplus
on average, but there is uncertainty associated with the surplus. The uncertainty is

idiosyncratic across managers, i.e., for manager 7 and j
dZi,t . de,s =0 s Vt, S .

An unskilled manager generates no value on average, but the volatility of the

IEndogenous choice of fees is addressed in chapter 2.
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excess return over the passive benchmark is the same as that of a skilled manager.

This guarantees that the skill of managers is not immediately revealed 2.

1.2.2 Information and learning

There is no informational asymmetry on managers’ skill between investors and man-
agers, i.e., all the agents in the model share the same information about the managers’
skill. When a new manager enters an AM market, the manager and investors have
the same prior on the manager’s skill. New information about the manager’s skill
comes solely from the manager’s performance over time. From the manager’s track
record, both investors and the manager learn about her skill. Since the performance
of managers is public information, all the agents solve the same inference problem.
Therefore, all the agents share the same posterior on managers’ skill at all times.
The signal-to-noise ratio s determines the speed of learning: small s implies that the

learning process is slow, and large s implies the opposite.

The probability distribution of a manager’s skill follows the Bernoulli distribu-
tion, since the manager is either skilled (H-type) or unskilled (L-type). At time ¢,
the probability p;, of being H-type is a sufficient statistic for the probability distribu-
tion of skill for manager (fund) ¢, given the prior and track record of the manager’s
performance. Unless the type of manager ¢ is known with certainty, agents cannot
directly observe the physical Brownian motion Z;,, which governs the uncertainty of

the value created by manager i. Instead, define
dZ,t = s(Li;r — piy)dt +dZ;, (L.1)

where 1, y is 1 if manager ¢ is H-type and 0 otherwise. Z,-,t is a standard Brownian

motion under the available information set at time ¢. Observing the track record of

2Since the model is in continuous time, the volatility of skill can be accurately measured in an
infinitesimally short period of time. If the volatility of the excess return is different between skilled
managers and unskilled managers, agents can instantaneously infer whether a manager is skilled or
not.
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the manager between ¢ and ¢ + dt, the Bayes’ rule for p;, is
dpiy = sz',t(l - pi,t)dZi,t )

using results on filtering from Liptser and Shiryayev (1977). Since dZ,t is orthogonal
to de,t for all j # 4, the learning process for one manager’s skill is independent of

that for another manager’s skill.

1.2.3 Naive investors

Regarding fund performance dynamics, what matters is the amount of invested capital
from naive investors. Hence, I do not explicitly model capital allocation decisions of
naive investors. Rather, I model the amount of invested naive money in a reduced
form. In order to obtain the fund performance results of this chapter, I only need one
assumption: the amount §; of invested naive money is persistent. In continuous-time
setup, this assumption is automatically guaranteed as long as there are no jumps in
q;- Any process of G; satisfying this assumption (e.g., geometric Brownian motion,
Cox-Ingersoll-Ross process, etc.) results in fund performance results that follow in

the next section. Note that due to the short-sale constraint, ¢; cannot be negative.

1.3 Theoretical Results

In this section, I first consider a case without naive investors as a benchmark, and

then consider general cases with naive investors.

1.3.1 Benchmark: no naive investors

Surplus that a manager generates is distributed to the investors, in proportion to
the amount of investment that each investor made in the fund. Therefore, all the
investors in a certain fund receive the same (gross and net) excess return to the

passive benchmark. The gross excess return on a fund between ¢ and t + dt is given
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by
1
dRe = A (ILHdt + stt) ’
gt

where 1y is 1 if the manager of the fund is H-type and 0 otherwise, and ¢, is the
AUM of the fund. Investors pay a proportional fee fdt between t and t + dt. Hence,

the net excess return on a fund between ¢t and ¢ + dt 1s

A(Lpdt + dz,)

qi

dre® = dR® — fdt = — fdt .

Investors can diversify away idiosyncratic risks by themselves. Therefore, the stochas-
tic discount factor does not depend on idiosyncratic risks. If the net expected excess
return (net alpha) on a fund is strictly positive, sophisticated investors are strictly
better off increasing their investment in the fund slightly. As a result, the net alpha

must be non-positive in equilibrium.

On the other hand, if the net alpha is strictly negative, sophisticated investors
do not invest any dollars in the fund. Therefore, strictly negative net alpha cannot
constitute an equilibrium. Therefore, the net alpha must be zero in equilibrium.

Mathematically, this statement translates into

A
Efdref] =0 <= q = _;- =q*(p) ,
t

where ¢*(p) is the fair size of the fund. The skill of the fund manager is correctly

priced and compensated: between ¢ and ¢ + dt the manager receives fee revenues of

1

which is the expected surplus generated by the manager. Therefore, when there are

no naive investors, funds perform the same as the market on a risk-adjusted basis.
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1.3.2 With naive investors

If the net alpha on a fund is strictly positive, sophisticated investors are strictly better
off increasing their investment in the fund slightly. As a result, the net alpha must be
non-positive in equilibrium. On the other hand, if the net alpha on a fund is strictly
negative, sophisticated investors are strictly better off decreasing their investment
in the fund. However, since investors cannot short-sell funds, there is no way that
sophisticated investors can benefit beyond withdrawing the entire investment from
the fund. Therefore, the net alpha on a fund must be either zero, if any sophisticated
investor is remaining in the fund, or negative, if only unsophisticated investors remain

invested in the fund.

Mathematically, these statements translate into

A 0 , G <
firg) = (22 - 1)@= <

G S 0 ) Qt =q
where ¢; is the AUM of the fund at ¢, and ¢, is the amount of naive capital invested
in the fund at ¢t. When there are sophisticated investors invested in the fund,

* PA
@ =qP)=—"F,
f

where ¢*(p) is the fair size of the fund. As long as ¢ < ¢*(p:), i.e., naive capital
does not exceed the fair size of the fund, the net alpha of the fund is zero, and
sophisticated investors remain invested in the fund. The amount of invested capital
from sophisticated investors in the fund is ¢*(p;) — ¢;- In this case, the skill of the
fund manager is correctly priced and compensated: between ¢ and ¢+ dt the manager

receives fee revenues of

1
S

which is the expected surplus generated by the manager.
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If G > q*(p,), i.e., the amount of naive capital exceeds the fair size of the fund,

E,[dre®) = (E—A— )dtg (”—i—— )dtg ( pA —f)dtzO,
G G q*(p)

where the first inequality comes from the fact that investors cannot short-sell funds.

Hence, the net alpha on a fund is negative when the amount of naive capital goes
beyond the fair size of the fund. Since the net alpha is negative, sophisticated investors
do not invest in the fund, and only unsophisticated investors remain in the fund, i.e.,
q: = G;. In this case, the skill of the fund manager is overpriced: between t and ¢+ dt

the manager receives fee revenues of

1
fadt = fgdt > p Adt = E, {A (]lydt + ;dZt)} .

The fund manager is compensated more than the surplus that she is expected to
generate, if there is excessive naive capital invested in the fund. Therefore, the
manager does not have an incentive to block capital from unsophisticated investors.

The following proposition summarizes the analysis.

Proposition 1.1 The AUM of a fund is

nA
gy = max _f—’ Qe )

i.e., the AUM 1is the fair size B‘fﬁ if the amount of invested naive capital is smaller
than the fair size, and the AUM is G, if the amount of invested naive capital exceeds
the fair size.

The net expected excess return on the fund is

0 , &<*®
E,[dre?] = (p—qé - ) dt = &
t <0 qr >

7

-E -E

i.e., the fund underperforms if the amount of naive capital exceeds the fair size.

The investors are a miz of sophisticated and unsophisticated investors if the net
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alpha is zero, and only unsophisticated investors remain wnvested if the net alpha is

negative.

Proof. Proof provided in the above analysis. m

The mechanism of skill overpricing is graphically illustrated in figure 2:
[See figure 2]
The following corollary gives some intuitions regarding flows to funds:

Corollary 1.1 Given the skill of a manager at t and t + T (p, and pir), flows to
the fund between t and t + T are

prTA pA
AQt,t+T:qt+T—‘Qt=ma-X{ t+f 7Qt+T}“ma*x{_}‘—;Qt} .

The flows are the largest for o7 = quir and ¢ < g, and the smallest for g v < q41
and Gy = q;, i.e., given p, and py 1, flows are the largest if fairly priced funds become

overpriced, and the smallest if overpriced funds become fairly priced.

Proof. If qt—{-T = Qt+T and (jt < @, then

" nA _ purA  pA
AQz,t+T=Qt+T——tf—Z HfT *";7‘7

i.e., flows to overpriced funds that were previously fairly priced are always greater

than flows to continuously fairly priced funds, and

~ pA A N
AQt,t+T = qi+T — = 2 i+ — Max {&—, (I;} ) ng )
f f
i.e., flows to overpriced funds that were previously fairly priced are always greater
than flows to continuously overpriced funds.

Similarly, if G+ < g7 and ¢, = q,,

A A A
A(h,t+T = pt-? —¢ < pr - P_f__ )
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i.e., flows to fairly priced funds that were previously overpriced are always smaller

than flows to continuously fairly priced funds, and

AgiiiT = pt+;A — gy < max {pt+fA»6;+T} -G, Vi,
i.e., flows to fairly priced funds that were previously overpriced are always smaller
than flows to continuously overpriced funds.

Combining these two sets of results, given p, and py,r, flows are the largest to
overpriced funds that were previously fairly priced, and the smallest to fairly priced
funds that were previously overpriced. m

Lastly, the following corollary provides additional implications for the magnitude

of underperformance:

Corollary 1.2 When a fund is overpriced, i.e., the amount of invested naive money
exceeds the fair size of the fund, the magnitude of underperformance increases in the

amount ¢, of naive capital, and decreases in the expected skill p, A.
Proof. When a fund is overpriced, the magnitude of underperformance is given by

_P_‘_‘é:f_p‘A

E/[dr®]| =
|Be[dri”]| " 3

The magnitude is increasing in ¢ and decreasing in p;A. =

1.4 Empirical Results

1.4.1 Empirical challenges

Empirical tests of this chapter involve active mutual funds. The model suggests that
a mutual fund underperforms when only naive capital is invested in the fund (when
the manager’s skill is overpriced). However, identifying funds that are dominated by
naive money is quite a challenging task, since we cannot directly observe both the

skill of managers and the amount of naive money invested in funds. In particular,
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the size of a fund may not be a good indicator for whether the fund is overpriced or

not, because skill and size are positively correlated.

In order to overcome this challenge, I employ capital flows instead of size. This by
itself does not fully address the issue, since capital flows may be from sophisticated
investors and/or unsophisticated investors. Corollary 1.1 is helpful since, controlling
for the perceived skill, the largest capital flows can be associated with the funds
becoming overpriced. Similarly, the smallest capital flows can be associated with the
funds becoming fairly priced, controlling for changes in perceived skill. Thus, extreme

flows can be exploited in order to distinguish overpriced funds and fairly priced funds.

In addition to the main challenge of identifying funds dominated by naive money,
the performance evaluation of mutual funds is subject to several types of bias. Sur-
vivorship bias (Brown et al. (1992)) and incubation bias (Evans (2010)) are upward
biases, and are widely recognized in mutual fund studies. Reverse-survivorship bias
(Linnainmaa (2013)) is a more recent concern, and is a downward bias. Since the em-
pirical tests of this chapter examine underperformance, downward bias is a particular
concern. The concern is that, if reverse-survivorship bias contributes to the estimate
of underperformance, the true performance of (those identified as) overpriced funds
may not be significantly different from the market performance, on a risk-adjusted

basis.

In order to address the concern about reverse-survivorship bias, I take a portfolio
approach: I form portfolios and estimate the performance of those portfolios, instead
of measuring the performance of individual funds. Reverse-survivorship bias comes
from the positive correlation between idiosyncratic shocks to fund performance and
the survival time. Simplistically, suppose that the risk-adjusted excess return on fund
iis

er __
Tit = Qi+t €,

where ¢;; is the mean-zero idiosyncratic component of fund returns that is orthogonal

to systematic risks that the fund bears. The conventional estimate of alpha of an
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individual fund can be written as

T;

2:: :

where T; is the survival time of fund 7. The estimate of alpha is downward biased:

-

ﬂl

T:

%erg] =o;+E

t=1

1 T;
foi,t} <a;,

=1

as long as the survival time T; and idiosyncratic shocks ZtT:l €+ are positively corre-
lated. On the other hand, by forming a portfolio of funds, the conventional estimate

of alpha of the portfolio can be written as

Te N

E E w’ltrlt )

t-l i=1

where Tg is the length of the estimation period that is exogenously set by the re-
searcher, NV, is the number of funds existing in period £, and w;, is the portfolio
weight on fund ¢ in period ¢. Suppose that all the funds in the portfolio have the

same «; = ;. Then, the estimate of the portfolio alpha is

Tg Nt 1 Tg N Tg N:
]E[aP] [ ;;wnr ]: T—E;I_l wzta1]+E TE;;’U)MQ{'

Since w;; is determined before ¢;, is realized, the estimate of the portfolio alpha is

unbiased:
T N, Tg N
[T Zszte”} =0 < E[a |:T ZZw”a,} =a,.
E 1 =1 E 21 =1

Therefore, by taking a portfolio approach, reverse-survivorship bias is no longer a

concern.

However, if funds in a portfolio have heterogeneous «, there is another concern.

Since low « funds are more likely to die out than high o funds, portfolio weights
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on high « funds are likely to increase in time within the estimation period for any
sensible weighting scheme. For instance, consider equal weighting. If the attrition

rate is independent of «,

E[6,) =E

1 Tg 1 Ny 1 N
T—E;]_\E;ai]:ﬁ;ai’

where N is the number of funds that exist at the beginning of the estimation period.
In this case, the expected value of the estimated portfolio alpha is exactly the average
alpha of all the funds included in the portfolio. Yet, if the attrition rate is higher for

low « funds,

E[6,) = E

1 TE 1 N 1 N
T—E;E;ai >N;ai.

In this case, the expected value of the estimated portfolio alpha is above the average

alpha of all the funds included in the portfolio: the estimate is upward-biased. I
refer to this upward bias as “general survivorship bias,” as opposed to the narrow
interpretation of survivorship bias (Brown et al. (1992)) due to missing data of
dead funds. While the general survivorship bias is a valid concern, underperformance
cannot be overestimated due to such upward bias. Therefore, the bias is less of a

concern of this chapter.

1.4.2 Empirical tests

I employ an identification strategy that compares two groups of mutual funds: one
group of funds that are most likely to be dominated by naive money, and another
group of funds that are least likely to be dominated by naive money. If the former
group mostly consists of overpriced funds, and the latter group mostly consists of
fairly priced funds, then the model predicts that the former group underperforms,
and the latter group performs the same as the market on a risk-adjusted basis.

In the main test, I identify funds with the worst past performance, but the largest
capital flows, as most likely to be overpriced; likewise, funds with the best past

performance, but the smallest capital flows, are least likely to be overpriced. In the
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model, past performance is the most directly related to changes in the perceived
skill of funds. By controlling for past performance, from corollary 1.1, funds having
received the largest flows are likely to be overpriced, and those having received the
smallest flows are likely to be fairly priced. Among the former, funds with the worst
track records and largest flows are the most likely to be overpriced, because past
underperformance implies that a significant portion of those funds are overpriced.
Similarly, funds with the best track records and smallest flows are the least likely to
be overpriced.

In the second test, I identify funds with the smallest return gap, but the largest
capital flows, as most likely to be overpriced; likewise, funds with the largest return
gap but smallest capital flows are least likely to be overpriced. The return gap, pro-
posed by Kacperczyk, Sialm and Zheng (2008), is defined by the difference between
the gross return of a fund and the hypothetical return on the most recently disclosed
portfolio of the fund. The return gap measures whether managers improve perfor-
mance by changing their holdings, and hence the return gap is an indirect measure
of manager skill. Funds are more likely to be overpriced when the skill of managers
is low, given the same amount of invested naive money. Therefore, from corollary
1.1, funds with the smallest return gap and largest flows are the most likely to be
overpriced, and funds with the largest return gap and smallest flows are the least
likely to be overpriced.

In the third test, I take a different approach that provides less direct support for
the model’s mechanism than the other tests do. Instead of looking into the entire
set of active (domestic equity) funds, I consider a subset of funds that are involved
in mergers. Mutual fund mergers are quite common in the industry: 4-9% of mutual
funds exit each year, and roughly half of them are merged into other funds. However,
our understanding of why some funds choose to acquire other funds is quite limited.

In particular, the investor rationality view does not provide a good explanation.

This chapter takes the view that mergers benefit acquiring funds by transferring
naive money from target funds to acquiring funds. In order for acquiring funds to

benefit, they have to be overpriced after mergers. Under this view, from corollary 1.2,
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the performance of acquiring funds worsens after mergers since the amount of naive
money invested in those funds increases as a consequence of mergers. In particular,
corollary 1.2 implies that the magnitude of underperformance after mergers increases
with the size of the target funds: funds that acquire larger target funds obtain more
naive capital and, hence, underperform more after mergers compared with their per-
formance before mergers. I test this prediction, which is a joint test of corollary 1.2

and the hypothesis that mergers are transfers of naive money.

1.4.3 Data and methodology

The main data source of this chapter is the CRSP Survivor-Bias-Free US Mutual Fund
Database. The database provides the characteristics of mutual funds and their net
returns. As previously discussed, I take a portfolio approach by double-sorting funds
into 5 x 5 bins. In order to have sufficient numbers of funds in each bin, I focus on
data from January 1991 through December 20163. Since the CRSP database assigns
separate identifiers for different share classes of a single fund, I construct returns of
funds by value-weighting returns of their share classes. I only include US domestic
equity funds based on the CRSP style code, and exclude index funds and ETF/ETN
in order to include active funds only.

I take further steps in order to address known biases - in particular, incubation
bias. The concern of (the narrow interpretation of) survivorship bias is mostly ad-
dressed by using the CRSP Survivor-Bias-Free US Mutual Fund Database. However,
incubation bias is still a valid concern. In order to assuage the concern, I only include
returns of a fund after the point that the fund reaches $15 million AUM (in end of
2016 dollars) for the first time. For computing the real AUM of funds, I use the GDP
implicit price deflator, which is obtained from the FRED website*.

In the main test, I double-sort funds on their performance and flow. I use the

Fama-French-Carhart four-factor (FFCAF) model for evaluating the performance of

3In the CRSP database, after data cleaning, there are 656 domestic equity funds in January 1991,
and 2,776 domestic equity funds in December 2016. In 1990, there are less than 100 domestic equity
funds in the CRSP database.

4https://fred.stlouisfed.org
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portfolios of funds. The four factors are obtained from Kenneth French’s website®.
Funds are sorted on their past 12-month performance (FFC4F alpha), and then are
sorted on the flow in the past 12 months, which is defined by

_ AUMt - (1 +T't)AUMt_1

Fl
oW AUM, ; ’

where 7; is the net rate of return on the fund between ¢t — 1 and ¢, and the time
interval is one year (12 months). I double-sort funds at the beginning of each year,
starting from the 1st of January 1992 through the 1st of January 2016, and, hence,
annually rebalance portfolios in each bin. This procedure gives me returns of 5 x 5
mutual fund portfolios from January 1992 through December 2016. I measure the

performance of these 25 portfolios.

In the second test, I double-sort funds on their return gap and flow. In order to
compute the return gap, I obtain the holdings of mutual funds from the Thomson-
Reuters Mutual Fund Holdings Database. In order to compute the hypothetical
return, I obtain return data of individual stocks from the CRSP US Stock Databases.
The gross return of a fund is computed by adding the expense ratio to the net return.
When linking data from the Thomson-Reuters Database to data from the CRSP
database, I employ the Mutual Fund Links (MFLINKS) database. I rebalance 5 x 5
portfolios annually based on the past year’s return gap and flow, similar to the main
test. These procedures moderately reduce the number of samples compared with the

main test.

In the third test, I sort mergers by the size of target funds. Since I am interested
in the total amount of naive money acquired through mergers, I aggregate the AUM
of all the target funds if mergers involve multiple target funds at the same time.
Mergers of one share class into another share class of the same fund are not included.
Since mergers occur at different points of time, I cannot take a portfolio approach
here: I need to estimate the performance of individual funds. This brings up the

concern of reverse-survivorship bias. In order to address reverse-survivorship bias,

Shttp://mba.tuck.dartmouth.edu/pages/faculty/ken.french/data_library.html
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I only include acquiring funds that have at least 12-month returns before and after
mergers (24-month returns at minimum). Since I only consider acquiring funds that
survive for longer than 12 months after mergers, there is no reverse-survivorship bias.
However, there can be survivorship bias for after-merger performance®. Since the bias
is upward, the magnitude of the underperformance estimate is never overestimated by
the bias. For the performance of target funds, there is a concern about selection bias,
since negative idiosyncratic shocks are likely associated with their attrition. Thus,

the performance of target funds is likely downward-biased.

1.4.4 Results
Performance-Fund flow double-sort
[See table 1]

”. In Ap-

The past year’s underperformance predicts this year’s underperformance
pendix Table 1, when funds are sorted on the past year’s FFCAF, poor-performing
funds tend to underperform in the next year. However, the difference in the next year’s
performance between the best-performing funds and the worst-performing funds is
only marginally significant (at the 10% level), when the difference in performance is
measured by the FFC4F alpha. In addition, when that difference is measured by the
CAPM alpha, the difference is not statistically significant.

Similarly, the past year’s fund flow predicts this year’s underperformance. In
Appendix Table 2, when funds are sorted on the past year’s fund flow, funds that
receive large flows tend to underperform in the next year. However, the difference in
the next year’s performance between the funds receiving the largest flow and those
receiving the smallest flow (or the largest outflow) is only marginally significant (at the
10% level), when the difference in performance is measured by the FFCAF alpha. Yet,
when the difference of performance is measured by the CAPM alpha, the difference

becomes quite significant (at the 1% level).

51 do not have survivorship bias for before-merger performance, because acquiring funds must
survive until the point of mergers in order to acquire target funds.
"This is a well known empirical regularity since Carhart (1997).
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When funds are double-sorted on performance and fund flow, the next year’s net
performance measured by the FFCAF alpha is perceptibly aligned: the (risk-adjusted)
performance of funds that previously outperformed and received small flows is not dis-
tinguishable from zero, and funds that previously underperformed and received large
flows keep significantly underperfonning. The performance difference between best-
performance-smallest-flow funds and worst-performance-largest-flow funds is about
4% annually (both for equal-weighted and value-weighted portfolios), and statisti-
cally significant at the 1% level.

When the next year’s performance is measured by the CAPM alpha, the re-
sult is qualitatively quite similar, and can be seen in Appendix Table 4. Quan-
titatively, the annual performance difference between best-performance-smallest-flow
funds and worst-performance-largest-flow funds is 4.35% for equal-weighted portfolios,
and 5.18% for value-weighted portfolios. Those differences are statistically significant

at the 1% level.

Return gap-Fund flow double-sort

[See table 2]

The past year’s small return gap predicts this year’s underperformance. In Appendix
Table 3, when funds are sorted on the past year’s return gap, funds with small return
gaps tend to underperform during the next year. In Kacperczyk, Sialm and Zheng
(2008), the return gap predicts the short-run outperformance (in the next quarter)
of funds. Yet, in this chapter, the return gap does not predict outperformance in the
long run (in the next year).

Small return gaps do not predict underperformance as well as other variables (un-
derperformance and large flows) do. In Appendix Table 3, only the equal-weighting
scheme combined with the FFCAF alpha as the performance measure generates a sta-
tistically significant difference in performance between funds with the largest return
gap in the past year and those with the smallest return gap.

When funds are double-sorted on return gap and fund flow, the next year’s net per-

formance measured by the FFCAF alpha is aligned: the (risk-adjusted) performance
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of funds that previously had large return gaps and received small flows is not distin-
guishable from zero, and funds that previously had small return gaps and received
large flows keep significantly underperforming. The annual perfofmance difference
between largest-return gap-smallest-flow funds and smallest-return gap-largest-flow
funds is 2.42% for equal-weighted portfolios, and 3.14% for value-weighted portfolios.
These differences are statistically significant at the 5% level.

When the next year’s performance is measured by the CAPM alpha, the perfor-
mance pattern is less evident, as can be seen in Appendix Table 5. This is partly due
to the finding (in Appendix Table 3) that the return gap does not predict the next
year’s CAPM alpha very well. However, the annual performance difference between
largest-return gap-smallest-flow funds and smallest-return gap-largest-flow funds is
still statistically significant at the 5% level: the difference is 2.36% for equal-weighted
portfolios, and 3.75% for value-weighted portfolios.

Performance of funds before/after mergers

[See table 3]

As predicted, the difference between the performance of acquiring funds after merg-
ers and that before mergers increases with the size of target funds. In particular, the
difference is pronounced for funds that acquire target funds the size of which is in
the biggest quintile. The after-merger performance of those acquiring funds is 1.57%
lower than the before-merger performance of the same funds, and statistically signif-
icant at the 1% level, when the FFC4F alpha is used as the performance measure.
When performance is measured by the CAPM alpha, funds that acquired the largest
target funds perform 1.64% lower after mergers than they did before mergers, and
the difference is statistically significant at the 5% level.

There are other interesting aspects that this chapter does not address. While
target funds significantly underperform acquiring funds before mergers, the magnitude
of underperformance tends to decrease with the size of target funds. After mergers,

the combined funds perform better than target funds, except for those which acquired
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the largest target funds. Funds that acquired the smallest target funds seem to
improve their performance after mergers, but the improvement is only statistically

significant when the performance is measured by the CAPM alpha.

1.5 Discussions and Conclusions

The main empirical challenge for the predictions of the model is that neither the
skill of managers nor the amount of invested naive money is observable. In order to
address this challenge, I employ mismatches between changes of the perceived skill of
managers, measured by the recent risk-adjusted performance of funds, and the changes
of fund size. While this identification strategy results in the empirical pattern of future
fund performance as predicted by the model, it cannot still perfectly distinguish ‘naive
money’ from ‘smart money’. Using more micro-level data in order to identify naive
money would lead to more convincing empirical results for the predictions of the
model.

In conclusion, this chapter proposes a theoretical framework that seriously takes
into account the role of unsophisticated investors in AM markets. The model predicts
that the skill of active managers is “overpriced" once the amount of capital from
unsophisticated investors exceeds the size that fairly prices the skill. Overpriced
funds underperform the passive benchmark, while fairly priced funds perform the
same as the benchmark. The mechanism of the model delivers several predictions on

the fund performance dynamics, which are empirically tested and supported.
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Figures

Figure 1: Types of investors and types of funds

The following figure illustrates two types of investors, sophisticated (smart) investors
and unsophisticated (naive) investors, and two types of funds, active funds and passive
benchmarks. Among active funds, smart investors never choose to invest in active
funds with negative net alpha, while naive investors do invest in those with negative

net alpha.

 Active Funds

Types of investors and types of funds
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Figure 2: Mechanism of skill overpricing

The following figure illustrates the mechanism that excessive inflows of naive money

overprice the skill of managers.

Fair Size
pitA
f

Mechanism of skill overpricing by naive investors
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Tables

Table 1: Performance-Fund flow double sort

The tables show the Fama-French-Carhart 4-factor model (FFCAF) monthly alpha
for 25 portfolios from 1992 to 2016. The 25 (5 x 5) portfolios are double-sorted
on the previous year’s performance and the previous year’s fund flow (firstly on the
performance and then the flow). The previous year’s performance is measured by
FFCA4F, and the previous year’s fund flow is the percentage growth of the previous
year’s AUM adjusting for the net return. The portfolios are rebalanced at annual

frequency on the 1st of January each year.

Table 1a: Equal-weighted portfolios

Flow
12 x a | Low 2 3 4 High
Low |-1.83** -1.67* S2.87TF¥K QTIRRR 3 62%F*
2 S1L18%*  J1.41%FF _1.05%*  -1.63%FF 1. 7p%FH*
FFCAF o 3 -1.03**  -0.85* SL14¥*F 1. 410FF 1.36FFF
4 -0.78 -0.47 -0.74 -118%*F 1,23
High | 0.39 -0.21 -0.53 -0.78 -2.16%*

(High o & Low flow) minus (Low a & High flow): 4.02*** (std err: 1.22)

Standard errors

Flow
12x a | Low 2 3 4 High
Low |0.81 091 1.03 0.86 0.86
2 0.54 049 0.49 0.54 0.50
FFCAF o 3 049 048 041 040 041
4 0.57 0.65 0.58 0.50 0.46
High |0.89 0.82 083 0.80 0.98
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Table 1b: Value-weighted portfolios

Flow
12 x a | Low 2 3 4 High
Low | -2.17%* .2.68%*%* _2.69%** _2.63*** _4.41*%**
2 0.07 -0.68 -0.61 -1.27* -2.14%**
FFCAF o 3 -1.54%F  (1.22%F  _1.27FFF _1.12% -1.61%%*
4 -1.64**  -0.09 0.05 -1.03* -1.89%**
High |[-0.27 -0.07 -0.20 -1.89* -2.97*%*

(High o & Low flow) minus (Low o & High flow): 4.14%** (std err: 1.41)

Standard errors

Flow
12x o | Low 2 3 4 High
Low [0.94 074 0.77 0.77 0.99
2 0.90 0.58 0.52 0.70 0.56
FFCAF o 3 0.63 056 0.46 065 0.62
4 0.76 0.72 0.60 0.59 0.55
High | 0.88 086 0.87 1.01 1.16
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Table 2: Return gap-Fund flow double sort

The tables show the Fama-French-Carhart 4-factor model (FFC4F) monthly alpha
for 25 portfolios from 1992 to 2016. The 25 (5 x 5) portfolios are double-sorted on
the previous year’s return gap and the previous year’s fund flow (firstly on the return
gap and then the flow). The previous year’s return gap is measured as in Kacperczyk,
Sialm and Zheng (2008), and the previous year’s fund flow is the percentage growth of
the previous year’s AUM adjusting for the net return. The portfolios are rebalanced

at annual frequency on the 1st of January each year.

Table 2a: Equal-weighted portfolios

Flow
12 x & | Low 2 3 4 High
Low | -1.88%** _2.00%* -2.03*** .1.99%** _2 66***
2 -0.87 -1.27%*%  -0.73 SLETHFE _1.31%*F
Return Gap 3 -1.14* -1.19*  -0.64 -0.96 -1.17**
4 0.19 -0.70 -0.63 -1.20* -1.87***
High |-0.24 -0.63 -0.51 -0.44 -1.52%

(High return gap & Low flow) minus (Low return gap & High flow):
2.42%*
(std err: 1.17)

Standard errors

Flow
12 x a | Low 2 3 4 High
Low |0.71 0.85 067 0.73 0.76
2 0.58 054 046 046 0.48
Return Gap 3 0.69 0.63 050 0.65 0.49
4 0.80 0.75 0.66 0.67 0.52
High | 0.89 0.93 1.02 0.89 0.81
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Table 2b: Value-weighted portfolios

Flow
12 x a | Low 2 3 4 High
Low |-2.23%% -1.34 -1.71*  -1.33 -2.58%*
2 -0.18 -2.62*¥*¥*  0.02 -0.46 -1.46%*
Return Gap 3 -1.42%  -0.70 -1.27%*%  -0.54 -0.67
4 -0.62 -0.49 -0.03 -1.88%** D 3@¥**
High | 0.56 -0.23 0.22 -1.59* -2.99**+*

(High return gap & Low flow) minus (Low return gap & High flow):
3.14**
(std err: 1.49)

Standard errors

Flow
12x a | Low 2 3 4 High
Low |1.10 1.01 096 1.00 1.14
2 0.67 0.72 0.69 0.60 0.72
Return Gap 3 0.73 0.77 0.51 0.74 0.66
4 0.78 0.88 0.76 0.67 0.62
High | 1.01 1.04 1.05 0.92 1.03
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Table 3: Performance of funds before/after mergers

The tables show the performance of target and acquiring funds before mergers, and

the performance of acquiring funds after mergers, for mergers in period 1991-2016.

When a single fund acquires multiple target funds at the same time, those target

funds are aggregated, and their returns are value-weighted. The significance level is

based on the p-value of the null that the difference in the average performance before

mergers and that after mergers is zero.

Table 3a: FFC4F alpha (annualized)

FFCAF «
Target Before After Before-Target After-Target After-Before
Total | -2.95 -0.86 -1.02 2.09%** 1.93%** -0.16
Small | -3.47 -1.32 -0.41 2.15%** 3.06%** 0.91
2 -2.83 -045 -0.84 2.38%** 1.99%** -0.39
3 -3.42 -0.89 -1.32 2.53%** 2.10%** -0.43
4 -3.17  -130 -0.63 1.88%** 2.55%F* 0.67
Big |-1.86 -0.35 -1.92 1.51%* -0.06 -1.57F**
p-values
FFCA4F o
Before-Target After-Target After-Before
Total | 0.00 0.00 0.55
Small | 0.00 0.00 0.13
2 0.00 0.00 0.52
3 0.00 0.00 0.48
4 0.00 0.00 0.26
Big | 0.01 0.93 0.01
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Table 3b: CAPM alpha (annualized)

CAPM «
Target Before After Before-Target After-Target After-Before
Total | -296  -0.29 -0.15 2.66%** 2.80*** 0.14
Small | -3.91  -1.50 1.82 2.41*** 5. 73*** 3.32%**
2 -2.68 -020 -0.42 2.48%** 2.26%** -0.22
3 -2.34  0.56 -0.10 2.90%** 2.23%** -0.67
4 -3.60 -0.26 -0.35 3.35%** 3.26%** -0.09
Big |-225 -0.07 -1.70 2.18%** 0.55 -1.64**
p-values
FFCAF o
Before-Target After-Target After-Before
Total | 0.00 0.00 0.65
Small | 0.00 0.00 0.00
2 0.00 0.00 0.74
3 0.00 0.00 0.33
4 0.00 0.00 0.90
Big | 0.00 0.42 0.02
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Appendix Tables

Appendix Table 1: Performance single sort

The tables show the Fama-French-Carhart 4-factor model (FFC4F) monthly alpha
and the CAPM monthly alpha for 10 portfolios from 1992 to 2016. The 10 portfolios
are sorted on the previous year’s performance. The previous year’s performance is
measured by FFC4F'. The portfolios are rebalanced at annual frequency on the 1st of

January each year. The standard errors are reported in parentheses.

Appendix Table 1a: FFC4F alpha (annualized)

FFCAF a
Equal-weighted | Value-weighted
Low -2.90**  (1.15) | -3.75%** (0.97)
.2 -2.21%%*%  (0.56) | -2.62*** (0.56)
3 -1.47%%* (0.46) | -0.72 (0.55)
4 -1.34%**  (0.44) | -1.08**  (0.47)
5 -1.42%%% (0.38) | -1.24*** (0.48)
6 -0.90**  (0.40) | -1.29*%** (0.43)
7 -1.13**  (0.47) | -0.80**  (0.38)
8 -0.64 (0.51) | -0.47 (0.54)
9 -0.85 (0.60) | -1.00* (0.59)
High -0.47 (0.99) | -1.31 (1.04)
High-Low | 2.43* (1.43) | 2.44* (1.38)
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Appendix Table 1b: CAPM alpha (annualized)

CAPM «a
Equal-weighted | Value-weighted
Low -2.62%*%  (1.33) | -3.68%** (1.07)
2 -L73%*F (0.71) | -2.52%F*%  (0.62)
3 -1.10%*  (0.56) | -0.66 (0.55)
4 -0.98*  (0.50) | -0.96**  (0.46)
5 -0.99**  (0.46) | -1.04**  (0.49)
6 -0.46 (0.46) | -0.98**  (0.48)
7 -0.87*  (0.52) | -0.63 (0.39)
8 -0.35 (0.58) | -0.62 (0.56)
9 -0.81 (0.73) | -1.13 (0.74)
High -0.35 (1.41) | -1.70 (1.50)
High-Low | 2.27 (1.48) | 1.98 (1.50)

Appendix Table 2: Fund flow single sort

The tables show the Fama-French-Carhart 4-factor model (FFC4F) monthly alpha
and the CAPM monthly alpha for 10 portfolios from 1992 to 2016. The 10 portfolios
are sorted on the previous year’s fund flow. The previous year’s fund flow is measured
by the percentage growth of the previous year’s AUM adjusting for the net return.
The portfolios are rebalanced at annual frequency on the 1st of January each year.

The standard errors are reported in parentheses.

Appendix Table 2a: FFC4F alpha (annualized)

FFCA4F «
Equal-weighted | Value-weighted
-0.85 (0.55) | -1.28* (0.70)
-1.12* (0.61) { -0.83 (0.68)
-1.23% (0.60) | -1.34**  (0.62)
-1.09**  (0.53) | -0.78 (0.50)
-1.13**  (0.52) | -0.68 (0.45)
-1.38%%*  (0.50) | -0.72* (0.41)
-1.24%%  (0.49) | -0.66 (0.50)
-1.56%*%*%  (0.51) | -1.57***  (0.57)
-1.55%%*%  (0.51) | -1.68*** (0.53)

High -2.09%*%*  (0.59) | -2.94*¥**  (0.78)
High-Low | -1.24* (0.65) | -1.66* (0.87)

.
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Appendix Table 2b: CAPM alpha (annualized)

CAPM «
Equal-weighted | Value-weighted
Low 0.05 (0.82) | -0.22 (1.02)
-0.28 (0.73) | 0.24 0.76)
-0.63 (0.68) | -0.57 0.64)

(

(
-0.81 (0.59) | -0.36  (0.51)
-1.06*  (0.59) |-0.72  (0.45)
-1.29%%  (0.56) | -0.95%*  (0.40)
-118*  (0.61) | -L17%*  (0.53)
“1.46%*%  (0.68) | -1.96*** (0.67)
9 -1.43%%  (0.73) | -1.88*** (0.67)
High |-2.02%*  (0.90) | -3.15%%* (1.14)
High-Low | -2.07%%% (0.69) | -2.93** (0.94)

0 ~J O U b W

Appendix Table 3: Return gap single sort

The tables show the Fama-French-Carhart 4-factor model (FFC4F) monthly alpha
and the CAPM monthly alpha for 10 portfolios from 1992 to 2016. The 10 portfolios
are sorted on the previous year’s return gap. The previous year’s return gap is
measured as in Kacperczyk, Sialm and Zheng (2008) The portfolios are rebalanced at
annual frequency on the 1st of January each year. The standard errors are reported

in parentheses.

Appendix Table 3a: FFC4F alpha (annualized)

FFCAF o
Equal-weighted | Value-weighted
Low -2.17%%*  (0.75) | -1.78* (1.01)
2 -2.03***  (0.56) | -2.21**  (0.88)
3 -1.32%F% (0.43) | -1.47**  (0.63)
4 -1.03***  (0.39) | -0.25 (0.53)
5 -0.94* (0.51) | -0.88* (0.52)
6 -1.10%*  (0.49) | -1.01* (0.53)
7 -0.96* (0.54) | -0.77 (0.48)
8 -0.75 (0.67) | -2.06*** (0.64)
9 -0.69 (0.82) | -1.16 (0.72)
High -0.65 (0.84) | -1.32 (0.85)
High-Low | 1.52*%* (0.74) | 0.47 (0.88)
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Appendix Table 3b: CAPM alpha (annualized)

CAPM «
Equal-weighted | Value-weighted

Low -1.82  (1.20) |-1.99 (1.40)
2 -1.28  (0.92) |-2.22* (1.27)

3 -0.84  (0.64) |-1.44* (0.77)

4 -0.49  (0.57) |-0.33 (0.60)

) -0.48  (0.57) |-1.06* (0.55)

6 -0.78  (0.57) |-1.05**  (0.54)
7 -0.64 (0.61) |-0.95* (0.49)
8 -0.54  (0.74) |-2.52%%% (0.69)

9 -0.67  (0.94) [-1.22 (0.97)
High |-0.66 (1.37) |-1.50 (1.45)
High-Low | 1.16 (0.75) |0.49 (0.88)

Appendix Table 4: Performance-Fund flow double sort - CAPM

a

The table shows the CAPM monthly alpha for 25 portfolios from 1992 to 2016. The
25 (5 x 5) portfolios are double-sorted on the previous year’s performance and the
previous year’s fund flow (firstly on the performance and then the flow). The previous
year’s performance is measured by FFCAF, and the previous year’s fund flow is the
percentage growth of the previous year’s AUM adjusting for the net return. The

portfolios are rebalanced at annual frequency on the 1st of January each year.

Appendix Table 4a: Equal-weighted portfolios

Flow
12x a | Low 2 3 4 High
Low |-0.70 -0.92 -2.97%* _2.66%** -3.50%**
2 -0.32  -0.93* -0.89 -1.52%**  _1.53**
FFCAF o 3 -0.16 -0.35  -0.90** -1.07**  -1.09**
4 002 -0.06 -0.71 -1.09* -1.12%
High | 0.8 -0.01 -0.90 -0.80 -2.00

(High o & Low flow) minus (Low « & High flow): 4.35%** (std err: 1.19)
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Standard errors

Flow
12x a | Low 2 3 4 High
Low |1.08 1.02 1.18 0.99 1.03
2 0.67 0.54 0.55 058 0.62
FFC4F o 3 0.60 0.52 0.43 0.49 0.53
4 0.67 0.70 0.63 0.56 0.60
High [1.08 090 1.00 1.16 1.49

Appendix Table 4b: Value-weighted portfolios

Flow
12x a | Low 2 3 4 High
Low |-1.08 -2.09%F*% .2.49%** 2 9g*** _4 73%**
2 091 0.01 -0.53 -1.52%*% 2. 53%F*
FFC4F o 3 -0.48 -0.40 -0.85* -1.63**  -1.98%**
4 -0.58 0.23 -0.41 -1.26%F  -1.94%**
High | 046 -0.12 -0.90 -2.06 -3.07*

(High o & Low flow) minus (Low a & High flow): 5.18*%** (std err: 1.40)

Standard errors

Flow
12 x a | Low 2 3 4 High
Low |1.22 079 0.81 0.84 1.10
2 094 062 051 0.69 0.65
FFCAF o 3 0.72 059 047 0.66 0.74
4 092 081 065 061 0.66
High | 1.08 0.84 0.99 1.38 1.69
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Appendix Table 5: Return gap-Fund flow double sort - CAPM

(6

The table shows the CAPM monthly alpha for 25 portfolios from 1992 to 2016. The 25
(5x 5) portfolios are double-sorted on the previous year’s return gap and the previous
year’s fund flow (firstly on the return gap and then the flow). The previous year’s
return gap is measured as in Kacperczyk, Sialm and Zheng (2008), and the previous
year’s fund flow is the percentage growth of the previous year’s AUM adjusting for the
net return. The portfolios are rebalanced at annual frequency on the 1st of January

each year.

Appendix Table 5a: Equal-weighted portfolios

Flow
12x o | Low 2 3 4 High
Low |-1.06 -1.07 -1.81* -1.58 -2.28*
2 036 -0.70 -0.71 -1.32** -0.88
Return Gap 3 -0.18 -0.68 -0.42 -0.98 -0.89
4 095 -0.28 -0.57 -1.28*% -1.68***
High |0.08 -0.61 -0.76 -0.72 -1.30

(High return gap & Low flow) minus (Low return gap & High flow):
2.36%*
(std err: 1.16)

Standard errors

Flow
12x a | Low 2 3 4 High
Low [1.14 1.15 098 1.15 1.18
2 0.87 064 0.56 0.58 0.71
Return Gap 3 0.79 068 054 0.69 0.60
4 087 0.81 0.69 0.73 0.65
High | 1.12 1.08 1.16 1.24 1.34
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Appendix Table 5b: Value-weighted portfolios

Flow
12 x a | Low 2 3 4 High
Low |-0.96 -0.57 -1.97 -1.67 -2.76*
2 1.22  -2.06%* -0.61 -0.67 -1.66*
Return Gap 3 -0.74 -0.27  -1.45*%** .0.99 -0.92
4 0.14 -0.20 -0.11 -2.58%*F |9 R3¥H*
High | 0.98 -0.20 -0.37 -2.16 -2.89%*

(High return gap & Low flow) minus (Low return gap & High flow):
3.75%*
(std err: 1.47)

Standard errors

Flow
12x a | Low 2 3 4 High
Low |[159 125 126 1.41 1.49
2 095 0.80 0.75 0.72 0.88
Return Gap 3 0.79 0.77 055 0.75 0.71
4 090 0.88 0.74 0.71 0.70
High |1.35 1.15 1.18 143 1.52
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Chapter 2

10 of Active Mutual Funds

2.1 Introduction

This chapter theoretically addresses the decisions of active mutual fund managers
under an assumption that a significant portion of investors in mutual fund markets
are unsophisticated. In particular, this chapter focuses on the managerial choice of
fees, effort, idiosyncratic risk, marketing and the pursuit of private benefit. The key
variables that govern the choices of managers are the skill of managers and the amount
of invested naive money. To be more precise, the relative magnitude of fee profits
that managers can earn from naive investors compared to that from smart investors
is the most crucial variable that determines the managerial choices.

If funds attract more naive money, managers raise fees and reduce their effort to
create value for investors. Since naive investors are less sensitive to fees than smart
investors are, increasing fees leads to higher fee profits from naive investors and lower
fee profits from smart investors. If the amount of invested naive money increases,
marginal fee profits from naive investors increase while those from smart investors
decrease. As a result, managers would want to charge higher fees when more naive
money flows into their funds. Because managerial effort is compensated by smart
investors, as marginal fee profits from smart investors decrease, managers choose to
reduce their effort.

Managers choose to bear the maximum idiosyncratic risk when the magnitude of
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expected profits from naive investors is the same as that from smart investors because
fee profits follow the same payoff structure as a call option. When there is only a
small amount of invested naive money, fee profits are determined by smart investors,
and the magnitude is fixed at a certain level that reflects managers’ skill. Hence, fee
profits from smart investors can be thought of as the strike price. In contrast, when
excessive naive money flows into funds, fee profits are determined by naive investors,
and are proportional to the amount of invested naive money. Since the call option
vega, which is the sensitivity of option price to changes in the volatility of the stock,
is maximized when stock price is the same as the strike price, the marginal benefit
of increasing idiosyncratic risk is maximized when the magnitude of expected profits

from naive investors is the same as that from smart investors.

As funds receive more naive money, managers choose more marketing and pursue
more private benefit. Since the marginal benefit of marketing is proportional to the
probability that naive money dominates funds, the marginal benefit increases as more
naive money flows into funds. Hence, managers would want to increase the level
of marketing if they receive more capital from naive investors. Similarly, because
the marginal cost of private benefit obtained by sacrificing returns to investors is
proportional to the probability that smart investors are the marginal investors, the
marginal cost decreases as funds attract more naive money. As a result, managers

choose to pursue more private benefit as more naive money is invested in their funds.

In the remainder of the chapter, section 2 presents the baseline model. Section
3 discusses the equilibrium of the model and its implication for managerial decisions
of fees and effort. Section 4 discusses the extensions of the baseline model with
the endogenous choice of i) idiosyncratic risk, ii) marketing, and iii) private benefit.
Section 5 discusses the limitations of the model and future directions for research,

and summarizes the conclusions.
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2.2 Baseline Model

Managers have skill, and the skill is captured by a parameter a. Managers choose an
effort level e, in each period. The AUM of funds in time ¢ is denoted by ¢;. Managers

generate value subject to decreasing returns to scale.

In time ¢, a manager generates
A, = (ae;)' "% (2.1)

dollar amount of value in expectation, where 0 < a < 1. As a result, the gross excess

return on the fund in time ¢ is

A
fo=q—t+ct , QNN(O,O'CZ ,
t

where ¢; is an idiosyncratic component of the gross excess return, and the distribution

of ¢, follows a normal distribution with zero mean and the standard deviation of o,.

The fund charges fees f, that is proportional to the AUM of the fund in time t.
Fees f; in time ¢ is determined in the previous period ¢t — 1. Therefore, the net excess

return on the fund in time ¢ is

A
Ttex:—t'—‘ft‘l'ft.
qt

In each period, the fund bears costs that are proportional to the AUM, and costs

of fixed amount:

oq + F .

In addition, the fund also bears an effort cost W.(e;) that is convex in the level of
a managerial effort e;. For the sake of analytic convenience, I choose the following

quadratic form of V.(e;):

,(e,) = %a(et)z
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As a result, the net profit to the fund is given by

(ft - ¢)Qt —-F - \I’e(et) )

and the objective of the manager in time ¢ is to maximize the discounted sum of

expected profits:

= 1
_Et s s F— \Ile €s 3

ax
{fs+1 ,es}s=t,:+1,--. s=t

where r; is the constant risk-free rate. Fee profits are discounted at the risk-free rate

since all the shocks in the model are idiosyncratic. Funds cannot choose to exit.

There are two types of investors: smart investors (sophisticated investors) and
naive investors (unsophisticated investors). Smart investors invest in a fund as long
as the net expected excess return (net alpha) of the fund is greater than or equal to
zero!'. In contrast, naive investors invest in a fund partly based on the fund’s recent
performance and partly based on unmodeled reasons. In addition, the amount of
capital invested by naive investors (naive money) responds to fees: higher fees lead
to lower amounts of invested naive money in the fund. The amount of invested naive

money in a fund is modeled as

¢ =max{0,¢'} , @ =g(f)i+r(fdwua+r(f)e— , w~N(O1), (2.2)

where g(f) is a decreasing function in f, and captures the responsiveness of naive
investors to fees. fif captures the expected value of the invested naive money in time
t measured in time t — 1, and is modeled as

€2

litq = fg+ p(ﬂg—l - :u'q) + Nyus—2 + Ne PO

€

where p captures how sticky naive money is.

1One crucial assumption is that smart investors can diversify idiosyncratic risk by themselves.
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I make the following assumption:

(ft - ¢)7u(ft) =4, = const (ft - ¢)7e(ft) = e = const . (2'3)

This assumption assures that a fee choice f; only affects the mean of the distribution
of (f, — ¢)q, which determines fee profits from naive investors. Therefore, under the
assumption (2.3), changes in fee choices f; do not affect the volatility of fee profits
from naive investors. In an extended version of the model, the optimal choice of

volatility (of fee profits from naive investors) will be examined?.

For the sake of analytic convenience, I choose the following form of g(f;):

fr

P .

g(fi) =1~
I make an additional assumption on the value of «:

K> (%—1>¢. (2.4)

Since x is the inverse sensitivity of naive money to fees, large x means that naive
investors are insensitive to fees. Assumption (2.4) implies that, roughly speaking,

naive Investors are less sensitive to fees than smart investors are.

2.3 Equilibrium

As benchmark cases, I consider two cases: one where there are no naive investors and
the other where there are no smart investors. Then, I solve for the equilibrium of

general cases.

2This analysis provides the marginal benefit of increasing the volatility of fee profits from naive
investors. Suppose that changes of fees affect both the mean and the volatility of fee profits from
naive investors. Adding the marginal benefit of increasing the volatility to the marginal benefit of
increasing the mean, one can easily figure out the marginal benefit of increasing fees in this case.
The marginal cost stays the same for the same fees.
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2.3.1 First benchmark - no naive investors
Investors’ capital allocations

Smart investors competitively provide capital to a fund as long as the net alpha of
the fund is positive. In contrast, smart investors do not provide capital to the fund if
the net alpha is negative. Therefore, in equilibrium, the net alpha of the fund is zero
, 1.e.,

A
Et[’"fz]:*q‘z“ft=0 = q=—=¢q,
t
where g} is the fair size of the fund. From (2.1) the AUM of the fund reads

_ (ae)'~qp

q:
e

_1
<= q =ae(fy) Te

Managers’ decisions

Fee profits in time ¢ read

(ft - ¢)Qt —F-V.(e) = (fi — ¢)a€t(ft)"~“l_° -F - %a(et)2 .

Since the effort choice e; in time t only affects fee profits in time ¢, given f;, the

optimal choice of e, solves the following first-order condition:
: 1 1
a(fe — ¢)(f1) Ta ae; =0 <= e=(fi—d)(fi) T=.
As a result, fee profits in time ¢ can be written as
1 _1 72
50 [(ft - ¢)(f1) 1“’] -F.

The proportional fee f; is determined in the previous period ¢ — 1. The optimal fee

choice maximizes expected fee profits in time ¢:

1 112
Ji = argmax sa (- 9)(f) 77| ~F
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which leads to the following first-order condition:

1
l—a

o] = (5 2ati- ) =0

Therefore, the optimal choice of f; is

fi=le=rs0.
a

2.3.2 Second benchmark - no smart investors

Since there are no sophisticated investors, investors’ capital allocation decision is
given by

gt = Q;‘ :max{O,[j;‘} 3

where ¢}’ is given by (2.2). Fee profits in time ¢ read

(o= 8)ai = F = so(e)?

The optimal choice of e, is zero, since fee revenues are unaffected by the choice of e,

but there are costs associated with positive e;. Define

Qi (f; i) = (fe — 0)9(fo)irf + Auttg—1 + Ye€r1 -

Note that the distribution of Q}(f;) in time ¢ — 1 is a normal distribution with the

mean of

(fe — d)g(f)irf,

and the variance of

Yo+ Aol
Fee profits now read

(fe = 9)gi — F = max{0,Q(f)} — F .
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The optimal choice of fee f, maximizes the expected profits in time ¢:
fi= a.rgmfaxlEt_l [max {0, Q¢ (f)} — F] .

Since only the mean of Q}(f:) is affected by changes in f;, the optimal choice of
f; maximizes the mean of Q}(f;). The optimal f, satisfies the following first-order

condition:

K

Flo-o(1-2)| = turo-2m-0 — n-tE=p

df; K K 2

Therefore, when there are no smart investors, the optimal choices are e; = 0 and

fi= % Note that assumption (2.4) guarantees that f* is greater than f*.

2.3.3 General cases
Investors’ capital allocations

Smart investors competitively provide capital to a fund as long as the net alpha of the
fund is positive. Therefore, in equilibrium, the net alpha of the fund is nonpositive ,

ie.,
A A
Efrf]l="—-fi<0 <= ¢>-
qt ft

I

%
where the the net alpha of the fund is zero at ¢; = ¢; (fair size). The AUM of a fund

is the sum of capital invested by smart investors (smart money) and capital invested

by naive investors (naive money):

¢ =q +q .

If the amount of invested naive money in a fund is smaller than g}, smart money
flows into the fund until the fund reaches the size g;, at which the net alpha of the

fund becomes zero:

*

@=q , G =0 —aq .
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If the amount of invested naive money is greater than g}, smart investors withdraw
their capital invested in the fund since the net alpha of the fund is negative. However,
because investors cannot short-sell funds, the amount of capital ¢; invested by smart
investors cannot be negative. As a result, smart investors choose to invest zero amount

of capital in those funds in which the amount of invested naive money is greater than
q;:
x=q' , ¢q=0.

Therefore, the equilibrium AUM of a fund is either the fair size g/, if the amount of
invested naive money is smaller than the fair size, or the amount g}* of invested naive

money, if the amount g} is greater than the fair size:
* u At u
qt = ma*}({qt > q } = max Tv q; . (2'5)
t

Combining (2.1) and (2.5) leads to

ae 1——aqa
qt—_—max{————————( t)fz t,qg‘}.

When g;' is smaller than the fair size

ae l-a, a e
Qtz(—Q"—q—t = g =ae(fi) .

fi

As a result, ¢g; can be rewritten as

_1
g = max {aet(ft) 1"’7(]2‘} .

Managers’ decisions

Fee profits in time ¢ read

(i = B — F ~ ole)) = max { (f, ~ $)acu(f) =5, (e~ $)ai } ~ F — galer)’.
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Since the effort choice e; in time ¢ only affects fee profits in time ¢, given f;, the

optimal choice of e; solves

€ = argmax {(ft — p)ae(f) =, (fy — ¢)q§‘} - F— %a(et)2 .

Suppose that the amount ¢} of invested naive money is smaller than the fair size of the

fund. In this case, the optimal choice of e; solves the following first-order condition:

a(fi—$)(fi) T —ae =0 = e=(fi—¢)(f)T=. (2.6)

In contrast, suppose that the amount ¢} of invested naive money is larger than the
fair size of the fund. In this case, the marginal cost of effort e, is always negative for
e > 0:

L~ D)~ F — Sate? <0

— — —F ——al(e = —ae .

de, t q; 5 €t t

As a result, in this case, the optimal choice is ¢; = 0.

In the former case where ¢}' is smaller than the fair size, fee profits net of costs in

time ¢ can be written as
1 _172
salUi-ou) =] - F.

In the latter case where g}* is greater than the fair size, fee profits net of costs in time

t read
(ft - (b)q;‘ -F.

Therefore, the threshold ¢* above which naive money dominates is determined by

(fi-)7 - F = %a [(ft - ¢)(ft)‘ﬁ]2 ~-F <= g-= %a(ft —$)(fy) ™= .

To summarize, if the amount of invested naive money is smaller than the threshold g},
the manager chooses e, as determined in (2.6). In contrast, if the amount of invested

naive money is larger than g*, the manager chooses e; = 0. As a result, fee profits in
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time ¢ can be written as
1 1 72 ,
max {§a (=95, (- ¢)qz‘} ~F.
Define

@) = 5a (- o)) ] (27)

where the value of Q°(f,) is maximized at f, = f* = 1¢. Then, fee profits in time ¢

can be rewritten as

max {Q°(f,), (/e — #) max {0, g'}} — F = max {Q*(f2), Q¢ (/)} — F ,

where the equality comes from the fact Q*(f;) > 0. The optimal choice of f; maximizes

the expected fee profits in time t¢:

fi = arg mf?xlEt_l [max {Q*(f:), Q¥ (f)} - F .

The following proposition characterizes the range of the optimal f;:
Proposition 2.1 The optimal f; is between f° and f, i.e., f5 < f, < fU

Proof. The optimal f; solves the following first-order condition:

d L] u —
gf;Et—l [max {Q°(f2), Q¢ (fe)}] = 0. (2.8)

Define

R Tt - 2, =
W) = -0 (1- L) it L =43t

where u®(f;) is the mean and 0}, is the variance of Q¥(f;), respectively. Note that
p2(f,) is maximized at f, = f* = % > f*. Then, the FOC (2.8) can be written as

d [ ew z—pl(f)\de [ o= k) dr) _
dft [/;oo @ (ft)<p< oQ 9Q +/Qs(ft) e 9Q 7Q -0

where ¢(z) is the probability distribution function (PDF) of the standard normal
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_Q
distribution function. Substituting y = 3——%@ leads to

Q) -n2 (jy)
" (Qs(fc) - /J‘?(ft)) ¢ (y) dy

—00

[o o]
e /9’(&)—#? o P (¥) dy} =0,

7Q

di [.Uz (f2) +/

which reads

)+ (Qs(ft)%“‘ U t)) (@) - u2() =0,

where ®(z) is the cumulative distribution function (CDF) of the standard normal

distribution function. The left-hand side can be written as

(1- a(ft)) u2(f) + a(f; Qs(ft) ;

dfy

which is the marginal fee profits to the manager as f; increases, and «(f;) is defined

by
s(ey_ @
a(fy)=2 (Q (ft)UQut (ft)) )

where 0 < a(f,) < 1. p®(f,) and Q°(f,) are both smooth functions and have only

one maximum, respectively. Since p®(f,) is maximized at f, = f* and Q*(f) is

maximized at f* < f*%,

>0 , if fy < f* >0 , if i< f®
Eflm P =9 =0, iffi=r —Q“’(ft)“ =0, if fi=f°
<0 , if fy > f* <0 , iffy>f°

Therefore at f, = f°,

(L= alfNr@(F°) + al) Q) >0
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As a result, the manager can increase fee profits to the fund by increasing fees at
f+ = f°¢, which implies the optimal f; is strictly greater than f*. On the other hand,
at fo = f*,

(1= alf) i () + el Q) <0

As a result, the manager can increase fee profits to the fund by decreasing fees at
ft = f*, which implies the optimal f, is strictly smaller than f*. In sum, the optimal
fee choice f, satisfies f* < fy < f*. m

The intuition of this result is as follows: due to the existence of naive Investors,
who are relatively less sensitive to fees than smart investors are, managers want to
choose fees that are higher than f*. However, since there is a possibility that they

only receive small amounts of naive money, managers would not want to increase fees

up to f*.

2.3.4 Comparative statics

The skill of a manager (captured by a) and the amount of invested naive money in
the fund (captured by /i) affect the optimal choices of e, and f;. In the benchmark
cases where there are either no naive investors or no smart investors, optimal e, and
fi are affected neither by the skill of the manager nor by the amount of invested naive
money. However, in general cases where investors are a mix of both smart and naive
investors, both skill and the amount of invested naive money affect the optimal choice
of e; and f;.

The following proposition characterizes how the optimal choices are affected by

the skill of a manager:

Proposition 2.2 Suppose that there exists a unique f; that satisfies the first-order
condition (2.8). As the skill a of a manager increases, the optimal fee f; decreases.

The optimal effort e, becomes first-order stochastically dominant as a increases.

Proof. By the definition (2.7) of Q*(f,),

Q(fi) = 3a (= (0T
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Q*(f;) is proportional to a. In contrast, Q}(f,) is not affected by changes of a. Denote

the optimal fee choice before an increase of a by f2. At f2,

(1 a(ft)a))ﬁﬂ't (f)) +a(f);a) tQS(ftO;a)zo

which implies that the marginal fee profit is zero at f = f2. Now consider an in-

finitesimal increase of a by da. At f?,

(1—a(ft,a+5a))dfut (ft)+a(ft,a+5a) Qs(ft,a+5a) <0,

since

a(fsa+da) > a(f)ja) aﬁQs(ft ;a+da) < d—fth(ff’;a) <0.

Denote the optimal fee choice after the increase of a by f!. From the above analysis,
fE < f2. Since f* < f} < f2 < f*, the optimal choice of e; when naive money does

not dominate satisfies

e(fH) = (ff = U™ > (2~ o)) ™= = e(fY)

because

o 1 1 S_l
dft elfe) = -y (f)7= ' (ft—a¢) <0, Vfi>f=—¢

In addition,
pl(f)) > (D

since

d
d_ftu?(fz) = —m t(J*=J) >0, Vi< "

Since the variance of Q¥(f;) is unaffected by the fee choice f;, Q¥(f?) first-order
stochastically dominates Q*(f!). On the other hand, Q*(f?; a) is smaller than Q*(f}; a+
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da):
Q) = za (2 - DN < Latia) [(7F ) 5] = QS atia).

The optimal choice of e, is given by

1

(fF=oUD) ™= , Qi) < ()

et(fto;a) -
0 . QU > (S5 a)
wfatsa = | F-OUDTE L QU <@ (fhatda)
B 0 QY > @(fla+ba)

Therefore, e;(f}; a + 6a) first-order stochastically dominates e,(f ;a). m

The intuition of the result is as follows: as the skill of managers increase, because
smart investors provide more capital to managers with higher skill, it becomes less
likely that naive money dominates those funds. Hence, marginal fee profits from
naive investors decreases as managers’ skill increases. On the other hand, marginal
fee profits from smart investors increases as managers’ skill increases. Therefore,
managers face less incentive to increase fees when their skill is high. Managers also find
it optimal to increase their effort because their effort is more likely to be compensated
by smart investors when their skill is high.

The following proposition characterizes how the optimal choices are affected by

the amount of invested naive money:

Proposition 2.3 Suppose that there exists a unique f, that satisfies the first-order
condition (2.8). As fi] (capturing the amount of invested naive money) increases,
the optimal fee f, increases. The optimal effort e; becomes first-order stochastically

dominant as pi] decreases.

Proof. First note that Q°(f,) is unaffected by changes of 7. On the other hand,

iait) = (1= o) (1- ) g
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is proportional to 4. Denote the optimal fee choice before an increase of i by f2.
At fP,
(1= a3 A0 g n U3 )+ a5 ) @ 1F) =0,

which implies that the marginal fee profit is zero at f = f2. Now consider an in-

finitesimal increase of if by 049, At f2,

(1= alf2; f + 677) it 2O i+ Op7) + o £ i + 047 —Qs(f?) >0,
since

alfs il +0p7) < a(f;00) (°”’+5u")>3ut(°‘q)

Denote the optimal fee choice after the increase of a by f!. From the above analysis,
fi > f2. Since f* < f? < f} < f*, the optimal choice of e, when naive money does

not dominate satisfies

a(fl) = (L= o)UhH) ™= < (- UY) ™5 = e(S0)

because

d
d—ftez(ft) =

—1f (fi) =t (ft - l<15) <0,Vfi>f = lqj
« o a
As a result,
Q(f) = % (2 - ¢)(f?)—1—fa]2 > %a (7 = 9)( f})—ﬁ]z e

In addition,

pd (S5 ) < pe(f5 8+ 6a9)
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since
1
wirat) = (-0 (1-E)ar< -0 (1-2)
<<f3—¢>( f‘)(wam PO A+ 57

Because the variance of Q¥(f; fif) is unaffected by the fee choice f;, Q¥(f}; if + %)

first-order stochastically dominates Q¥(f?; if). The optimal choice of e, is given by

(g — ] B -OUDTTE L QD < Q)

o 0 L QUL A > QD)
e ) RmoUHTTE L QeSS A+ 0a0) < (S
ROCARE I L QUL AL+ 6 > Q)

Therefore, e,(f7; /i) first-order stochastically dominates e;(f}; fif + 6i9). =

The intuition of this result is quite similar to the intuition of Proposition 2.2. As
the amount of invested naive money increases, it is more likely that naive money
dominates those funds. Marginal fee profits from naive investors increases as the
amount of invested naive money increases. On the other hand, marginal fee profits
from smart investors decreases as the amount of invested naive money increases.
Therefore, managers have more incentive to increase fees when they expect more
naive money invested in their funds. Managers also find it optimal to decrease their
effort because their effort is less likely to be compensated by smart investors due to

the dominance of naive money.

2.3.5 Numerical examples

For the baseline numerical computation, I make the following parameter choices:

a=05, ¢=0003, k=0.027, ry =0.03, 0. =0.1,
Yu=12,49 =16, a=0.00015, g4/ =100, F=0. (2.9)
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Figure 1 plots variables of interest in the baseline model:
[See figure 1]
Comparative statics with respect to changes of a is plotted in Figure 2:
[See figure 2]
Similarly, Comparative statics with respect to changes of /] is plotted in Figure 3:

[See figure 3]

2.4 Extensions

I consider three extended versions of the baseline model by incorporating choices of

i) idiosyncratic risk, ii) marketing and iii) private benefit.

2.4.1 Idiosyncratic risk

In this version of the model, managers are allowed to choose the variance o2 of the
idiosyncratic risk ¢; of the fund return in each period. Denote the variance in time ¢

by o2,. There are costs associated with the choice of idiosyncratic risk:

1
U (02,) = 56 (02))" -

The objective of a manager is to maximize

o0

1 2
Z W]Et [(fs — #)gs — F — Ue(es) — Uo(0?,)] -

2
{fs-)—l s€3 :Uc,s s=t,t+1,--- s=t

Changes in 02, do not affect capital allocation decisions of smart investors since smart
investors can diversify idiosyncratic risk by themselves. Therefore, the optimal choice
of e, is the same as in the baseline model. On the other hand, changes in o2, affect

the distribution of invested naive money in time ¢ + 1. Therefore, a manager chooses
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0?, that maximizes

1

-0, 2y ——

E, [(ft+l - ¢)Qt+1 -F— ‘I’e(etﬂ)] )

which leads to the following first-order condition:

1 o
1+ Tf) 0 (Uez,t

—500-(2,1 + )Ef [max {Qs(ft+l)7 Q;‘-}—l(fH—l; Ue,t)}] =0 ) (210)

where the first term is the marginal cost of increasing o7, and the second term is the

marginal benefit.

The following proposition characterizes the optimal choice of o,:

Proposition 2.4 Suppose that there erists a unique solution to the first-order con-
dition (2.10). The optimal choice of o, is the largest when the ezpected profits from

naiwve investors are of the same magnitude of profits from smart investors, i.e.,

Q*(frr1) = py (fern) -

As Q°(fi+1) deviates from H?H( ft+1), the optimal o, decreases.

Proof. Given f;,1, the marginal benefit of increasing o2, can be written as

Q*(fe1) _ @
1 d [/_ Q*(fra1)p (17 ,Uz+1(ft+1)) dz

(1+7g)do?, |/ Q. TQp

Q
4 /oo 2o z = pa(fer1) | do 7
Q% (fe+1) 0Q,t 9Q,t

where
2 A2, 22 2
aQ,l =Y + Ve J(,t .
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_,Q
Substituting y = fi‘;ql(%@l leads to

Q’(ft+1)~u?+1 (ft+1)
7Q,t

1 d

WEUZ (Qs(ft+1) - “g-l(ft-l-l))

MiQ+1(ft+1) + /

< —00

o0

X (y)dy +oqs /QS(,t+1)_,,3l(,t+l) ye (y) dy

IQ.t

Therefore, the marginal benefit of increasing o2, is

1 1 dO'Q,t e ( )d
(14 7f) 20, doe, Q@ (e, ) IP Y Y
aQ,i

where
22
dUQ,L _ YeOcpt ~20ct

doey © [a2 A2 2 VEUQt'
& 7u+7506,t ’

Then, the FOC (2.10) reads

9 1 ;},2 o0

€ —

——gao-e,t + (1 + Tf) 20Qt /;s(ft+l)‘#?+1(ft+l) yyp (y) dy - 0 .
) aQ,t

Note that there exists a solution to this FOC. At 0., = 0, the marginal benefit of

increasing o2, net of cost is
b

1 ;?2 0o
(1 + T'f) QUQ ‘ /03(ft+1)—u3,1(ft+1) by (y) dy>0.
ot

On the other hand, as 0., — oo, the marginal benefit of increasing o2, net of cost

becomes

1 ;y2 00
. _ 2 : _
Uel,igoo éao-e’t + (1 + T‘f) 20Q,t _/;?s(ft+1)~th+1(ft+1) ye (y) dy — T

7Qit

Therefore, there exists o.; that satisfies the FOC (2.10).
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Define A Y = Q*(fi1) — ,ug_l( fe+1). Also define

As—;z S
1+ —
h < ) = [?s(ft+l)_u?+l(ft+l) vy (y) dy ’

Qi o

First note that h(z) is maximized at z = 0:

>0 , z<0
d (e ¢]
W) =5 [ vy =20 =4 =0, z=0 .
<0, z>0

and h(z) decreases as |z| increases. Denote the optimal o.; at Aj Y by o (A7)
For A7} # 0, consider a transformation A;7}* — 0, the marginal benefit of increasing
02, net of cost at o, (AFT}) is

1 52
(14 75) 204(0e(AF1))

~Ea0ey(ALY) + h(0) >0,

for an arbitrary A7} # 0. Therefore,
0¢4(0) > 0t (A7Y) » VAL #0.
Now consider the following transformation for A7} # 0:
Al — AL (A +9),

which is an infinitesimal expansion of A{Tl" in the direction of A . Then, the

marginal benefit of increasing o2, net of cost at o.,(A;}) is

) 1 :y2 Af_ﬁ‘(l + (5)
—fa(fez A u) + : s—u ( Y <0
,t( t+1 (14 75) 2004 (0e(AFTY)) 00 (et (AT))

Therefore, as A;}" deviates further from zero, the optimal choice of o, decreases

more. B
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The intuition of this result is as follows: the expected fee profits

1

mEt [ma.x {Qs(ft+l): Qpi1(fir1; 0ct) }]

has a call option-like payoff structure as a function of the realization of Q¥, ,(fi+1;0e),
which can be interpreted as fee profits from naive investors. When the realized value
of QY 1(fi+1;0cs) is lower than Q°(f;11), i.e., when naive money does not dominate,
fee profits are determined by smart investors at Q°(f;+1). On the other hand, when
the realized value of Q}.,(fi+1;0c.) is higher than Q*(fi+1), i-e., when naive money
dominates, fee profits are determined by naive investors at Q}, ;(fi+1; 7). Therefore,
Q*(fi+1), which can be interpreted as fee profits from smart investors, serves as the
strike price of the call option. Since a call option vega (the sensitivity of an option’s
price to changes in the volatility of its underlying) is maximized at the strike price,

the marginal benefit of increasing o ; is maximized at

Qs(ft+1) = ﬂ'g-l(ft—l—l) .

The marginal benefit decreases as Q°( f;11) deviates from ugl( ft+1). Since the marginal
cost of increasing o, is increasing in o;, the optimal choice of o, ; is maximized when
the marginal benefit is maximized.

Denote the optimal choice of o, given fee fi; by o.((fi+1). The optimal fee f,1q

solves

af, E; [max {Q*(fi+1), Qta(fir1; 0 fir1)) }] = 0.
t+1

The range of the optimal f,,; is between f* and f* as in the baseline model:
Corollary 2.1 The optimal fi11 satisfies f° < fiq < f*.

Proof. Since Proposition 2.1 holds regardless of the value of o, the optimal choice
of fi11 lies between f* and f* regardless of the choice o (fi+1). ®
The following proposition characterizes how the optimal choice of o, is affected

by changes of a and [} ;:
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Proposition 2.5 Suppose that there exists a unique solution to the first-order condi-
tion (2.10). As a and [if,, changes, the optimal choice of o, is the largest when the
ezpected profits from naive investors are of the same magnitude of profits from smart

investors, i.e.,

Q°(fex1(a, ﬂgﬂ);a) = l‘g1(ft+l(aa /:"lt]+1); /:‘g-H) .

As Q*(fir1(a, ftf11); a) deviates from p'g-l(ft+l(a7 fi11); B¢y1), the optimal o, de-

creases.

Proof. The marginal benefit of increasing o2, is

22 oo
S S yp (y) dy
(1 +74) 200, JoUenit@alypm-ni, Grra@ify)ind ) ’
Qe ,

which is maximized at, given og,

Qs(ftﬂ(a,,&gH);a) = “3—1(ft+1(a7p"t]+l); ﬂg«i—l) ) (2-11)

and decreases as Q°(fi41(a, il,);a) deviates from p2 (fi11(a, fi1); fgq). There-
fore, following the same logic as in the proof of Proposition 2.4, the optimal choice of
O is maximized when (2.11) holds. In addition, the optimal choice of o, decreases

as Qs(ft+1(a7 ﬁg+1)§ a) deviates from /"’g-l(ft+l(aa ﬂ?ﬂ); ﬂg+1)- u

The intuition of this result is the same as that of Proposition 2.4.

2.4.2 Marketing

In this version of the model, managers can choose the level of marketing m;. In the
context of the model, I define marketing as activities that attract capital from naive
investors by spending costs®. By choosing m;, a manager can increase the mean of
figsy by my

~q ~q
Bip1 = By + M0,

3In this context, marketing may be interpreted as deceiving and alluring unsophisticated investors.
Another interpretation is that marketing reduces search costs for unsophisticated investors. Since
sophisticated investors in this model do not face any frictions (including search frictions), such
reduction of search costs only affects capital allocation decisions of naive investors.
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by incurring marketing costs
1 2
U, (my) = §§mmt .

The objective of a manager is to maximize

= 1
max ————FE [(fs — 0)gs — F — Veles) — Ypu(my)] -
P D Dt s 20 Ol o(s) = Tm(m)]

Changes in m; do not affect capital allocation decisions of smart investors. Therefore,
the optimal choice of e, is the same as in the baseline model. On the other hand,
changes in m, shift the mean of invested naive money in time ¢ + 1. A manager

chooses m; that maximizes

1
—U(my) + (1+—rf)Et [(fi+1 — ®)@r1 — F — Welern)]

which leads to the following first-order condition:

! —Q‘Et [max {Qs(ftﬂ)a Q?+1(ft+1;mt)}] =0, (2.12)

—gmmt + (1 + ’I"f) 8mt

where the first term is the marginal cost of increasing m,, and the second term is the

marginal benefit.

The following proposition characterizes the optimal choice of m,:

Proposition 2.6 Suppose that there exists a unique solution to the first-order con-
dition (2.12). Given fi11, the optimal choice of marketing m, decreases in a and

increases in [ij.

Proof. First note that for m,

p (frrr;me) = (fonr — ) (1 - %) (Af1 +mu)
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Given f;11, the marginal benefit of increasing m,; can be written as

Q°(fe+1) _,Q .
1 d [/ Qs(ft-q_l)sﬂ (:r ,Ut+1(ft+1;mt)) fi}'_

(1 -+ T‘f) d_Tm oo 0Q oQ
v /°° 0 x — pd 1 (frri;me) dx
Q3(fr+1) 9Q 9Q

_,Q :
Substituting y = u—’ilgf’w leads to

Q(fe4 )= 1T, | ri1ime)

1 d °Q s
md_n—z: Ngl(ftﬂ; mg) + (Q (fis1) — .U'g-l(ft-f—l; mt))
X (y) dy + %Q /Qs(fz+1)~u?+1(ft+1;mt) ye (y) dy !

Q

which can be simplified as

1 Qs(ft+1)—#th(ft+1;mt) d Q .

Hence, the FOC (2.12) reads

s Q .
(1 . (Q (fi41) —m+1(ft+1,mt))) dfntﬂgl(fm;mt) =0.

—&mmy +

(]. + Tf) oQ

Note that there exists a solution to this FOC. Since the mean ,ugﬂ( fi+1;my) of the
profits Q¥ ; (fe+1; m:) from naive investors is increasing in m,, at m; = 0 the marginal

benefit of increasing m; net of cost is

s Q . —
1 (1_(1)(@ (ftﬂ)—mﬂ(ftﬂ,mt—t)))) 402 (foime=0) >0

(I+47y) 0Q dm

On the other hand, as m; — oo, the marginal benefit of increasing m; net of cost
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becomes

lim [— Emmy + __1__ (1 _d (Qs(ftﬂ) _ l‘gl(fwl; mz)))
e (1+7y) oq

d
XM“?H(fH—l; mt)}

= Jlim_ [_fmmt + (1+rf)(ft+l ) (1 - %)} S oo,

Therefore, there exists m; that satisfies the FOC (2.12).

Given f;1, the optimal choice of m; decreases in a. Denote the optimal choice of

my at a by my(a). Since

Q*(frs;a) = %a [(fprl - q))(fm)—ﬁ]2

changes in a affect Q°(fi+1;a), but does not affect @}, ,(fi+1). Consider an increase

in a: a = a4+ da.

—& m.a 1 Qs(ft+1§a+5a')—ﬂg—l(fwl;mt(a))
€m t()+(1+rf) (1 @( - ))

d
X b (feass (@) < 0.

Therefore, m:(a + da) < my(a), i.e., m, decreases in a given f.;.

Given f,41, the optimal choice of m, increases in /], ;. Denote the optimal choice of

my at i by my(if, ;). Changesin a7, | do not affect Q*(fy11) but Q¥ (fis1; 2741) by
increasing the mean ,ufil( ft+1; fig41)- Consider an increase in g, fif — fif 1 +609.

At my(fif, ),
HtQ+1(ft+1; ﬂ?+1amt(ﬂg+1)) < Hg—1(ft+l; ﬂ?—i—l + 649, mt(ﬂgﬂ)) ’

and

d R . d . R R
“—Hgl(ftﬂ; ,U;]+17mt('utq+l)) = _#gl(ft+1;/1'g+1 + 049, mt(ﬂgﬂ)) .
dmy dmy
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As a result,

1 S —u® CQd L+ 60T, ~q
__gmm,(ﬂgﬂ) + (T—I:f_) <1 _d (Q (ft+1) #t+1(ft+1ast+1 o mt(ﬂt+1))))
d ~ ~ ~
7 pu ) (forns ey + 649, my(i1)) > 0.
my

Therefore, m,(j1f,, + 04%) > my(fif,,), i-e., m, increases in fif , given f,11. ™

The intuition of this result is as follows: the marginal benefit of increasing mar-
keting m, is proportional to the probability that naive money dominates. This is
because m, simply shifts the expected amount 7, , of naive money. Given fee f;,1,
an increase in a leads to a lower probability that naive money dominates. On the
other hand, an increase in jj ; raises the probability that naive money dominates
funds. Therefore, the marginal benefit of increasing m, becomes lower as a increases,
and becomes higher as i, increases. Since the marginal cost of marketing is an in-
creasing function of m;,, the optimal m;, given f,,;, is decreasing in a and increasing
in /1.

Denote the optimal choice of m, given fee f;. 1 by my(f,4+1). The optimal fee f,,;

solves

8ft+1]Et [max {Qs(fu—l;mt(fc+1))aQ?+1(ft+l)}] =0. (2.13)

The range of the optimal f;,; is between f° and f* as in the baseline model:
Corollary 2.2 The optimal f,,1 satisfies f* < fi1 < fU.

Proof. Choosing m, is equivalent to shifting 47, ,:
~q ~q
Peyr = Py + M

Since Proposition 2.1 holds regardless of the value of 4] ,, the optimal choice of f;1,
lies between f° and f*. m

The following proposition characterizes the optimal choice of f;:

Proposition 2.7 Suppose that there exists a unique solution to the first-order con-

dition (2.13). The optimal f,41 decreases in a and increases in fif, ;.

77



Proof. The FOC (2.13) can be written as

S _,Q .
ﬁﬂgﬂftﬂ;mt(ﬁﬂ)) +® (Q (fe41) /Lt+;c(gft+1,mt(ft+l)))
g (@) = iafemimu( i) = 0.

Consider an increase in a: a — a-+da. Denote the optimal f;,; at a by f;+1(a). From

Proposition 2.6, my(f;+1; a) decreases in a. Note that given f;,1,

Q°(fes1;a+0a) > Q°(fira5a) , ﬂg+1(ft+1)+mt(ft—i-'l;a+5a) < fg oy (frr) Fmu(frea; a)

and
L@ (fonsa+80) < =—Q(fuwria) <0
) ya )
dfpyr ~ dfers ©
d_ o d_q
0 < w1 (frer;mu(frar;a +6a)) < —— e (fea1; me(frr1; @) -
dfs 1 dft11 .
Then,
d_ o

——pi1 (frr1(a); mi(fig1(a); a + da))
dft11

4 (Qs(ftﬂ(a); a+da) — /Lfil(fm(a); mi(fira(a); a + 56‘)))
9Q

Xacj% (Qs(ft-i—l(a); a+da) — Mgl(ft+1(a)?mt(ft+1(a); at 6a))) <0

Therefore, the optimal f;,1(a) is decreasing in a.

Similarly, consider an increase in ff : ff,, — fif,, + 049 Denote the optimal

fir1 at gf; by fira(4f,). From Proposition 2.6, my(fir1; 4f,,) increases in fif, ;.

Note that given f;1;

Ngl-l(ft+1§ ﬂgﬂ + 04, mt(ft+1§ ﬂg+1 + 5;1")) > “g-l(ft—H; ,&gﬂ, mt(ft+1; ﬂg+1)) )
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and

d . . . .
d—f““#gl(ftﬂ; Ay + 000, my(fert; B + OA7))
t+1
d_ @ gy 9 0
> Mgy (fe15 B, ma(ferns 1841)) > 0.

dft+1

In contrast, given f,,1, Q°(fi+1) is unaffected by changes in fif ;. Then,

d [l 7 {1 Iy A N
dfir “gl(ft+l(”g+l); fifyy + 04%, mu(frr1(Af10); B4y + OA7))

o (Qs(fm(ﬂ?ﬂ)) — 1 e (Bn)s B + 0%, e fror (A s + «mq»)

oQ

d ; .
7 (@ Uit

_ﬂtQ-{-I(ft+1(p‘g+l); Ay +0pt muy( frra(ff1); Adyr + 5;1"))) >0.

X

Therefore, the optimal f,,,(/7,,) is increasing in ff, ;. m

The intuition of this result is as follows: for fixed f;,, marketing m; decreases as
a increases, and increases as fif, ; increases as shown in Proposition 2.6. This implies
that the choice of m, reinforces the effect of changes in a and fif ;. As a increases,
naive money becomes less likely to dominate funds, and the corresponding decrease
of m; makes naive money even less likely to dominate. A similar argument applies to
changes in £ ;.

Therefore, as a increases, marginal fee profits from naive investors decrease, and
marginal fee profits from smart investors increase. Hence, managers have incentive to
lower fees as a increases. In contrast, as fif, | increases, marginal fee profits from naive
investors increase, and marginal fee profits from smart investors decrease. Hence,
managers would want to raise fees as fif,, increases.

The following corollary confirms that the result of Proposition 2.6 holds without

fixing fees f,,1, i.e., fi+1 optimally responds to changes in a and 4, ;:

Corollary 2.3 Suppose that there erist unique solutions to the first-order conditions

(2.12) and (2.18). The optimal choice of marketing m, decreases in a and increases
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. g
mn .

Proof. Following the logic of Proposition 2.6, and using the result of Proposition

2.7,
1
_gmmt(a) + (1+—7_f)
. (1 e (QS(le(a + 8a);a +8a) — p (fra(a + Sa); mt<a>>> )
99

d
Xd—mtugl(fwl(a + 6a);my(a)) < 0.
Therefore, m;(a) is decreasing in a. Similarly,

1 d o
1+ ;) dm, "+

<1
& (Qs(ft+l(ﬂ‘t1+l +019) = py (frr (i, + 0A%); iy + 649 mt(ﬂgﬂ))) )

—Emmy(fif 1) + (ferr (e + 00%); fif g + 017, ma(faf 1)) ¥

9Q
>0.

Therefore, m,(fif, ) is increasing in 4], ;. =

2.4.3 Private benefit

In this version of the model, managers can choose to gain private benefit by sacrificing
dollar value that they generate for investors?. To be more specific, in time ¢, managers
gain

O(br) ,

where b, captures the amount of value that managers sacrifice. Choosing b, € [0, 1]

decreases the value of a as follows:

a—a(l—"b).

4Soft dollars may be thought of as an example. Conrad, Johnson, and Wahal (2002) documents
that soft-dollar trades incur higher costs.
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b; is determined in the previous period ¢ — 1. The marginal gain ©'(b;) of private
benefit decreases in b, i.e., ©(b;) is convex in b;. For analytic simplicity, I choose the

following form of ©(b,):

O(b) = & (b,. - %52) :

The object of a manager is to maximize

(o ¢]
1
max ———E, [(fs — d)gs — F — Ve(es) + Op(by)] -
{fs+1.esbst1}omp pr1,... ; (1 + Tf)s_t ¢ [(f d))q ( ) b( t)]
Since the optimal choice of e; does not explicitly depend on a, the optimal e; is the

same as in the baseline model. Hence, Q°(f;;b;) can be written as

—

Q(fib) = 2all —b) [(fr— 9)(f) 23]

5(1
On the other hand, Q¥(f) is unaffected by changes in b;. A manager chooses b, that

maximizes

O(be) + Eir [(fi — 9)g: — F — Veler)]

which leads to the following first-order condition:

&(1—by) + ‘a%t]Et—l [max {Q°(fy; b:), QY (fe)}] =0, (2.14)

where the first term is the marginal private benefit of increasing b;, and the second
term is the marginal cost. Note that the existence of a solution to the FOC (2.14) is

guaranteed if &, is sufficiently large:

& > %a(l —a)? (g) o : (2.15)

because

9

&> o

Q(fibi = 0) > %E max {Q* (b QY|

bt =0
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and

0< ‘B—Et—l [max {Q°(f1; b:), QY (fi) }]
Ob; be=1

The following proposition characterizes the optimal choice of b;:

Proposition 2.8 Suppose that there exists a unique solution to the first-order con-

dition (2.14). Given f,, the optimal choice of b, decreases in a and increases in [i}.

Proof. Given f;, the marginal cost of increasing b, can be written as

d /Qs(f”b‘) , z—pi(f) | de /°° T —pl(f) dz
il *(fe b - — + o\ ———— ) —| -
@ [ N Q@ (fsbr)y | - o0 A . 00 0qQ

_Q
Substituting y = %ifﬁ leads to
Q

Q% (fusbe)—u (f1)

dibt[mfm [ (e -#w) e

D
ToQ /C;S(ft;bt)'ﬂ?(ft) ye (y) dy} ’
°Q

which can be simplified as

Q (fi;bn) — p(fe)
o]

N (Qs(ft;bt) - M?(ft)> iQs(ft;bz) =-0 (
7Q

db, ) Qs(ft5bt) .

Hence, the FOC (2.14) reads

Q*(fisbe) — ui(f2)
aQ

§b(1—bz)—<1>( )Qs(ft;bt)zo.

Given f;, the optimal choice of b; decreases in a. Denote the optimal choice of b; at
a by b;(a). Changes in a affect Q°(f;; a, b;), but does not affect Q¥(f;). Consider an

increase in a: a — a + da.

Q°(fi; a + da,b(a)) — u(f,)
IgQ

&(1 —bi(a)) — @ ( ) Q°*(fi;a+ da,by(a)) < 0.
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Therefore, b,(a + da) < b(a), i.e., b, decreases in a given f;.
Given f;, the optimal choice of b; increases in pf. Denote the optimal choice of
b, at 4if by b,(if). Changes in fif do not affect Q°(f; b)) but Q¥(fi; if) by increasing

the mean p2(f; if). Consider an increase in i%: if — A7 + 6/19. Since
el (fo ) < p(fo 27+ 809)
at bt(ﬂg)v

Q*(fu b)) — u (fis i + 5419
aQ

&(1—b(af)) — @ ( ) Q°(fis b)) > 0.
Therefore, b, (4 + 6119) > b(fif), i.e., b, increases in [if given f,. m

The intuition of this result is as follows: the marginal cost of increasing b, is
proportional to the probability that naive money does not dominate. This is because
b, simply shifts the skill a of managers. Given fee f;,;, an increase in a leads to a
lower probability that naive money dominates. On the other hand, an increase in £, ,
raises the probability that naive money dominates funds. Therefore, the marginal cost
of increasing b, becomes higher as a increases, and becomes lower as i, increases.
Since the marginal private benefit is a decreasing function of b;, the optimal b;, given
fi+1, is decreasing in a and increasing in ] ;.

Denote the optimal choice of b; given fee f; by b;(f;). The optimal fee f; solves

%EH [max {Q*(fi; bu(/1)), QU(/)}] = 0. (2.16)

The range of the optimal f, is between f* and f* as in the baseline model:

Corollary 2.4 The optimal f; satisfies f* < f; < f*.

Proof. Choosing b, is equivalent to shifting a:
a—r a,(l — bt) .

Since Proposition 2.1 holds regardless of the value of a, the optimal choice of f; lies
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between f° and f*. =

The following proposition characterizes the optimal choice of f;:

Proposition 2.9 Suppose that there exists a unique solution to the first-order con-

dition (2.16). The optimal f, decreases in a and increases in fi].

Proof. The FOC (2.16) can be written as

Q*(fi; b:(f2)) —

9qQ

d o
(‘iﬁﬂt (ft)+q)(

(ft)) (Qs(f,,bt(ft)) - ?(ft)) =0

Consider an increase in a: a — a + da. Denote the optimal f; at a by fi(a). From

Proposition 2.8, b,(f;; a) decreases in a. Note that given f;

Q°(fi;a + da, by(fi; a + 6a)) > Q°(fi;a,be(fi; @) ,

and

d_fth(ft§ a+da,b(fi;a+da)) <

Then, at f;(a)

dftQ (f;a.b(fi;0)) <O

s al):a a, bl Jiya a)) — tQ W(a
dfu,m( ))+¢(Q<ft< Jia+d0,bilJsa+8a)) u(f()))

7Q

< (Q Uit a+ b0, s a+ 60) = uB () <0

Therefore, the optimal f;(a) is decreasing in a.

Similarly, consider an increase in fJ: f — 4f + 649. Denote the optimal f; at jf

by fi(fi}). From Proposition 2.8, b,(f; /if) increases in [if. Note that given f;

Q° (ftabt(fh +5Nq)) <@’ (fh bt(ft, q)) ) N?(ft?ﬂg + 041 ) >y (ft7.u't) )
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and

d R ) d .
0 > —Q°(fi; be(f; 1] + 641%)) > —Q°(fe; be(fi5 (1))
dfy dfy
i Qrr.na ~g d Qs na
dft/J‘t (ft7ﬂ‘t +6l"’ ) > dft:u’t (ftnut) > 0 N
Then, at f,(47)

d FOT .
d—ftth(ft(u?); i + opf)

o (Qsm(ﬂz); bu(fo@f); i+ 57) — i (lf)s i + 6/1"))
9Q

d
x = (Q (s b f)s i+ 04%) = (fulid); i + 67%)) >0,
.

Therefore, the optimal f;(47) is increasing in 1. m

The intuition of this result is as follows: for fixed f;,, b; decreases as a increases,
and increases as ji/,, increases as shown in Proposition 2.8. This implies that the
choice of b, reinforces the effect of changes in a and fif, ;. As a increases, naive money
becomes less likely to dominate funds, and the corresponding decrease of b, makes
naive money even less likely to dominate. A similar argument applies to changes in
i

Therefore, as a increases, marginal fee profits from naive investors decrease, and
marginal fee profits from smart investors increase. Hence, managers have incentive to
lower fees as a increases. In contrast, as fif, ; increases, marginal fee profits from naive
investors increase, and marginal fee profits from smart investors decrease. Hence,
managers would want to raise fees as fif,; increases.

The following corollary confirms that the result of Proposition 2.8 holds without

fixing fees f;, i.e., f; optimally responds to changes in a and zy:

Corollary 2.5 Suppose that there exist unique solutions to the first-order conditions
(2.12) and (2.13). The optimal choice of marketing m, decreases in a and increases
in .
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Proof. Following the logic of Proposition 2.8, and using the result of Proposition

2.9,

9Q

&(1 — by(a)) — @ (

xQ°(fi(a+ da);a+ da,b(a)) <0.

Q*(fila+ 8a); a+ da,bi(a)) — ul(fula + 5a>))

Therefore, b;(a) is decreasing in a. Similarly,

&(1—be(s)) — @ (

xQ°(feliaf + 647); be(fif)) > 0 .

Q=(fu(Af + 5719); b(i9)) — uQ(fi(Bd + 609); 7 + 6/1"))
a9Q

. Aq - . - . /\q
Therefore, b;(jif,,) is increasing in 47 ;. =

2.4.4 Numerical examples

In addition to the parameter choices (2.9) of the baseline model, I make the following
parameter choices:

£, =02, £n =0.0002, & =0.5. (2.17)

An extension of the baseline model with the endogenous choice of o, is plotted

in Figure 4, 5 and 6. Figure 4 plots the optimal o, as a function of f;:
[See figure 4]

Figure 5 plots the optimal o, as a function of a:
[See figure 5]

Figure 6 plots the optimal o, as a function of f:
[See figure 6]

An extension of the baseline model with the endogenous choice of marketing m;_;
is plotted in Figure 7 and 8. Figure 7 plots comparative statics with respect to changes

of a:
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[See figure 7]
Figure 8 plots comparative statics with respect to changes of 4]
[See figure 8]

An extension of the baseline model with the endogenous choice of b;, which reflects
private benefit that managers gain by sacrificing returns to investors, is plotted in

Figure 9 and 10. Figure 9 plots comparative statics with respect to changes of a:

[See figure 9|

Figure 10 plots comparative statics with respect to changes of ff:

[See figure 10}

2.5 Discussions and Conclusions

For analytic simplicity, this chapter makes several assumptions. However, relaxing
some of them may provide interesting perspectives on how unsophisticated investors
affect decisions of mutual fund managers. One crucial assumption is that there is
no information asymmetry between managers and investors. If managers know more
about their skill than investors, managers may want to make decisions, particularly
those which are easily observable by investors (e.g., fees), in order to signal their skill.
The signaling channel is not investigated in this chapter, and remains to be explored.

In addition, this chapter concerns only the short-term effect of managerial choices.
The infinite-horizon model in this chapter can be reduced to a two-period model
since managerial choices do not affect the future dynamics of invested naive money.
If managers’ decisions influence the accumulation of naive money invested in funds,
the managers have incentives to adjust their decisions in order to receive more naive
money in the future. How the long-term effect influences managerial decisions remains
a topic for future research.

In conclusion, this chapter builds a model on how naive money affects the decisions

of active mutual fund managers, particularly fees, effort, idiosyncratic risk, marketing
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and private benefit. The model shows that more naive money is associated with higher
fees, lower managerial effort, more marketing and seeking greater private benefit. In
addition, the model proves that managers choose to take higher idiosyncratic risk

when expected fee profits from naive investors are close to those from smart investors.
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Figures

Figure 1: Baseline model

The following figures plot (a) the value of Q*(f,) and p®(f,) as functions of fee Iz,
(b) the expected fee profits E,-, [max{Q*(f,), Q¥(f:)}] — F net of costs as a function
of fee f;, (c) the maximum effort e, as a function of fee f,, and (d) the optimal choice
of effort e; as a function of the realization of @y for two different fees f, = 1% and

ft = 1.2%. Parameter choices are given in (2.9).
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Figure 2: Baseline model - changes of a

The following figures plot (a) the value of Q*(f;) and uZ(f,), (b) the optimal fee
choice f;, and (c) the maximum effort e; as functions of a. Parameter choices are

given in (2.9).
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Figure 3: Baseline model - changes of /if

The following figures plot (a) the value of Q*(f,) and p2(f,), (b) the optimal fee
choice f;, and (c) the maximum effort e, as functions of . Parameter choices are

given in (2.9).

1.5¢

profits

e
0.5

0 100 200 300
i

(2) Q°(f.) and p2(f:)

- A
N A

fee choice (%)

o
©

o
o

100 200 300
75

(b) Optimal fee f;

80 |
75
70t
65|
60 |

maximum effort

0 100 200 300
ivf

(c) Maximum effort e;

Comparative statics with respect to changes of

91



Figure 4: Extensions - Endogenous choice of o,

The following figures plot (a) the value of Q*(f,) — u&(f,) and (b) the optimal choice

of o1 as functions of fee f,. Parameter choices are given in (2.9) and (2.17).

0.095 ————
0.2
o 01 R o /
| & T 0.094
S E
0.1 £
& 0.0935
0.2
b 00e3 | .
06 08 1 12 14 et
e fee (%)
(2) @(fs) — n(f2) (b) Optimal idiosyncratic risk o, ;1
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Figure 5: Endogenous choice of o, - changes of a

The following figures plot (a) the value of Q*(f;(a); a) — u(fi(a)) and (b) the optimal

choice of o.;_; as functions of a. Parameter choices are given in (2.9) and (2.17).
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Figure 6: Endogenous choice of o, - changes of ]

The following figures plot (a) the value of Q*(fi(4%)) — p2(fu(4?); %) and (b) the
optimal choice of o, as functions of ff. Parameter choices are given in (2.9) and

(2.17).
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Figure 7: Endogenous choice of m; ; - changes of a

The following figures plot (a) the optimal choice of marketing m,_;, (b) the optimal
fee choice f;, and (c) the maximum effort e, as functions of a. Parameter choices are

given in (2.9) and (2.17).
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Figure 8: Endogenous choice of m;_; - changes of [}

The following figures plot (a) the optimal choice of marketing m,_;, (b) the optimal
fee choice f;, and (c) the maximum effort e; as functions of fif. Parameter choices are

given in (2.9) and (2.17).
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Figure 9: Endogenous choice of b, - changes of a

The following figures plot (a) the optimal choice of b;, (b) the optimal fee choice f,,

and (c) the maximum effort e, as functions of a. Parameter choices are given in (2.9)

and (2.17).
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Figure 10: Endogenous choice of b, - changes of /]

The following figures plot (a) the optimal choice of b, (b) the optimal fee choice f;,
and (c) the maximum effort e; as functions of fif. Parameter choices are given in (2.9)

and (2.17).
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Appendix

On the FOC approach

Most of the proofs (including comparative statics) in this chapter use the FOC ap-
proach. Since the objective function (expected fee profits) is smooth, the FOC ap-
proach is legitimate as long as there is a unique local and global maximum. However,
that condition is not guaranteed for all possible range of parameter values. In this
section, I show that all the proofs of this chapter still hold when the uniqueness of

the local maximum is not satisfied.

Since the logic is the same across all the proofs, I choose Proposition 2.2 as a
representative example. In this example, there may exist multiple solutions to the

FOC (2.8), i.e., there are multiple extrema of

h(fi; @) = Byy [max{Q*(fi; a), Q¢ (f1)}] -

Denote f; at the global maximum of h(f;;a) by f;. Even if there exist multiple
extrema, Proposition 2.2 holds locally. This means that as long as other local maxima
are smaller than the current global maximum, the global maximum shifts towards
smaller f; < fF as a increases. In order for Proposition 2.2 to be violated, two
conditions must be satisfied: i) another local maximum becomes larger than the
current global maximum as a increases, ii) the new global maximum is located at

ft > f;. I show that these two conditions cannot hold at the same time.

Suppose that at a certain a, there are two local maxima at the same value, i.e.,

there exist f; and f;, where f; < f3, satisfying

h(fi;@) = h(f3;0) = [ ax h(f; a).

Suppose that

h(fi;a —6a) = max h(f;a —da) > h(fy;a - da),
felfs.fu]
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and

h(f;a+ da) < h(f;;a+ da) = x| h(f;a+ ba) .

The slope of h(f;a) can be written as

dh(f;a) _ (1_ (I)(Qs(f;a)—u?(f))) gd;u?(f)
Q

df i
Q(f;0) = k(N d o
+2 ( - ) F@Usa)-
Note that
dh(f;a+6)  dh(f;a) L
df < df ,er[f,f]
Define
dAh(f;a) _ dh(f;a+6)  dh(f;a) L
df - df o df <0, Vfelf,f.
Then,
I3 dAAR(F:
h(fs;a+da) — h(fi;a+da) = h(fs;a)— h(ff;a)—i—/ d(ff,a)df
£

< h(f3;a) = h(f7;a) =0,

which is a contradiction. Although this proof considers two maxima at the same

value, it can be easily generalized to cases with more than two maxima at the same

value.

From this proof, if there is a transition of the global maximum from one local

maximum to another, the transition must be towards lower f;. Therefore, Proposition

2.2 holds even if there are multiple solutions to the FOC (2.8).
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Chapter 3

IO of the Active AM Industry:

Entries and Exits

3.1 Introduction

This chapter addresses the structure of the active AM industry: in particular, entries
and survivorship. Given that funds have access to the same technology for attracting
naive money, only those whose perceived skill is higher than a certain threshold
enter AM markets. Existing managers choose to exit if their track records are poor
and/or the amount of invested naive money is small. While fund entry and exit
decisions affect the degree of competition in the AM industry, competition also, in
turn, influences the entry and exit decisions of managers. Therefore, competition
among managers and their entry and exit decisions jointly characterize an equilibrium
of the model, which I refer to as an “industry equilibrium.” In the long run, the
economy converges to the stationary equilibrium.

Entries of and the long-run survivorship of unskilled managers are of particular
interest, and the model characterizes what components are associated with them, and
how. Among newly entering managers, the portion of unskilled managers is higher if
there are 1) more aggregate investment opportunities, 2) more aggregate naive capital
flows, 3) less supply of skilled managers to the AM industry, and 4) lower entry costs.

These changes induce likely unskilled managers to enter AM markets who would not
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have, absent the changes. Among those changes, only more aggregate naive capital
flows and less supply of skilled managers are associated with a higher probability
of the long-run survivorship of unskilled managers. Only these changes increase the

average flow of naive capital to an individual fund.

When AM markets are heterogeneous in investor sophistication, AM markets with
more sophisticated investors (say, hedge fund markets) naturally differentiate from
AM markets with less sophisticated investors (say, mutual fund markets). In equi-
librium, skilled managers generate more value in hedge fund markets than they do
in mutual fund markets. As a result, relatively high-skilled new managers tend to
enter hedge fund markets. Since the supply of skilled managers to mutual fund mar-
kets decreases, the probability of the long-term survivorship of unskilled managers
increases in mutual fund markets. Therefore, roughly speaking, mutual fund mar-
kets are characterized as markets for naive money with a relatively high portion of
unskilled managers, and hedge fund markets are characterized as markets for smart

money with a relatively high portion of skilled managers.

A certain type of regulations for the AM industry may be detrimental to the wealth
of unsophisticated investors. In the model, unsophisticated investors lose wealth
by investing in underperforming active funds compared with investing in a passive
benchmark (e.g., index funds) with similar risk characteristics. Regulations that
restrict value-generating activities of active funds reduce entries of unskilled managers,
but raise the probability of the long-term survivorship of unskilled managers. Since
funds run by unskilled managers underperform the most, regulations of these types
may harm the wealth of unsophisticated investors. On the other hand, regulations
that discourage activities that induce retail investors to invest in underperforming
funds decrease both entries and the long-run survivorship of unskilled managers.
Therefore, regulations of these types are beneficial to the wealth of unsophisticated
investors. Furthermore, regulations that apply to one type of AM markets may have
unintended long-term effects on the other types. One crucial caveat is that this
chapter does not provide a rationale for retail investor protection, and, therefore, the

regulatory implications of this chapter must not be over-interpreted.
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In the remainder of the paper, section 2 presents the model. Section 3 discusses
the industry equilibrium implications of the model for the structure of the active AM
industry. In particular, section 4 investigates the structure of the AM industry when
AM markets are heterogeneous in investor sophistication. Section 5 examines the im-
plications of the model for retail investor protection. Section 6 discusses the limitation

of the model and future directions for research, and summarizes the conclusions.

3.2 The Model

There are two types of managers who are different in skill as described in subsection
1.2.1. The information structure and the learning process are the same as in chapter

1, and are described in subsection 1.2.2.

3.2.1 Naive capital

This chapter views unsophisticated investors as irrational: they invest in underper-
forming active funds although those investors have all the information that is available
to sophisticated investors, including the track record of funds. Those unsophisticated
investors can improve returns by investing in passive benchmarks (e.g., index funds)
with similar risk characteristics, but they do not choose to invest in the passive bench-
marks. This is different from the concept of uninformed investors in Grossman and
Stiglitz (1976, 1980): uninformed investors do not have private information, but may
trade for reasons such as hedging or liquidity needs. Here, unsophisticated investors
have all the information, and there are liquid passive alternatives that provide similar
systematic risk as active funds.

I model capital from unsophisticated investors (naive money) in a reduced form,
and abstract from detailed capital allocation decisions of unsophisticated investors.

naive capital flows to fund (manager) ¢ are as follows:

dgiy = (b—ngiz)dt + /s (CTdWi,t + Udei,t) , (3.1)
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where §;; is the amount of naive capital invested in the fund, b is the average naive
capital inflow, 7 is the rate of average naive capital outflow, W, is a standard Brow-
nian motion that captures the component of naive capital flows irrelevant to the fund
performance, o is a parameter that determines the volatility of naive capital flows
that are irrelevant to the fund performance, and o, is a parameter that determines
the volatility of naive capital flows that respond to the fund performance. Note that

o, may be either positive or negative!, and
AWy - dZiy = Wiy - dZ; = dWiy - dW, =0, Vj# 1,

i.e., W, captures the idiosyncratic component of naive money flows, and is orthogonal
to the fund performance.
The process (3.1) is the Cox-Ingersoll-Ross (CIR) process (Cox, Ingersoll and Ross

(1985)), since the process can be rewritten as

dgiy = (b—nGi,)dt + o7~/ qi,LdWi,t )

where
o

or = \/GQTOE ; dVVz’,t = o_deWi,t + O_—;dZi,t )
and Wi,t is a standard Brownian motion as well. The CIR process as the model of
naive capital flows has several attractive properties: the amount of naive capital is
always non-negative, and possesses a stationary distribution.

I would like to emphasize that insights from the model do not significantly depend
on the process of naive money. The only essential property of naive money that the
model needs is that naive capital invested in a fund is persistent, i.e., unsophisticated
investors reallocate their capital slowly. In fact, in a continuous-time setup without
any jump process, this property is automatically assured. As long as the property is

satisfied, the detail of the process of naive capital does not affect the main qualitative

results of the chapter.

Empirical studies (e.g., Gruber (1996)) suggest that fund flows positively respond to good per-
formance.
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3.2.2 Fees and operating costs

A fund manager charges a fixed percentage fee f per time, i.e., between time t and
t + dt, investors in the fund pay
fdt

per dollar invested in the fund at time ¢. For modeling simplicity, I assume that
f is constant and uniform across funds. Each fund pays a fixed operating cost ¢dt

between ¢t and t + dt as long as the fund exists.

3.2.3 Discount rate and utility

The risk-free rate r is constant and does not change over time. The only relevant
discount rate in the model is the risk-free rate because all the shocks are idiosyn-
cratic. I assume that managers are risk-neutral. Therefore, managers’ objective is to

maximize the discounted expected fee profits.

The risk neutrality can be justified if the market is sufficiently complete. In this
case, managers can hedge risk associated with fee profits, and the form of their utility
functions does not matter. Market completeness allows managers to perfectly smooth
out their consumption over time, and the value of the consumption stream needs to

equal the entry value of fee profits net of the entry cost.

3.2.4 Entries and exits

At each point of time, prospective managers are born. The expected skill of a newly
born manager is summarized by the probability p of the manager being H-type. The
prior cumulative distribution of the expected skill of managers born between ¢ and
t + dt is given by

F(p)dt .
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One crucial assumption is that the distribution does not change over time. This

assumption implies that the supply of skilled managers is inelastic. Define

G(l—p)E/ F'(p')dy', (3.2)

which is the cumulative distribution measured from p to 1, i.e., G(1—p) is the reverse-
order cumulative distribution of the prior skill. Another assumption that I make is
that

lim G(1 —p) = oo, (3.3)
p—0t

i.e., skilled managers are scarce, but surely unskilled managers are abundant. This
assumption is needed for the existence of an equilibrium, but is not necessary as long
as lim, ,o+ G(1 — p) is sufficiently large.

A new fund needs to pay a lump-sum entry cost ® at entry, and the cost becomes
sunk once the fund starts its operation. A prospective manager enters an AM market
if the value of fee profits net of the entry cost is positive. When a new manager enters

an AM market, she starts with zero amount of naive capital at entry.

Existing managers may exit AM markets. There are two types of exits in the
model: exogenous exits and endogenous exits. I model the exogenous exits as a
Poisson process: between ¢ and t + dt, existing managers independently exit with
probability Adt. On the other hand, at each point of time, existing managers may
endogenously choose to exit if the value of fee profits is not positive. There are no

costs associated with exits.

3.2.5 Competition

There are two types of competition among managers: one is competition for positive
NPV investment opportunities, and the other is competition for naive capital inflows.
These types of competition lead to decreasing returns to scale at the industry level.
One crucial assumption is that high competition drives down both A, the average

value per time that a skilled manager generates, and b, the average naive money
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inflows to a fund. Mathematically, this assumption translates into
A= Ahs(N), b=>bhy(N), (3.4)

where N is the total number of existing managers in the AM industry, A and b are
constants, and ka(N) and hy(N) are smooth monotone (strictly) decreasing functions
in N. Here, I take the total number of managers as the equilibrium variable that
captures the degree of competition in the industry. Taking another sensible variable
(e.g., aggregate capital in the industry) instead as the measure for competition does

not change qualitative results.

3.3 Structure of the AM industry: Entries and Sur-

vivorship

The full characterization of the equilibrium of the model involves the determination
of equilibrium variables A and b. These variables are determined by the number

(measure) of managers by (3.4), which I repeat:
A= Ahpa(N), b=>bhy(N),

where A and b are constants, and h4(N) and hy(N) are arbitrary decreasing functions.

In order to guarantee an interior solution, additional assumptions are made:

}Ii_x%hA(N) — 00, Ilvi_rﬂ)hb(N) — 00, jéi_r)réohA(N) -0, &i_rgohb(N) -0,
(3.5)
i.e., active funds become extremely profitable if there are no competitors, and become
extremely unprofitable if there are too many competitors.
Since there is no aggregate shock, the model focuses on the stationary equilibrium.
In the stationary equilibrium, the equilibrium variables A and b are constants over

time.
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3.3.1 Fee revenues

A and b are endogenously determined in equilibrium through competition among
funds. In this subsection, I focus on characterizing fee revenues of active funds by
taking the value of A and b as given. For notational simplicity, I omit indices for
individual managers (funds) unless necessary.

From the analysis in subsection 1.3.2, the net excess return on a fund between ¢

and {4+ dt is
A (1ydt+ 1dz,)

qt

dre® = dR® — fdt = — fdt .

In equilibrium, the net expected excess return (net alpha) is either zero or negative:

0 , @ <
E,[dr"] = (3’-—4 - ) dt = s
at S 0 y q-t =4q

where ¢; is the AUM of the fund at ¢, and ¢ is the amount of naive capital invested

in the fund at ¢. From Proposition 1.1, the AUM of the fund is

A .
a = max{ptT,qt} )

and fee revenues between ¢ and t + dt are given by
fa:dt = max {p; A, fG,} dt .

3.3.2 Stationary equilibrium

The state variables for an individual fund manager are p and §. The aggregate state
of the economy is the distribution of agents across states. In order to define the
aggregate state variables formally, define the state space for an individual manager.
The state space of a manager is the Cartesian product S : [0,1] x [0, 00) with Borel
o algebra B. For any set S € B, p(S) is the measure of managers in the set S. A

stationary equilibrium is defined as follows:
Definition 1 A stationary equilibrium is the value function V : S — Rxo; the surplus
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rate A that a skilled manager generates per time and the average naive capital inflow

rate b; and the stationary measure p* such that
e Given A and b, V(p, q) is the value function of fee profits.
e Gwen p*, N = [ [ p*(p, §)dpdq is consistent with the values of A and b by (3.4).

e Prospective managers arrive with prior skill distribution F(p), and chooses to

enter the AM industry if their V(p,0) is greater than the entry cost ®.

e Managers choose to exit if V(p,q) = 0. In addition, managers exogenously ezit

under the Poisson process with probability \dt between t and t + dt.

e p* is invariant under entries, exits and the transition of states of existing man-

agers, gien by
dp=sp(1 —p)dZ , dj=(b—nd)dt+ /3 (adW n ode) .

3.3.3 Value of fee profits, exits and entries

The following analysis assumes a stationary equilibrium, and takes A and b as given.

Recall that an existing fund bears the operating cost of ¢dt between ¢t and ¢ + dt.

Value of fee profits

Fee profits between t and ¢ + dt are

(max{pA, fq} — ¢)dt,

by Proposition 1.1. The value of fee profits at ¢ can be written as
TD
‘/t =E, [/ e_T(u_t) (ma'x{puA, fqu} - ¢) du )
t

where TP is the point of time when the manager exits. Under the given information

set at t, the joint distribution of p, and @, for u > ¢ solely depends on p, and G. As
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a result, the state variables for the value of fee profits at ¢ are p, and ¢. Hence, the
value of fee profits can be rewritten as V; = V(py, ;).

TP is determined either by an exogenous exit, with probability Adt between ¢ and
t+dt independently, or by an endogenous exit, where the manager chooses to exit. A
manager chooses to exit if the value of staying is less than (or equal to) the value of
exiting, which is zero. These statements can be translated into dynamic programming

language as follows:

V(Ph ‘jt) = max{(ma;x{ptA, f‘it} - ¢) dt + (1 —rdt — )\dt)Et [V(pt+dt7 (7t+dt)] ,0} )

where

dp, = Spt(l _pt)dZt )
dg, = (b—nd)dt+ /G (ath + szZt) .

When the value is greater than zero, the value function V(p, q) is smooth, and solves

the following partial differential equation (PDE):

162V (p,q) s2p? 3V(p,

(r+0V(p,q) = (max{pA, fi} - ¢)+3 o (1-

162 V(p, q) 2L o2 ’V(p,q) _ =
_|_2 (o 0.)q+ ———apaq_ sp(1 ;D)O'z\/6 :

P+ ”@ nd)

There is no analytic solution to the PDE. The following lemmas characterize several

properties of V(p, §) that can be derived without directly solving for V (p, ¢).
Lemma 3.1 V(p,q) is increasing in p and §.
Proof. See Appendix. m

Lemma 3.2 V(p, §) is convez in the direction of the diffusion dZ in p and §, which
is proportional to the vector (sp(1 — p), 0./q), i.e.,

?V(pd) V(pa)

_ op? IpG Sp(l - p)
=) 0d| | o >0.
(pd) 9*V(p.ad) ~
Bpap(}q 3(35(1 Uz\/a
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Proof. See Appendix. m

Exits

Since the value of fee profits changes over time only through p and g, endogenous exit
decisions by managers solely depend on p and ¢ as well. If V(p,q) > 0 for all (p, §),
the manager never chooses to exit. If V(p, g) = 0 for some (p, §), the manager exits.
The following theorem characterizes the set of (p,§) where a fund manager chooses
to exit, i.e.,

E={(p,9|V(p,q) =0}. (3.6)

Proposition 3.1 Suppose that E is not empty. E is characterized by a downward
sloping curve § = h(p) that crosses the §-azis (p=0) and the p-azis (¢ =0):

E={(p,9)lq < h(p)} -

Proof. See Appendix. m

The set E defined by (3.6) may or may not be empty. If E is nonempty, managers
choose to exit immediately after they reach the curve ¢ = h(p) in continuous time.
Hence, the curve ¢ = h(p) is the exit threshold. The downward-sloping exit threshold
shows that there are two reasons why managers may choose to exit: managers are
perceived as low-skilled and/or there is insufficient naive capital invested in their

funds.

Entries

The prior cumulative distribution of the skill of managers newly born between t and
t + dt is given by F(p)dt. A prospective manager with probability p of being H-type
chooses to enter the AM industry if the participation constraint

V(p,0)—® >0 (3.7)
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holds, since a prospective manager enters with zero naive capital. Therefore, in order
to study entry decisions of prospective managers, it is useful to characterize properties

of V(p,0) further. Define

Pez = sup{p|V(p,0) = 0} . (3.8)

By Proposition 3.1, p., exists if E defined by (3.6) is nonempty, but does not exist if
E is empty. The following corollary elucidates further properties of V(p,0):

Corollary 3.1 V(p,0) is convez in p. V(p,0) is strictly increasing if pe; does not

exist, and strictly increasing for p > pey if Pex €TISLS.

Proof. See Appendix. m
Now define p* that satisfies

V(p'0)=0. (3.9)

p* is greater than p®® (if p°® exists). Based on the participation constraint (3.7), the
following proposition characterizes the set of prospective managers who enter the AM

industry in a stationary equilibrium:

Proposition 3.2 In a stationary equilibrium, p* € (0,1) ezists and is unique. Prospec-
tive managers enter the AM industry if their prior skill (the prior probability of being
H-type) is higher than p*, i.e., prospective managers with p € [p*, 1] choose to enter.

Proof. See Appendix. =

The intuition of Proposition 3.2 is as follows: the prior skill of a prospective man-
ager matters for her decision to start an active fund, given that funds are homogeneous
in their ability to attract naive money. While the supply of skilled prospective man-
agers is limited, there are plenty of low-skilled managers?, and competition among
funds does not allow surely unskilled managers to enter the AM industry. Therefore,
only prospective managers whose prior skill is above a certain threshold (p*) choose

to enter AM markets.

2This is captured by assumption (3.3).
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3.3.4 Long-run survivorship and entries of unskilled managers

While this chapter accounts for exit and entry decisions of both skilled and unskilled
managers, those of unskilled managers are of particular interest. Once a manager
survives for a sufficiently long time, her true skill is eventually revealed®. The following
corollary shows that old funds run by skilled managers never choose to exit in a

stationary equilibrium.

Corollary 3.2 Denote the survival time of fund i by t;, and the probability of the
manager being H-type by p;,. If the manager of fund i is H-type, as t; — oo, the fund

never chooses to exit.

Proof. See Appendix. =
Therefore, the long-term survivorship of skilled managers is relatively trivial com-

pared with that of unskilled managers.

Long-term survivorship of unskilled managers

As the survival time becomes sufficiently long, the true (lack of) skill of unskilled
managers is revealed, i.e., p; converges to 0 almost surely as ¢ — oo. Since the fair
size of funds run by those managers is zero, these funds are always overpriced. The

value of fee profits to unskilled managers (with their type being revealed) is

TD
V. = V(0,q) = E [ / e (fqu — ¢) du] ,

where

G, = (b — nd@)dt + /@ (adw, + adet) .

Therefore, the value to surely unskilled managers is determined by how much naive
money they currently have, and how much naive money they can attract in the future.

The following lemma is helpful for the rest of the analysis:

3Formally, as t — oo, p; for a skilled manager converges to 1 almost surely, and p; for an unskilled
manager converges to 0 almost surely.
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Lemma 3.3 The set E defined by (3.6) diminishes as A and b increase. Precisely,
E(A V) CE(AD), VA>A UV >b.

Proof. See Appendix. m

Before making formal statements, it is useful to define the precise meaning of the
long-run survivorship. Here, I define the long-run survivorship of unskilled managers
as the expected survival time once the type of those managers is revealed, given
the current naive money ¢; fixed. A more general definition is the probability of
an unskilled manager’s survival for sufficiently long time after entry. These two

definitions are closely related, and the relation is examined in the following analysis.

Proposition 3.3 ‘The long-run survivorship of unskilled managers increases in b,

i.e., the expected survival time of surely unskilled managers increases in b, given g,

fized.

Proof. See Appendix. =

Given the amount §; of currently invested naive capital fixed, higher b allows surely
unskilled funds to attract more naive capital in the future. Hence, those managers
are expected to survive longer than they are for lower b. The result of Proposition
3.3 is valid regardless of the value of A, since fee profits of surely unskilled managers
do not depend on the value of A.

On the other hand, the following corollary requires a certain condition on A.

Corollary 3.3 Suppose that Ay > Az and by > by. The probability of an unskilled
manager’s survival is higher for (Ay,by) than it is for (A2, b2) at any point of time,

given the prior skill py at entry fized.

Proof. See Appendix. m

Therefore, as long as A does not decreasé, an increase in b raises the probability of
an unskilled manager’s survival at any point of time, given her prior skill fixed. This
is equivalent to the statement that the distribution of unskilled managers’ survival

time becomes (first-order stochastically) dominant as b increases, which implies an
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increase in the expected survival time of those managers. Therefore, in this case, for
unskilled managers, the probability of survival and the expected survival time move
in the same direction as b changes.

However, if A decreases, the result of Corollary 3.3 does not hold. For A; < A,
and b; > b, the probability of survival for (A;, b;) does not necessarily dominate that
for (A2, bz). Hence, the expected survival time for (A, b)) may not be longer than
that for (A, by). Therefore, the short-run survivorship of unskilled managers depends
both on the value of A and b, and does not monotonically increase in the value of b.

In the long run, the true (lack of) skill of unskilled managers is revealed regardless
of the prior. Therefore, after sufficiently long time, the survivorship of unskilled
managers is solely determined by their current AUM (from unsophisticated investors),
and the value of b, which represents their ability to attract naive capital in the future.
The long-run survivorship of unskilled managers, defined by their expected survival
time for fixed ¢ once their true skill is revealed, increases in b by Proposition 3.3.
In the limit of sufficiently long time after entry, the survival probability of unskilled
managers increases in b as well?. The following proposition proves that the long-term

survival probability is greater for higher b regardless of A:

Proposition 3.4 Suppose that by > by. There exists T such that for all s > T, the

survival probability of unskilled managers for by is greater than that for bs.

Proof. See Appendix. m

Therefore, in the remainder of the chapter, the long-run survivorship of unskilled
managers indicates both the expected survival time for surely unskilled managers and
the survival probability of unskilled managers in the long run.

In an extreme case that b is sufficiently large compared with ¢, unskilled managers

never choose to exit and, hence, no managers choose to exit.

4Simply put, the long-run survival probability of unskilled managers is dominantly determined
by the value of b. A simple analogy is as follows. Compare two processes where one decays with rate
A1 until 77 and with rate ] afterwards, and the other decays with rate A; until 75 and with rate
X5 afterwards. Suppose A; > A2 and A} < M. In the limit of infinite time, the survival probability
of the former process is always greater than that of the latter.
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Corollary 3.4 If

- (r+X+n)¢

b (3.10)

no managers choose to exit.

Proof. See Appendix =

Entries of unskilled managers

Skilled managers and unskilled managers are not distinguishable at entry. New man-
agers enter the AM industry with a certain prior about their skill, and this prior
is correct: among a group of managers with the same prior probability p of being
H-type, p portion of managers in the group are skilled, and (1 — p) portion of man-
agers in the group are unskilled. Therefore, given the prior skill distribution fixed,
the entry threshold p* defined by (3.9) determines the number (measure) of newly

entering unskilled managers.

When p* is lower, more unskilled managers enter the AM industry, while more
skilled managers enter as well. The following proposition characterizes when p* is

lower, and the implications of lower p*.

Proposition 3.5 Suppose that A; > As and by > by. p* is lower for (A1, b)) than
that for (As,by). Given the prior skill distribution fized, the number (measure) of
entries of both skilled and unskilled managers is greater for (A1,b1) than those for

(Ag, b2). Also, the portion of unskilled managers among newly entering managers is

higher for (Ay,b1) than it is for (As, be).

Proof. See Appendix. m

The entry threshold p* decreases in A and b. When p* is lower, there are more
entries of skilled and unskilled managers, but disproportionately more entries of un-

skilled managers.
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3.3.5 Determinants of the stationary equilibrium

The previous analysis shows that the long-term survivorship of unskilled managers
crucially depends on b, and the entry threshold p* determines the entries of unskilled
managers as well as those of skilled managers. Based on these analyses, I investigate
how exogenous components of ’the model influences the equilibrium variables and,
consequently, the long-run survivorship and entries of unskilled managers, by changing
the stationary equilibrium.

In this subsection, I assume that a stationary equilibrium exists and it is unique.

The existence and the uniqueness are shown in the next subsection.

Aggregate invest opportunities (A) and aggregate naive capital (b)

The following proposition characterizes how an increase in A, the parameter that

governs the aggregate invest opportunities, affects the stationary equilibrium.

Proposition 3.6 Ceteris paribus, an increase in A increases A, decreases b, and

increases the number N of active managers in the AM industry.

Proof. See Appendix. m .

In general cases, an increase in A induces more entries of prospective managers.
In particular, when h4(N) and hy(N) are not steep, p* decreases in A, i.e., there are
more entries of prospective managers when there are more investment opportunities.

This is proved in the following proposition:

Proposition 3.7 Suppose that in the stationary equilibrium the ezit set E defined by
(8.6) is nonempty. Denote the equilibrium measure of active funds by N*. There exist
ca > 0 and c, > 0 such that if |W)y(N*)| < ca and |k, (N*)| < &, a small increase in

A leads to a decrease in p*.

Proof. See Appendix. m
As long as h4(N) and hy(N) are sufficiently flat, i.e., returns to scale at the indus-
try level are not steeply decreasing, there are more entries of prospective managers

to the AM industry as there are more aggregate investment opportunities available.
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When the exit set F is empty, it is straightforward to show that the entry threshold

p* decreases in A:

Corollary 3.5 Suppose that in the stationary equilibrium the exit set defined by (3.6)

is empty, a small increase in A leads to a decrease in p*.

Proof. See Appendix. m
The following proposition characterizes how an increase in b, the parameter that

governs the aggregate amount of naive money, affects the stationary equilibrium.

Proposition 3.8 Ceteris paribus, an increase in b decreases A, increases b, and

increases the number N of active managers in the AM industry.

Proof. The proof is quite similar to that of Proposition 3.6. See Appendix. m

In general cases, an increase in b induces more entries of prospective managers.
In particular, when h,(N) and hy(N) are not steep, p* decreases in b, i.e., there
are more entries of prospective managers when there are more capital inflows from

unsophisticated investors. This is proved in the following proposition:

Proposition 3.9 Suppose that in the stationary equilibrium the exit set E defined by
(3.6) is nonempty. Denote the equilibrium measure of active funds by N*. There exist
ca > 0 and ¢y > 0 such that if |R)y(N*)| < ca and |hy(N*)| < cp, a small increase in

b leads to a decrease in p*.

Proof. The proof is quite similar to that of Proposition 3.7. See Appendix. m

As long as ha(N) and hy(N) are sufficiently flat, i.e., returns to scale at the indus-
try level are not steeply decreasing, there are more entries of prospective managers
to the AM industry as there are more aggregate naive money available.

When the exit set F is empty, it is straightforward to show that the entry threshold

p* decreases in b:

Corollary 3.6 Suppose that in the stationary equilibrium the exit set defined by (3.6)

is empty, a small increase in b leads to a decrease in p*.
Proof. The proof is quite similar to that of Corollary 3.5. See Appendix. m
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Entry costs (®) and distribution (G(1 — p)) of the prior skill

So far, I have investigated exogenous parameters that directly affect the value of A,
the average value creation per time by a skilled manager, and b, the average naive
money inflow rate. Here, I consider two other exogenous components of the model:
the entry cost and the distribution of the prior skill of prospective managers.

The following proposition shows how an increase in the entry cost ® influences

the stationary equilibrium:

Proposition 3.10 Ceteris paribus, an increase in ® increases A, increases b, in-

creases p*, and decreases the number N of active managers in the AM industry.

Proof. See Appendix. =

Lastly, I study how the distribution of the prior skill of prospective managers
affects the stationary equilibrium. I consider G(1 — p) = fpl F'(p')dp’ instead of F(p)
because of the condition (3.3) that is imposed in order to guarantee the existence of

a stationary equilibrium®. I define that G;(z) dominates Go(z) if
GQ(SII) < G](x) , Y0<z<1.

G1(1 — p) dominating G5(1 — p) implies that the former distribution has more skilled

prospective managers than the latter does, at any point p.

Proposition 3.11 Suppose that G1(1 — p) dominates G2(1 — p). Ceteris paribus,
Al < AQ, b1 < bo, p{ > p;, and N, > Ns.

Proof. See Appendix. m

3.3.6 Existence and uniqueness of a stationary equilibrium

The following proposition proves the existence and uniqueness of a stationary equi-

librium.

SIf F(p) is used as the cumulative distribution, the condition (3.3) implies lim, o+ F(p) = oo.
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Proposition 3.12 A stationary equilibrium defined by Definition 1 exists and is

unique.

Proof. See Appendix. =

3.3.7 Numerical Examples

For the baseline numerical computation, I make the following parameter choices:

A=1, b=35, =15, ®=3, [f=0.015,
¢ / (3.11)

and decreasing returns to scale
ha(N) = hy(N) =N,
and the distribution density
F'(p) = 0.4(1 — p)3 .

The value of fee profits is plotted as follows:

[See figure 1]
Entries among all prospective managers are characterized as

[See figure 2]
The exit threshold is plotted in the following:

[See figure 3]

Lastly, the stationary equilibrium distribution of managers in (p, §) is

[See figure 4]
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3.4 Heterogeneity in Investor Sophistication

In this section, I consider two different types of AM markets that are heterogeneous
in investor sophistication. I refer to markets with more sophisticated investors as
hedge fund markets, and markets with less sophisticated investors as mutual fund
markets. In order to contrast these two types of markets, I model the heterogeneity
in investor sophistication in an extreme form: unsophisticated investors only exist in
mutual fund markets.

Since no unsophisticated investors exist in hedge fund markets, further analysis
on those markets is needed in order to characterize the stationary equilibrium. On
the other hand, the analyses of the previous section, especially the partial equilibrium

results, apply to mutual fund markets.

3.4.1 The model of hedge funds
When a skilled (H-type) manager runs a hedge fund, she can generate
1
Ay (dt + —dZt)
s

dollars between ¢ and ¢ + dt. Similar to the baseline setup, Z, is a physical Brownian
motion and idiosyncratic. The hedge fund sector is also subject to the decreasing

returns to scale at the industry level, which is modeled in a reduced-form as follows:
Ay = Apha(Ny) (3.12)

where N), is the number (measure) of active hedge fund managers, and hy(-) is a
smooth monotone (strictly) decreasing function in N,. A condition similar to (3.5)

is imposed on hy(V):
lim hy(Na) = 00, lim ha(Np) =0 . (3.13)
Np—0 Nh—)OO

A hedge fund manager can offer any short-term per-invested-dollar fee contracts
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between time ¢ and ¢+ dt to the investors, i.e., at time ¢ managers can offer a contract
that pays off

ft,t-{—-dt

to the manager at ¢ + dt as a function of verifiable variables at time ¢ 4 dt, including
excess returns between t and ¢ + dt, per invested dollar at time t.

When an unskilled (L-type) manager runs a hedge fund, she generates no value on
average, but the volatility of the value is the same as that of a skilled manager. Hedge
fund managers are risk-neutral as mutual fund managers are. Hedge fund managers
bear the same operating costs ¢dt between ¢t and ¢ + dt as mutual fund managers do.
At entry, hedge fund managers pay the same entry cost ® as mutual fund managers

do.

The following analysis assumes a stationary equilibrium, and takes Aj as given.

3.4.2 Fee revenues
The gross excess return on a hedge fund between ¢ and t + dt is

Ap (1 Laz
angs, = r{lndt +300).

where 1y is 1 if the manager of the fund is H-type and 0 otherwise. Given that
the short-term compensation contract offers f; ;.4 per invested dollar, the net excess
return on the fund between ¢t and ¢ + dt is

A (Lpdt + 1dz,)

ez er
drh,t = dRh,t — Jeprar = p — Jttdt -
t

Since investors can diversify away idiosyncratic risks by themselves, they accept the
compensation contract only if the net expected excess return (net alpha) is non-
negative. On the other hand, if the net alpha on a hedge fund is strictly negative,
sophisticated investors do not invest any dollars in the fund. Since there are no
unsophisticated investors in hedge fund markets (by assumption), strictly negative

net alpha cannot constitute an equilibrium. Therefore, the net alpha must be zero in
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equilibrium. This condition reads

Adt Apdt
Et[d"'}?ft] =P qh — Et[ft,t+dt] =0 <= Et[ft,t+dt] = qh .

t t

The intuition for this result that the net alpha is zero in equilibrium is the same as

that of Berk and Green (2004). Fee revenues at ¢t + dt¢ expected at ¢ are

1
Ei[q: fit+ar] = peAndt = E, [Ah (]lHdt + ;dZt):l .

Thus, regardless of the form of the short-term compensation contract f;.y4, the
skill of the hedge fund manager is correctly priced and compensated. The following

proposition summarizes the analysis.

Proposition 3.13 If all the investors are rational, and can freely move capital, the
skill of active managers is fairly compensated, i.e., the expected fee revenue is equiv-
alent to the amount of dollar value that the manager is expected to generate. The fee

structure does not matter for fee revenues and, consequently, fee profits.

Proof. Proof provided in the above analysis. =

When there are no unsophisticated investors in AM markets, AM markets are
indeed markets for active managers’ skill. Since skill is scarce, managers take all the
rents from surplus that they are expected to generate no matter what compensation

contracts are.

3.4.3 The value of fee profits and exits of hedge funds

Expected fee profits that a hedge fund receives between ¢ and t + dt are

(PtAh - ¢)dt

The value of fee profits at ¢ can be written as

T
Ve = E, / e (vt (PuAn — @) du|
t
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where T}P is the point in time when the hedge fund manager exits. T} is determined
by either an exogenous exit or an endogenous exit, similar to the case of mutual funds.
Since the conditional distribution p, for v > t at time ¢ depends entirely on p,, the
state variable for the value of fee profits at ¢ is p;. Hence, the value of fee profits can

be rewritten as V;,, = Vi (py)-

In dynamic programming language, the value of fee profits reads

Vi(pe) = max {(p.An — ¢) dt + (1 — rdt — A\dt)Eq [Va(pr+ar)}, 0}

where

dp; = Spt(l “‘pt)dZt -

When the value is greater than zero, the value function Vj,(p) is smooth, and solves

the following ordinary differential equation (ODE):
(- + DVilp) = (pA — 6) + SV ()91~ )7
There exist analytic solutions to the ODE. One can decompose V;,(p) into
Vi(p) = Vi (p) + Vi(p) ,

where V¥(p) is the particular solution, and V{°(p) is the homogeneous solution. The

particular solution is

1
V2 (p) = — (A= 9),

and the homogeneous solution takes the following form:

— 1+ 1—
Vi(p) = Clﬁl “V1-p u+02\/1_)1+“v 1-p g )

u:\h+§ﬁéiz>1, (3.14)
S

and the coefficients ¢; and ¢, are determined by boundary conditions.

where
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The following lemma characterizes some properties of Vj(p):
Lemma 3.4 Vj(p) is increasing and convex.

Proof. See Appendix. =
Since the state variable for a hedge fund is p, endogenous exit decisions by hedge
fund managers depend only on p. Define the set of p where hedge fund managers

choose to exit:

En = {p|Vp(p) = 0} .

Since V4(0) = 0, the exit set F}, of hedge funds is always nonempty, unlike the exit set
E,, of mutual funds which may (or not) be empty. The set F) is fully characterized

by pt_ as follows:

Ey={plp<pt}, (3.15)

since V},(p) is increasing in p. In continuous time, hedge fund managers choose to exit
immediately after p reaches p" and, hence, p?, is the exit threshold for hedge fund
managers. Therefore, hedge fund managers choose to exit if their skill is perceived as
low.

At p = 0 and p = 1, the manager’s type is fully revealed, and there is no additional

learning about her skill. As a result,

Va(0) = max{—¢dt+ (1 — rdt — Adt)Vi(0),0} =0,

Vi(1) = max{(Ap — ¢)dt + (1 — rdt — Adt)Vx(1),0} = max { ilﬂh;)\(b, O} .

If V4(1) =0, p, = 1 and Vj(p) is uniformly zero. If V;(1) > 0, ie., Ay > ¢, p, < 1
and ¢, = 0. The smooth pasting condition at p = p?_ further pins down ¢; and p”, as

follows:

: (3.16)

and

(3.17)




where p is defined in (3.14). p!_ is increasing in f’: and p. Therefore, the exit set F},

of hedge funds diminishes as Aj, increases:
Proposition 3.14 For Ap1 > Apz, En(Ar1) C En(Ang)-

Proof. It is straightforward from (3.15) and (3.17). =

3.4.4 Stationary equilibrium

Since there are two types of AM markets, the a stationary equilibrium must be re-
defined. The state variables for an individual mutual fund manager are p and ¢, and
the state variable for an individual hedge fund manager is p. The aggregate state of
the economy is the distribution of agents across states in mutual fund markets and
hedge fund markets.

In order to define the aggregate state variables formally, define the state space for
an individual manager. The sfate space of a mutual fund manager is the Cartesian
product S,,, : [0,1] x [0,00) with Borel o algebra B,,, and that of a hedge fund is
Sy : [0, 1] with Borel o algebra By,. For any set Sp, € B, pm(Sm) is the measure of
mutual fund managers in the set S,,. Similarly, for any set Sy € By, pr(Sk) is the

measure of hedge fund managers in the set Sy.

Definition 2 A stationary equilibrium is value functions V,, : Sy, — Rso and V, -
Sk — Rxq; the base surplus A, the additional surplus for hedge funds & and the average

naive capital inflow rate b; and stationary measures p}, and p; such that

o Given (A, Ap,b), Vin(p, q) and Vi(p) are value functions of mutual fund man-

agers and hedge fund managers, respectively.

o Given pX, and p;, Ny = [ [ p(p,§)dpdG and Ny = [ p;(p)dp are consistent
with the values of (An, Ap,b) by (3.4) and (3.12).

e Prospective managers arrive with. the prior skill distribution F(p), and chooses
to enter mutual fund markets if V,,(p,0) > Vi(p) and V,,(p,0) > ®, and enter
hedge fund markets if V,,(p,0) < Vi(p) and Vi(p) > ®.
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o Mutual fund managers choose to ezit if Viu(p, q) = 0, and hedge fund managers
choose to ezit if Vi(p) = 0. In addition, existing managers exogenously exit

under the Poisson process with probability Adt between t and t + dt.

e pr. and p; are invariant under entries, erits and the transition of states of

existing managers, given by

dp=sp(l—p)dZ , dj=(b—nd)dt+ /7 (odW + szZ) .

3.4.5 Entries

A prospective manager with probability p of being H-type compares V,(p,0) and
Vi(p), and chooses to enter an AM market with a higher value of fee profits, as long

as the participation constraint
max{Vn(p,0), Va(p)} — © >0 (3.18)
holds. Define p}, and p; such that
Vin(P, 0) = Va(ph) = . (3.19)

A stationary equilibrium imposes the following conditions:

Lemma 3.5 In a stationary equilibrium, both p}, and p} exist, and are unique, re-

spectively. Vy,(p,0) or Vi(p) cannot dominate the other, i.e.,

Vm(p’ 0) > Vh(p) ) vp > p:;z )
or

Vn(p,0) < Va(p) , VYp>p},
s inconsistent with a stationary equilibrium.

Proof. See Appendix. =
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From this lemma, one can prove the following proposition straightforwardly:
Proposition 3.15 In a stationary equilibrium, A, > Ap,.

Proof. See Appendix. =

This proposition implies that in a stationary equilibrium, hedge fund managers
generate more value than mutual fund managers do. Mutual fund managers enjoy
additional fee profits when they succeed attracting sufficient capital from unsophisti-
cated investors, but hedge fund managers are always fairly compensated. Therefore,
for prospective managers to be motivated to enter hedge fund markets, they must be
able to generate greater value in hedge fund markets than they are in mutual fund
markets.

This result implies that the sensitivity of the entry value to the perceived skill of
the manager is generally lower for mutual funds than for hedge funds. The following

lemma justifies this statement.

Lemma 3.6 The sensitivity of the hedge fund entry value to the perceived skill of the

manager satisfies
Ap,

Vi(p) < ——
h(p)—T-*—)\’

where the equality holds for p = 1. On the other hand, the sensitivity of the mutual

fund entry value to the perceived skill of the manager- satisfies

oV,
m(p» 0) < Am < Ah
Op r+A T+ A

for all p.

Proof. See Appendix. m
This lemma shows that the maximum sensitivity of the entry value to the perceived
skill is strictly higher for hedge funds than for mutual funds. However, V}/(p) cannot be

strictly higher than 3\/13—;1),0) for all p > p*_, because otherwise V},(p) strictly dominates

ex)?

Vim(p, 0). Still, the sensitivity of hedge fund entry value to skill (p) is strictly higher
than that of mutual fund entry value for high p.
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A high-skilled (high p) manager generates more value by managing a hedge fund,
and the value of her fee profits is more sensitive to her skill when she manages a
hedge fund, compared to the case where she runs a mutual fund. This implies that
better-skilled (with higher prior p of being skilled) prospective managers tend to enter
hedge fund markets. Although this sounds intuitive, it is hard to formally prove that
in general cases, mainly because V(p, §) does not have an analytic form.

In order to formally prove that high-skilled prospective managers choose to enter
hedge fund markets, I make an additional assumption: the signal-to-noise ratio s of
managers’ skill is sufficiently small. This is a reasonable assumption considering how
noisy the actual track records of asset managers are. The following Lemma defines

what sufficiently small s means.
Lemma 3.7 There exists signal-to-noise ratio s = 5 such that for all s < 3

* Am
Vh’(ph§ s) > PO

where p}, is defined in (3.19).

Proof. See Appendix. m

Given that the signal-to-noise ratio s being sufficiently low, prospective managers
sort themselves based on the investor sophistication: high-skilled managers enter
hedge fund markets, and low-skilled mangers enter mutual fund markets. This is

proved in the following proposition:

Proposition 3.16 Suppose that s is smaller than 5 as defined in Lemma 8.7. There
ezists 0 < p < 1 such that prospective managers with p € (pk,,p) enter mutual fund

markets, and prospective managers with p € (p, 1] enter hedge fund markets.

Proof. See Appendix. m
The intuition is, when s is low, the value of the exit option for hedge fund managers

becomes small. This implies that the sensitivity of the value of hedge fund fee profits

to skill (p) is close to the maximum slope % as long as the perceived skill p is

sufficiently far from the exit threshold p”,. Therefore, the slope of the hedge fund fee
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value with respect to p is strictly greater than the slope of the mutual fund fee value
for most values of p. Since hedge fund markets compensate managers’ skill better
than mutual fund markets do, high-skilled managers enter hedge fund markets.
When the mutual fund exit set E,, is empty, it is also possible to prove that
prospective managers strictly sort themselves based on the investor sophistication,

regardless of the value of s. This is proved in the following proposition:

Proposition 3.17 Suppose that the mutual fund exit set E,, is empty. There ezists
0 < p < 1 such that prospective managers with p € (p},,p) enter mutual fund markets,

and prospective managers with p € (p, 1] enter hedge fund markets.

Proof. See Appendix. m

Since the value of hedge fund fee profits tends to be more sensitive to skill com-
pared with the value of mutual fund fee profits, prospective managers with higher
skill tend to enter hedge fund markets.

While unskilled hedge fund managers eventually choose to exit as they reveal their
(lack of) skill, unskilled mutual fund managers may survive as long as they attract
sufficient naive capital. In the limit of zero operating costs, the attrition rate of hedge

fund managers is strictly higher than that of mutual fund managers.

Corollary 3.7 In the limit of ¢ — 0, the hedge fund attrition rate is strictly greater

than the mutual fund attrition rate.

Proof. See Appendix. =
In summary, hedge fund markets are characterized by relatively high-skilled man-
agers attracting smart money. On the other hand, mutual fund markets are charac-

terized by relatively low-skilled managers attracting naive money.

3.4.6 Existence and uniqueness of a stationary equilibrium

When there are two types of markets, formally proving the existence and/or the
uniqueness of a stationary equilibrium is quite difficult. The primary reason is that

prospective managers choose between those two types when they enter. The binary
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choice does not guarantee continuous changes of entry decisions as equilibrium pa-
rameters change infinitesimally. The proof of the existence and/or the uniqueness of
a stationary equilibrium relies on such continuity (see the proof of Proposition 3.12).

For example, consider an extreme case where V,,(p,0) = Vi(p) — § where 0 is
infinitesimal. In this case, all entries of prospective managers are into mutual fund
markets. Now suppose that A increases slightly. In this case, prospective managers
choose to enter hedge fund markets only. This example highlights why small changes
in equilibrium parameters may not translate into small changes in entries. While
that example is quite extreme, without knowing properties of V,,(p,0) sufficiently, it
is hard to exclude discontinuities in entry decisions.

Therefore, when there are two types of markets heterogeneous in investor sophis-
tication, I provide a limited set of results regarding the existence and uniqueness of
a stationary equilibrium. For example, Proposition 3.16 shows that, for s lower than
5 defined in Lemma 3.7, there exists a cutoff of the prior skill such that prospective
managers with skill higher than the cutoff enter hedge fund markets, and prospective
managers with skill lower than the cutoff enter mutual fund markets. Such sorting of
prospective managers is helpful for proving the existence and uniqueness of a station-
ary equilibrium, because the structure (sorting) guarantees the continuity of entry
decisions. However, since § depends on the values of A,, and Ay, it is possible that
there is no finite 5 that guarantees the sorting of prospective managers for the entire
space of A,, and A,. In an extreme case where s — 0, the result of Proposition
3.16 always holds. Therefore, I prove the existence and uniqueness of a stationary

equilibrium in this extreme case:

Proposition 3.18 In the limit of s — 0, there exists a stationary equilibrium and it

18 unique.

Proof. See Appendix. =
Similar to Proposition 3.18, I consider an extreme case where the assumption of
Proposition 3.17 always holds. The mutual fund exit set E,, may be either empty or

nonempty depending on the value of b. The only case where the mutual fund exit set
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is always nonempty regardless of b is the limit case of zero operating cost: ¢ — 0. I

prove the existence and uniqueness of a stationary equilibrium in this extreme case:

Proposition 3.19 In the limit of ¢ — 0, there exists a stationary equilibrium and it

1S unique.

Proof. See Appendix m
Note that these results are in limited cases, as opposed to the general proof of
the existence and uniqueness of a stationary equilibrium in Proposition 3.12 when

markets are homogeneous in investor sophistication.

3.4.7 Numerical Examples

I use the baseline parameter choices given in (3.11) for the mutual fund industry. In

addition, I make the following parameter choices for the hedge fund industry:
An=06, hy(Ny) =N, (3.20)

Vin(p,0) and Vj(p) are plotted as follows:
[See figure 5]

Entries to mutual fund markets and hedge fund markets among all prospective man-

agers are characterized as
[See figure 6]

The stationary equilibrium distribution of mutual fund managers in (p, §) is
[See figure 7]

The stationary equilibrium distribution of hedge fund managers in p is

[See figure 8]
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3.5 Regulatory Implications for Retail Investor Pro-

tection

This discussion has implications (although limited) for regulations regarding retail in-
vestor protection. One crucial caveat is that this chapter does not provide a rationale
for retail investor protection, since financial transactions are merely the redistribu-
tion of wealth and do not necessarily improve the aggregate welfare. In addition, this
chapter does not address how the structure of AM markets affects the efficiency (or
price discovery) of asset markets. Therefore, no regulatory implications are offered
regarding welfare, and the regulatory focus is limited to identifying and elucidat-
ing effective measures for retail investor protection. Such are the limitations of the

regulatory implications of the chapter.

3.5.1 Protection of unsophisticated investors

In this chapter, sophisticated investors always break even since they only invest in
fairly priced active funds or passive benchmarks. In contrast, unsophisticated in-
vestors lose wealth when they invest their capital (naive capital) in underperforming
(overpriced) funds. While those investors can improve the outcome by investing in
passive benchmarks with similar risk characteristics, why they do not switch is not
the focus of this chapter. On the other hand, unsophisticated investors can break
even by investing in fairly priced funds. Therefore, the aggregate wealth transfer
from unsophisticated investors to active funds depends on how much naive money is
allocated to overpriced funds.

Whether a fund is overpriced, or not, depends on the skill of the manager and
the amount of invested naive money. By Proposition 1.1, a fund is less likely to be
overpriced when the (perceived) skill of the manager is high, and when the amount
of invested naive money is small. Translating this statement into the language of
the model, a fund is less likely to be overpriced when A, the amount of value per

time that a skilled manager generates, is high, and b, the average naive capital inflow
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rate to a fund, is low. In addition, low b reduces naive money allocations to the
fund. At the individual fund level, the protection of unsophisticated investors seems
straightforward: encourage active funds to generate more value, and prevent them

from attracting unsophisticated investors.

However, regulations that affect the incentive structure of active funds may also
affect those funds’ entry and exit decisions. Specifically, entries of unskilled managers
and their survivorship are of particular concern. While unskilled managers enter AM
markets with a certain expectation of having skill, their true skill is revealed as their
track records accumulate. Therefore, funds run by unskilled managers are more likely
to become overpriced, and eventually are overpriced when their (lack of) skill is fully
revealed. If those managers survive in the long run, they negatively influence the

wealth of their (unsophisticated) investors for long periods.

Therefore, regulations that aim to protect retail investors must take into account
both the intensive margin (individual funds being overpriced and receiving more naive
capital) and the extensive margin (more entries of unskilled managers and their long-
term survivorship). In particular, high A decreases the probability of individual
funds being overpriced, but increases entries of unskilled managers. In contrast, low
b decreases the probability of individual funds being overpriced, discourages entries
of unskilled managers, and reduces the long-run surviviorship of unskilled managers.
Regulations that intend to influence one of them (e.g., raise or lower A) may also
affect the equilibrium value of the other (the value of b) through competition among

funds.

Regulations affect the industry-wide parameters (e.g., A, a parameter governing
the aggregate amount of value creation, and b, a parameter influencing the aggregate
naive money inflow), and may change the industry equilibrium. For example, regula-
tions that restrict the value-generating activities of active funds (e.g., strict disclosure
rules) can be thought of as decreasing A, and may discourage entries of unskilled man-
agers by raising the entry threshold p*. However, such regulations can increase the
long-term survivorship of unskilled managers by increasing b. This type of regulation

may be detrimental to the wealth of unsophisticated investors. On the other hand,
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regulations that discourage active funds from attracting capital from unsophisticated
investors (e.g., fiduciary rules for brokers and advisors) can be regarded as lowering b.
Such regulations may reduce entries of unskilled managers, and decrease the long-run
survivorship of unskilled managers (lower p* and lower b). This type of regulation is
likely to be beneficial to the wealth of unsophisticated investors.

Another regulatory implication of this chapter is that regulations for one type of
AM market (e.g., the hedge fund industry) may affect other types of AM markets (e.g.,
the mutual fund industry) in the long run. For example, imposing strict regulations on
the hedge fund industry may decrease the profitability of individual hedge funds, and,
as a result, induce better skilled prospective managers to enter mutual fund markets.
In the long run, this may increase the competition in the mutual fund industry, and,
hence, lower the long-term survivorship of unskilled managers. Regulations for the
AM industry must take into account the long-run interactions among different types

of AM markets.

3.5.2 Fee structure

The model does not address how funds make fee choices, mainly because endogeniz-
ing fee choices involves modeling how unsophisticated investors respond to fees. Such
modeling requires additional specific assumptions about the behavior of unsophisti-
cated investors, and these assumptions are not easy to justify, particularly because
this chapter studies industry equilibria. Different industry equilibria correspond to
different degrees of competition, and it is hard to imagine that the way in which
unsophisticated investors react to fees stays unchanged when competition in the AM
industry becomes more (or less) fierce.

While there is a clear reason why this chapter does not model fee choices, its
framework can address a certain aspect of mutual fund fee choices. The Investment
Company Amendments Act of 1970 in the US prohibited mutual funds from charging
asymmetrical performance fees. As a consequence, in the US, mutual funds face a
restricted set of fee choices: flat fees, which are overwhelmingly used in the mutual

fund industry, or fulcrum (symmetrical) fees, which are employed by only a handful
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of mutual funds. Since only a tiny portion of US mutual funds adopt fulcrum fees,
researchers find it difficult to conduct meaningful empirical investigations on the fund
choice of fee structure, not merely the level of fees.

Under an additional assumption, this chapter can show that mutual funds prefer
flat fees to fulcrum fees. Between t and ¢ + dt, a fund may charge a proportional fee

of
fratar = fdt +(dri®)

where drg® is the net return of the fund between ¢t and ¢ + dt excess the benchmark.
(z) is an arbitrary increasing function® satisfying 1(z) = —¢(—z), since mutual
funds in the US are restricted from charging asymmetrical performance fees. One
crucial assumption that I make is that unsophisticated investors only pay attention
to f, i.e., the fixed component, and their capital flows to a fund only depend on f.
Note that this is a fairly strong assumption.

Suppose that a fund may choose its fee schedule once at entry, and cannot change
it afterwards’. The following proposition proves that the fund (strictly) prefers flat

fees to fulcrum fees.

Proposition 3.20 Suppose that flows of naive capital only depend on f (the fized

component of fees). At entry, managers choose flat fees over symmetrical fees, i.e.,
P(dri®) =0

1s the optimal fee choice for managers.

Proof. See Appendix. =
The intuition of Proposition 3.20 is as follows: symmetrical fees hurt funds when
the funds are expected to underperform, while fee structure does not matter (for fee

revenues) when the funds are expected to perform the same as the market. Therefore,

61 only consider fees that monotonically increase in performance. Fees that do not belong to this
class (e.g., fees that locally decrease in performance) may cause serious moral hazard problems (e.g.,
managers intentionally lowering their performance in order to receive higher fees).

"This assumption is not needed, but adopted for illustrative purpose. The conclusion does not
change even if funds may change the fee schedule continuously.

136



symmetrical fees reduce the value of fee profits, by lowering fee profits when the
managerial skill is overpriced. When funds are restricted to charging symmetrical
fees, those funds find it optimal to choose flat fee structures, since that maximizes the
amount of fees that those funds can extract from unsophisticated investors. Although
the result of Proposition 3.20 relies on the strong assumption that naive capital only
depends on f, the result still holds if the behavior of unsophisticated investors is
sufficiently insensitive to the choice of ¥(-)8.

This discussion points to the possibility that active funds choose their fee struc-
ture in order to exploit unsophisticated investors. Therefore, regulations for the AM

industry, particularly those restricting fee choices, must take this aspect into account.

Other possible explanations for fee structure choice

There are other valid explanations, from the perspective of investor rationality, for
why US mutual funds overwhelmingly choose flat fees over fulcrum fees. If investors
are rational and can freely move capital, as discussed in Proposition 3.13, fee structure
does not matter for fee profits. Yet, if managers are risk-averse and are not able to
hedge risk associated with fee profits, they may prefer flat fees to fulcrum fees in
order to receive less volatile streams of fee profits. Another explanation comes from a
view that fee contracts are means of aligning the incentives of the principal (investors)
and the agent (managers). If symmetrical performance fees discourage managers from
taking actions that are beneficial to the investors, and/or encourage managers to take
actions that are detrimental to the investors, the optimal fee contract can take the
form of flat fees.

There is a study by Drago, Lazzari and Navone (2010) that challenges these ex-
planations. The authors examine the fee structure choice of funds in Italian mutual
fund markets, where no (significantly) restrictive regulations for fee structure existed
until 2006. Their study documents that, in the Italian equity mutual fund industry

before 2006, the “bonus plan”, i.e., fixed fees plus rewards for outperforming (but no

8Under a cheap assumption that unsophisticated investors “hate” nontrivial (-), the result holds
as well.
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penalties for underperforming), is the standard fee structure and no funds employ
fulcrum fees. Those explanations based on investor rationality need to account for
both why funds (strictly) prefer flat fees to symmetrical fees, and prefer asymmetrical
fees (the bonus plan) to flat fees.

There may be other explanations for such fee structure choices. One possibility is
that those fee choices are path-dependent: once the industry standard is set up, new
funds cannot easily adopt other fee structures. Another explanation is that the differ-
ence in fee choices comes from, for example, heterogeneity in investor characteristics
between the US and Italian mutual fund industry. While these types of explanations
are valid, those hypotheses are not easily verifiable (or falsifiable), and violate the

expected universality of economic perspectives.

3.6 Discussions and Conclusions

This chapter concerns only the extensive margin, i.e., entries and exits of funds, but
not the intensive margin, i.e., actions other than entries and exits that individual
funds may take. In contrast, chapter 2 deals only with the intensive margin. It
would be interesting to study the interactions between the extensive margin and the
intensive margin in the context of the industry equilibrium, which remain a topic for
future research.

I would like to note that labor market dynamics are not dealt with, since one of
the underlying assumptions of the model entails the fixed distribution of the prior skill
of prospective managers regardless of how competitive AM markets are. However, in
reality, it is hard to imagine that the supply of prospective managers is unaltered by
the degree of competition in the AM industry. For instance, when skilled managers
are relatively highly compensated due to comparatively low competition, those who
are sufficiently competent outside AM markets are prone to enter the labor market,
expanding the supply of skilled prospective managers. Numerous questions on the
interactions between the AM markets and the labor market for prospective managers

remain to be explored, both theoretically and empirically.
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In conclusion, this chapter proposes a model that associates naive money with
entry and exit decisions of active funds. Under a small set of modest assumptions,
this chapter offers insights into the structure of the AM industry by examining the
industry equilibrium. These insights may be useful for evaluating the impact of

regulations that are designed to protect retail investors.
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Figures

Figure 1: Value of fee profits

The following figure plots the value of fee profits as a function of the probability p
of being H-type and the amount of invested naive money ¢. Parameter choices are

given in (3.11).
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Figure 2: Entry threshold

The following figures plot the density distribution of the prior skill of prospective
managers. The left figure plots the density distribution for all prospective managers,
and the right figure plots the density distribution for managers who choose to enter

the AM industry. Parameter choices are given in (3.11).
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Figure 3: Exit threshold

The following figures plot the exit threshold as a function of the probability p of being

H-type. Parameter choices are given in (3.11).
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Figure 4: Distribution of managers

The following figure plots the stationary equilibrium density distribution of managers

in p and ¢. Parameter choices are given in (3.11).
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Figure 5: Heterogeneous AM markets - Value of fee profits

The following figure plots V,,(p, ¢), Vi(p) and the entry threshold. Parameter choices

are given in (3.11) and (3.20).
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Figure 6: Heterogeneous AM markets - Entry decisions

The following figures plot the density distribution of the prior skill of prospective
managers. The left figure plots the density distribution for all prospective managers,
and the right figure plots the density distribution for managers who choose to enter
the mutual fund industry and hedge fund industry. Parameter choices are given in

(3.11) and (3.20).
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Figure 7: Distribution of mutual fund managers - Heterogenous

AM markets
The following figure plots the stationary equilibrium density distribution of mutual

fund managers in p and q. Parameter choices are given in (3.11) and (3.20).
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Figure 8: Distribution of hedge fund managers - Heterogenous

AM markets

The following figure plots the stationary equilibrium density distribution of hedge

fund managers in p. Parameter choices are given in (3.11) and (3.20).
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Appendix

Proofs
Proof of Lemma 3.1

V(p, §) is the fixed point of the following map:
Tf(p,q) = max {(max{pA, fg} — ¢)dt + (1 — rdt — \at)E[f(p’,d)Ip,q],0} , (3.21)
where

Plp = p+sp(l—p)dZ,
il = 6+(b—n(j)dt+\/§(adW+ade),

where Z is a standard Brownian motion. The contraction mapping theorem guaran-
tees that

V(p,q) = Jim T/ (p,q)
for an arbitrary function f(p, q).

Suppose that f(p, 7) is an (weakly) increasing function in p and ¢. For p; < po,

Elf(,q)lp,a <E[fP,q)|p2al

since p’|p, first-order stochastically dominates p’|p; asymptotically as d¢ — 0, and

the distribution of ¢’ is unaffected. As a result,

Tf(p1,q) = max {(max{p A, f§} — ¢)dt + (1 — rdt — M)E[f(?',§)Ip], 0}
< Tf(p2,q) = max {(max{psA, fG} — @) dt + (1 — rdt — M)E [f(p',7)|p2] , 0} ,

since max{p 4, fq} < max{p2A, fq}. Hence, T maps an increasing function in p to
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an increasing function in p. Similarly, for § < §o,

E [f(pla q’)|p7 ql] < E {f(p’a (j,)lpa 62] )

since §'|g» first-order stochastically dominates ¢'|¢; asymptotically as dt — 0, and
the distribution of p’ is unaffected. As a result, together with max{pA, f:} <
max{pA, fGa},

Tf(p,q) <Tf(p, ) -

Hence, T maps an increasing function in ¢ to an increasing function in §. Since f(p, §)
is increasing in p and ¢,

V(p,§) = lim T f(p, §)

is increasing in p and ¢ as well.

Proof of Lemma 3.2
Given the same map T as in (3.21), suppose that f(p,q) is (weakly) convex in the

direction of (sp(1 — p),0v/q) at each (p, q). For an arbitrary point (p, §), define

(p1, @) = (p, @) — (0p,0G) , (P2, @) = (P, §) + (6P, 0G) ,

where dp and §¢ are infinitesimal and

(5}), 6(7) & (Sp(l —p),O’z\/ZI:) :

The order of magnitude of dp and 4q is set to be the same as or smaller than that
of dt. This assumption on the magnitude of dp and d§ guarantees that first- and
second-order derivatives of V(p, §) are constants in an infinitesimal region within dp
and 4q.

I first show that the following holds:

fa—

E[f#,@)lp,d < SE[f(P, T )lpr, @] + %E [f(', @ )lp2, @]
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i.e.,, E[f(p,d)|p,q) is locally convex in the direction of (sp(1 — p), o/q). Expanding
the LHS yields

E[f(¥,{)lp,qd] = E [f (p + sp(1—p)dZ, G+ (b— nq)dt + f (adw + ode))]

oq 2 8p2
10%f(p, g . f(p,q -
+§__](;_(qz_q)( 2y UE)Q+ ——a%q—)sp(l —p)az\/&] dt
+O(Wdr) .

Similarly,

SEUG, o dil + 5B, ), &)

- l(f(p1,61)+f(pz,§2))+[8f(p’q)(b— i)+ 3 2L0D 21—y

A0 s 0

If f(p, §) is strictly convex at (p, ) in the direction of diffusion dZ in p and §, i.e.,

Pfpa) f(pa)

_ op? poq Sp(l - p)
sp(l-p) o] | oo T >0,
zaf;fgéQ) Ef;l(?g,q) o, \/5

the following is (strictly) positive:

E[f(®,q)lp1, @] + E[f(p’ @)p2, 2] —E[f(¥',)Ip, ]
{azf(p, 57 +25’2f(p,<1)(s 5~+32f(P,Q) 62]

N = b —

apag P T g
+ max{O(6p*dt), O(6¢%dt)} .

If f(p,q) is flat at (p, §) in the direction of the diffusion dZ in p and ¢, i.e.,

2 /(pa) 82f(p,_62:| [Sp(l _ p)}

= Op opdq

[sp1-p) o] |,
f(p.d) *f(p.d) =
Bpg(}q &;z)q Uz\/a

=0,
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then

SE[W, Dl @] + 5Bl ]~ B, Dlp.d

S g; D (6 i) + (b — i) — 206 — n@)) dt
+%a‘2%(;;_®02 (@ + & — 29) dt + max{O@pVat ), 0(FVdt )}

= max{O(p2Vdt ), OBFVdL)} .

Hence, the second-order derivative of E[f(p/,¢)|p,q] in the direction of (sp(l —
=\ . 3 . . ..
p),0:1/q) is at the order of v/dt or smaller. In the continuous-time limit where
terms of the order of dt dominate, the second-order derivative is zero. Therefore,

E[f(®,d)|p,q] is convex in the direction of (sp(1 — p), 0,1/9).

Note that this logic cannot be applied to (dp,dG) that is orthogonal to (sp(1 —
p),0:/q). If f(p,q) is strictly convex in the direction of (sp(1 — p), 0.4/q), but flat
in the orthogonal direction, the second-order derivative of E[f(p/,§')|p, q] in the or-
thogonal direction may be negative at the order of dt. Although one starts from
strictly convex f(p,§) (in all directions) in order to avoid such a situation, the limit
T*f(p, §) as k — oo may be weakly convex, since the set of strictly convex functions

is not closed. Hence, E [’]I‘k &, d)p, (j] may be locally concave in the direction that
is orthogonal to (sp(1 — p), 7,1/q).

Having proven that E [f(?, ¢')|p, ] is convex in the direction of (sp(l — p), 7./q)
if f(p, ) is convex in that direction, I next prove that T f(p, §) is convex in the same

direction. Since

max{pA, fq}

is a convex function,

(max{pA, fG} — ¢) dt + (1 — rdt — Ad)E[f(p', §)]

is convex in the direction of (sp(1 — p),o,v/q). Since taking the pointwise maximum

150



of two functions preserves convexity,
T/(p,§) = max {(max{pA, f§} — ¢) dt + (1 — rdt — Mdt)E[f (¥, )Ip, d] , 0}

is convex in the direction of (sp(1 — p), 0.4/q) in the continuous-time limit.
Since the map T preserves the convexity in the direction of the diffusion dZ in p
and gq,
V(p,d) = Jim T*/(p,3)

is convex in the direction of (sp(1 —p), 0./q).

Proof of Proposition 3.1

Since V(p, §) is nonnegative and increasing in p and ¢, if V(p/,§) =0, V(p",§") =0
for all p” < p’ and ¢ < ¢. Suppose that (p;,q1) is on the curve § = h(p), ie.,
V(p1,q’) > O for all ¢ > ¢ and V(p;,§’) = 0 for all § < ¢;. In addition, suppose that
the curve is (strictly) upward sloping at (pi1, 1), i.e., there exists (ps, G2) on the curve
g = h(p), where p2 > p; and §» > G;. However, this implies V(p1, §2) = 0, which leads
to a contradiction. Therefore, § = h(p) is downward-sloping.

Since limg o V(p, §) — 00, the continuity of V(p, §) implies that there exists ¢’
such that V(0,q¢) > 0. Therefore, § = h(p) crosses the g-axis at some ¢ < ¢'. If
G = h(p) does not cross the p-axis, V(p,0) is uniformly zero. This implies that there
is no entry, which contradicts a stationary equilibrium. Therefore, § = h(p) crosses

the p-axis at some 0 < p < 1.

Proof of Corollary 3.1

At ¢ = 0, the direction of diffusion dZ is in the direction of p-axis. Therefore, Lemma
3.2 implies that V(p,0) is convex in p. pe, does not exist if and only if the set E is
empty by Proposition 3.1.

If pe, does not exist, I first show that V' (dp,0) > V' (0, 0) for an arbitrary small dp.
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In order to show this, note that

TD
V(0,0) = E UO e (i — 0) du

(70=0j| )

where the right-hand side is strictly greater than zero from the definition of E. Since £

is empty, TP is solely determined by the Poisson (exogenous) exit process. Similarly,

TD
V(op,0) =E [ / e~ ™ (max{puA, fGu} — @) du|py = ép,Go = 0
0

Since E is empty, the process that determines TP is the same as that of V/(0,0). Since
the process of g, is independent of py, and the distribution of p, given pg = dp has a

positive probability for p, > 0,
V(ép,0) > Vv(0,0)

for an arbitrary small dp. Therefore, V(p,0) is strictly increasing in p at p =0, if £
is empty. Then, the convexity of V(p,0) yields

aV(p,0) S

0, Vp>0
ap ? p> ’

This proves that V(p,0) is strictly increasing if p., does not exist.

If pe, exists, by the definition of pey, for p > pes,
V(p,0) > V(pes,0) =0.

This implies
9V (p,0)

>0, Vp> Per,
Bp ) pP~>D

due to the convexity of V(p,0). Therefore, V(p,0) is strictly increasing for p > pe,.
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Proof of Proposition 3.2

Suppose p* does not exist, i.e., there is no p satisfying
V(p,0)=o.

Since V(p,0) is (weakly) increasing, this implies that either V(p,0) < ® for all p €
[0,1], or V(p,0) > @ for all p € [0, 1].

If V(p,0) < @ for all p, the participation constraint (3.7) does not hold for any
prospective managers. In this case, there is no entry and, as a result, no managers re-
main in the AM industry since existing managers eventually exit. This is inconsistent

with a stationary equilibrium because of assumption (3.5).

If V(p,0) > @ for all p, the participation constraint (3.7) holds for all prospective
managers. In this case, an infinite number (measure) of prospective managers enter
AM markets because of assumption (3.3). Since V(p, §) > ® > 0, funds do not choose
to exit and, as a result, the number (measure) of existing managers becomes infinite.

This is inconsistent with a stationary equilibrium because of assumption (3.5).

Given the existence of p*, the uniqueness naturally follows from Corollary 3.1.
Since V(p, 0) is strictly increasing for V(p,0) > 0, if p* exists, i.e., V(p*,0) = & > 0,
it is unique. Since V(p,0) is increasing, any p € [p*, 1] satisfies the participation

constraint (3.7).

Proof of Corollary 3.2

As t; — oo, p;; converges to 1 almost surely. If p., exists, since p,, < p* < 1
by Proposition 3.2 and V(1,q) > V(p,§) > V(p,0) by Lemma 3.1, V(1,§) > 0 by
Corollary 3.1 and the fund never chooses to exit. If p., does not exist, the set E

defined by (3.6) is empty by Proposition 3.1, and any fund never chooses to exit.
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Proof of Lemma 3.3

Consider A; > A,. Since the process of p; and ¢; do not depend on the value of A,

fee profits for A; at any s > ¢

IIla.X{psAh f&s} - ¢

first-order stochastically dominate those for A;. Hence, for any (p;, g;), the value of

fee profits for A; is greater than the value of fee profits for A,, i.e.,
V(pty qh Ala b) ..>. V(pt) qta A?a b) . (322)

Therefore, the set E(A;,b) defined by (3.6) is a subset of F(As,b). Suppose this is

not the case, i.e., there exists (p/,¢’) such that
V(p,7 q,v A17 b) >0 ) V(pl) (7, A?a b) =0 )

which violates (3.22), and is a contradiction.

Similarly, consider b; > by. Given ¢,

gs(b) = ¢ —i—/ (b — nGu)du +/ \/(j—u ((Tqu + adeu) , Vs>t.
t t

gs(b1) first-order stochastically dominates §;(b2) for all s > ¢. As a result, fee profits

for by at any s >t
max{p,; A, f§s(b1)} — ¢

first-order stochastically dominates those for b,. Hence, for any ¢;, the value of fee

profits for b, is greater than the value of fee profits for b, i.e.,
V(pta (’Ivta Au bl) 2 V(ptu qh A7 b2) . (323)

Therefore, the set E(A,b;) is a subset of F(A,bs). Suppose this is not the case, i.e.,
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there exists (p/, ) such that
V(P,q;4,01) >0, V(@,q54,b)=0,
which violates (3.23), and is a contradiction. Consequently, for all A’ > A and b > b,
E(A"b) C E(A',b) C E(A)D) .

Proof of Proposition 3.3

Given §,°,
G.(b) = G + / (b — ) du + / Viu(0dWo + 0.dZs) , Vs> t.
t t

For by > bs, Gs(b1) first-order stochastically dominates g,(b;) for all s > ¢. In addition,
by Lemma 3.3, the exit threshold at p = 0 is lower for b, than for b,. Therefore, since
ds(b1) first-order stochastically dominates gs(b2), and the exit threshold for g,(b;) is
lower than that for g;(b2), the probability of an unskilled manager’s survival is higher
for b, than that is for by, at any s > ¢.

Denote the cumulative probability distribution function of survival time, condi-
tional on the survival at ¢, by F'(u|t), where the support is (¢,00). The probability of
an unskilled manager’s survival at s > t (conditional on the survival at t) is closely

related to the distribution of the survival time in the following way:
P(survival between ¢ and s) =1 — F(slt) .

Therefore, the statement that the probability of an unskilled manager’s survival is

higher for b, than that is for b, at any s > t is equivalent to

F(s|t; Ay, b)) < F(s|t; A2, b2) , Vs>t,

9In this equation, the physical Brownian motion Z; is used instead of the “perceived” Brownian
motion Z;, because the physical distribution is determined by Z;, not Z;. At p; =0, dZ; = dZ; for
unskilled managers by (1.1).
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i.e., the survival time of surely unskilled managers for b, first-order stochastically

dominates that for by, given g;.

Proof of Corollary 3.3

Given the prior skill pg fixed, the process of p;, conditional on survival, is independént
of A and b. The process of §; does not depend on A, but does depend on b. Given

60 = 07
t t
G.(b) = / (b — nd.)du + / Vau (0dWy + 0. (—spudu+ dZ,)) , Vt>0,
0 ’ 0

by (1.1). Hence, G;(b1) first-order stochastically dominates ¢;(b2) for all t > 0. In
addition, by Lemma 3.3, E(A;,b;) is a subset of E(Az, bo). Therefore, the probability
of an unskilled manager’s survival for (Aj,b,) is higher than that for (A, bo) at any

point of time.

Proof of Proposition 3.4

Since by > by, regardless of the values of A; and As, there exists p, such that h;(p) <
ha(p) for all 0 < p < p,, where h(p) is defined by Proposition 3.1. Consider an
arbitrary small p.. The perceived skill p (the probability of being H-type) of unskilled
managers converges to 0 almost surely as their survival time grows to infinity. This
implies that there exists T, such that for all s > T, after entry, unskilled managers’
ps lies between p = 0 and p = p,, conditional on survival, with probability 1 — ¢ for
an arbitrary small ¢, both for economy 1 and economy 2.

Now consider the following hypothetical exit rule: from T, unskilled managers exit
if their ¢, is smaller than h(p) for s = T, + kAT for k = 1,2,---. The hypothetical
exit rate is strictly lower than the true exit rate, because the true exit rule imposes
that unskilled managers exit if their §; is smaller than h(p) for all s > T.. Since the

CIR process is an ergodic process, for an arbitrarily small §, there exists sufficiently
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large AT such that, under the hypothetical rule, for all £,

P(survival between T, + (k — 1)AT and T. + kAT)

(1-¢ (1 _ 5712—57 <2” 2’7h(0))) +O() +0B) +O(p) < 1,

where -y is the lower incomplete gamma function, and P indicates probability under
the hypothetical exit rule. Therefore, under the hypothetical rule, for sufficiently

small € and p,, as T grows to infinity

N
- 2
P(survival between T, and T') ~ (1 - I‘(12b)7 (2b 77h(O)) (6))
o2

Therefore, under the hypothetical exit rule, the survival probability decreases expo-

nentially in time, where the exponent is

T-T 1 /2 27
AT log (1 - ﬁf_g—)'y ( h(O)) + 0(6)) :

The actual survival rate is strictly lower than the hypothetical survival rate. Hence,

the actual survival probability asymptotically decreases exponentially or faster than
exponential functions as T becomes large. Since by > b, h1(0) < h2(0), and the
asymptotic attrition rate (for large T) is strictly lower for b; than that for . There-
fore, regardless of the survival probability at 7., there exists T such that the survival

probability of unskilled managers for b; is greater than that for b, for all s > T.

Proof of Corollary 3.4

V (0, ) solves the following ODE:
8V(0 q) 182\/(0 q)

—z (b= nd) + 3 9 (0*+02)q .

(T + /\)V(07 (‘j) (fq - ¢)
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The particular solution is

V0.0 = s (1= 2) 4 5 (D -e)

rT+A+7 n T+A\ 7

and the homogeneous solution is

~ r+XA 2b 2n . r+Xx 2b 2n .
VOO = M bl b U b b b
0,9) = ( n o2+ o2 02+a§q)+cz ( n o2+ 02 02+a§q

where M (a1, az, x) is the Kummer’s function, and U(ay, az, ) is the Tricomi confluent
hypergeometric function. Note that ¢; and c; are nonnegative because the particular
solution V%(0, §) is the hypothetical value of fee profits if the manager does not take
any action. The manager can always choose to exit, and V°(0, §) represents the value

of the exit option.

For large ¢

- 1 .
V(0,q) ~ qu ,

and this implies that ¢; = 0. For b > (—Tiw,
V*0,9) >0, V§=0.

This implies that c; = 0, since ¢ > 0 suggests that lim; ,o V(0,§) — oco. Therefore,

forb>w

1 b 1 b
V.0 =D =~y (- D)+ S5 (D-6) >0, vazo.

This implies, since V(p, q) is increasing in p and ¢,

Vip,d) >0, Vvp=>0,V5=>0.

Therefore, the exit set E is empty, and no managers choose to exit.
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Proof of Proposition 3.5

In the proof of Lemma 3.3,
V(p,§; A1, b1) 2 V(p, §; Aa, bs) (3.24)
is shown. By the definition (3.9) of p*, the following holds:
P*(A1, b1) < p*(A2,b2) .
Suppose this is not the case, i.e., p; = p*(A;,b1) > pa = p*(A2,b2). Then
V(p1,0; A1, b1) = & = V(p2, 0; Az, b2) < V(p1,0; Az, b2)

where the inequality comes from Corollary 3.1. This contradicts (3.24).

Therefore, p* is lower for (Aj, by) than for (A, by). By Proposition 3.2, prospective
managers with prior skill p € [p*, 1] choose to enter the AM industry. The measure
of entries is given by G(1 — p*), where G(1 — p) = fpl F'(p')dp' and F(p) is the
cumulative distribution of the prior skill of prospective managers. Define g(z) =
G'(x) = F'(1 — z). Then the measure of entries of skilled managers and that of

unskilled managers are, respectively,

1 1
ny = / pg(l —p)dp, np= / (1 —p)g(1 —p)dp.
P* P

Since g(x) > 0 for all x € [0,1], ny and ny are both decreasing in p*. p*(A1,b1) <
p*(As, ba) implies that

nu(A1, b)) > nu(Az,b2) , ni(Ai,b) > np(Ag,b2) .

Therefore, the measure of entries, that of skilled managers and that of unskilled

managers all increase in A and b.
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Given p*, the portion of unskilled managers is lower than 1 — p*:

1
np_np S (1 =p)g(1 ~p)dp <1_p
no mptng Jpgl=p)dp T~

When p* is lowered by an infinitesimal amount dp*, the portion of unskilled managers
among the marginally entering managers is 1 — p*. Therefore, lower p* leads to a

higher portion of unskilled managers among newly entering managers.

Proof of Proposition 3.6

Consider an increase in A: A — A’. Suppose that the number N’ of active managers

does not change in the new stationary equilibrium. This implies that
A = Ahs(N)>A, b =bhy(N)=b,

i.e., A increases and b is unchanged. By Proposition 3.5, the entry threshold p*
decreases, and by Lemma 3.3, the exit set F diminishes. Since changes in A does not
change the process of p, and §;, there are more entries and less exits compared with
the stationary equilibrium for A. This contradicts the assumption that the number
of active managers does not change.

Now suppose that the number of managers increases such that A’ is the same as

A. Denote this number by N”. This implies
A =Aha(N"Y=A, bV =bhy(N") <b,

i.e., A is unchanged and b decreases. The entry threshold p* increases, and the exit
set F expands. The process of p; does not change, but the process of ¢ (V') is first-
order stochastically dominated by §;(b). Hence, there are less entries and more exits
compared with the stationary equilibrium for A. This contradicts the assumption

that N increases.

Therefore, in the new stationary equilibrium, N < N’ < N” must be satisfied.
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Consequently, A’ > A and ¥ < b in the stationary equilibrium.

Proof of Proposition 3.7

Consider an infinitesimal increase in A: A’ = A+ §A where A > 0. Let p* be the
initial entry threshold and p’ = p* 4 dp be the entry threshold after the increase in
A, where the sign of ép is not determined. Now assume the following hypothetical
entry rule: prospective managers whose perceived skill is above p* choose to enter.
This hypothetical entry rule is different from the actual entry rule under A’ where
prospective managers whose perceived skill is above p’ choose to enter. The parameter

values A and b at N* is
A= Ahp(N*) > ARa(N*), b=bhy(N"). (3.25)

Assume the hypothetical exit rule where the exit set E(A, b) defined by (3.6) is charac-
terized by above A and b. Under the hypothetical entry and exit rules, the stationary

measure N of active managers is greater than N*:
N=N"+6N, 6N >0,

because the hypothetical entry rule is the same as that for A, and the hypothetical

exit set F is strictly smaller than that for A. The parameter values A and b at N are

A = A(ha(N*)+ W, (N*)ON) = Ahg(N*) + 6Aha(N*) + Ah/,(N*)ON |
b = b(ho(N*)+ hy(N*)6N) = bhy(N*) + bhi(N*)SN .

Since the entry threshold p*(A,b) is strictly decreasing in both A and b, there exist

ca > 0 and ¢, > 0 such that

p* = p*(Aha(N*),bhy(N*)) = p*(Aha(N*) + 6 Ahs(N*) — Acad N, bhy(N*) —beydN) .
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Note that there are infinite numbers of (ca,cy) that satisfies this condition. Given
|[Wy(N*)| < ca and |RL(N*)| < ¢, p*(A,b), where A and b are determined under the
hypothetical entry and exit rule, is weakly lower than p*(Aha(N*),bhy(N*)).

Now, consider another hypothetical entry and exit rule: prospective managers
whose perceived skill is above p* choose to enter, and the exit rule is the same as the
actual exit rule for A’. Since the actual exit set F for A’ is strictly greater than the
hypothetical exit set F(A,b) determined by (3.25), the new hypothetical measure N’

of active managers is strictly less than N. This implies
P*(AhA(N*),bhy(N*)) > p*(A'ha(N), bhy(N)) > p*(A'h4(N"), bhip(N')) .
This implies that the actual p’ is strictly lower than p*, i.e., dp < 0.

Proof of Corollary 3.5

When the exit set F is empty, no managers choose to exit. Therefore, in this case,

the number N of active mangers is determined by

G(1—-p)
7” )

N =

where p* is the entry threshold, and G(-) is defined by (3.2). Since the number N of
active managers in the AM industry increases as A increases by Proposition 3.6, the

number of entries must increase as well. Therefore, p* decreases as A increases.

Proof of Proposition 3.8

Consider an increase in b: b — b'. Suppose that the number N’ of active managers

does not change in the new stationary equilibrium. This implies that

A =Ary(N)=A, bV =bh(N)>b,

i.e.,, A is unchanged and b increases. By Proposition 3.5, the entry threshold p* de-

creases, and by Lemma 3.3, the exit set F diminishes. Since an increase in b does not
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change the process of p;, but makes the process of §; first-order stochastically domi-
nant, there are more entries and less exits compared with the stationary equilibrium
for b. This contradicts the assumption that N does not change.

Now suppose that the number of managers increases such that b is the same as

b. Denote this number by N”. This implies
A = Ahsy(N"Y< A, VYV =bhy(N")=b,

i.e., A decreases and b is unchanged. The entry threshold p* increases, and the exit
set E expands. The process of p; and ¢ do not change. Hence, there are less entries
and more exits compared with the stationary equilibrium for 5. This contradicts the
assumption that N increases.

Therefore, in the new stationary equilibrium, N < N’ < N” must be satisfied.

Consequently, A" < A and ¥ > b in the stationary equilibrium.

Proof of Proposition 3.9

Consider an infinitesimal increase in b: ¥ = b+ 6b where db > 0. Let p* be the
initial entry threshold and p’ = p* + dp be the entry threshold after the increase in
b, where the sign of dp is not determined. Now assume the following hypothetical
entry rule: prospective managers whose perceived skill is above p* choose to enter.
This hypothetical entry rule is different from the actual entry rule under ¥ where
prospective managers whose perceived skill is above p’ choose to enter. The parameter

values A and b at N* is
A= AhA(N*) , b= B’hb(N*) > Ehb(N*) . (3.26)

Assume the hypothetical exit rule where the exit set E(A, b) defined by (3.6) is charac-
terized by above A and b. Under the hypothetical entry and exit rules, the stationary
measure N of active managers is greater than N*:

N=N"46N, SN >0,
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because the hypothetical entry rule is the same as that for b, and the hypothetical

exit set F is strictly smaller than that for b. The parameter values A and b at N are

A = A(ha(N*) + W\ (N*)ON) = Ahy(N*) + AR, (N*)SN ,
b

Il

Y (ho(N*) 4 hy(N*)ON) = bhy(N*) + 0bhy(N*) + bhj(N*)SN .

Since the entry threshold p*(A,b) is strictly decreasing in both A and b, there exist

ca > 0 and ¢, > 0 such that
p* = p*(Aha(N*),bhy(N*)) = p*(Ah4(N*) — AcadN,bhy(N*) + 6bhy(N*) — beydN) .

Note that there are infinite numbers of (ca,cp) that satisfies this condition. Given
IW4(N*)| < ca and |hy(N*)| < ¢, p*(A,b), where A and b are determined under the
hypothetical entry and exit rule, is weakly lower than p*(Aha(N*), bhs(N*)).

Now, consider another hypothetical entry and exit rule: prospective managers
whose perceived skill is above p* choose to enter, and the exit rule is the same as the
actual exit rule for &. Since the actual exit set F for ¥ is strictly greater than the
hypothetical exit set E(A,b) determined by (3.26), the new hypothetical measure N’

of active managers is strictly less than N. This implies
p*(Aha(N*),bhs(N™)) = p"(Aha(N),Bho(N)) > p*(ARa(N'), B'hy(N')) .

This implies that the actual p’ is strictly lower than p*, i.e., ép < 0.

Proof of Corollary 3.6
When the exit set E is empty, no managers choose to exit. Therefore, in this case,

the number N of active mangers is determined by

G(1 - p*)

N = ,
U
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where p* is the entry threshold, and G(-) is defined by (3.2). Since the number N of
active managers in the AM industry increases as b increases by Proposition 3.8, the

number of entries must increase as well. Therefore, p* decreases as b increases.

Proof of Proposition 3.10

By the definition (3.9) of entry threshold p*, p*(®) is a strictly increasing function
of & from Corollary 3.1, given A and b fixed. Consider an increase in ®: & — &',
Suppose that the number N’ of active managers does not change in the new stationary
equilibrium. This implies that both A and b are unchanged as the entry cost increases.
However, if this is the case, p*(®') > p*(®): the number of entries is smaller than
that of the stationary equilibrium before the change of ®. On the other hand, the
exit threshold is unchanged, since A and b are not changed. This contradicts the
assumption that the number of active managers does not change.

Now suppose that the number N’ of active managers decreases such that the entry
threshold does not change. Denote this number of managers by N”, which is smaller

than N. This implies
p* (P A V) =p*(®; Ab), A = Aha(N") > A, b =bhy(N") > b.

Hence, the number of entries is the same as that of the stationary equilibrium for
®, but the number of exits is smaller: the exit set E defined by (3.6) diminishes by
Lemma 3.3. This contradicts the assumption that N” is smaller than N.

Therefore, the number N’ of active managers in the industry satisfies N” < N’ <

N. As aresult, A and b increases, and p* increases.

Proof of Proposition 3.11

Suppose that N; = N,. This implies that A; = As and b; = by, which also implies
that p} = p5. By proposition 3.2, the measure G(1 — p*) of new managers enter the
AM industry per time. Since G2(1 — p3) < Gi(1 — p}), there are more entries to the

first stationary equilibrium than there are to the second stationary equilibrium. Since
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the exit set E is the same for both equilibria, the exit rate is higher for the second

stationary equilibrium. This contradicts the assumption that N; = Ns.

Therefore, Ny > N,, and
A= AhA(Nl) < /_UlA(NQ) = Ay , by = I—)hb(Nl) < Ehb(Nz) =y .

By proposition 3.5, p; > p3.

Proof of Proposition 3.12

Consider the following map N (N) : Ryo — Ryo: take N as the number of active
managers that determines A and b, and taken those A(N) and b(/N) as given, compute
the stationary number N of managers. A fixed point N* of the map N = N (N)

determines a stationary equilibrium.

To be more explicit, for N, A(N) and b(N) are determined by
A(N) = Aha(N), b(N)=bhy(N).

Entry decisions of prospective managers for A(NN) and b(N) are given by Proposition
3.2. Existing managers exit exogenously with rate A, or endogenously choose to exit
once they reach the exit threshold § = h(p) defined by Proposition 3.1, given A(N)
and b(N). The entry and exit decisions, taken A(N) and b(N) as given, pin down the
stationary number (measure) N of managers. If N = N,Nisa stationary equilibrium

number of active managers in the AM industry.

N(N) is a decreasing function in NV, since A(N) and b(N) are decreasing in N.
Lemma 3.3 suggests that the exit set £ diminishes in A and b, and Proposition 3.5
implies that p* decreases in A and b. Therefore, as N increases, there are more exits
and less entries, and the stationary number N decreases. Note that N is continuous
in N, since an infinitesimal change of N leads to infinitesimal decreases of A and b

and, consequently, N decreases infinitesimally as well. The condition (3.5) implies
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that

lim N(N) — oo, lim N(N)=0.
N—-0 N—oo

The continuity of N (N) guarantees the existence of a fixed point: N* = N = N(N).

Therefore, there exists a stationary equilibrium.

The uniqueness of a stationary equilibrium can be shown straightforwardly from
the strict monotonicity of N(N). In order to show that N(N) is strictly decreasing
in N, it suffices to show that p* is strictly increasing in N'°. For N; > Np, A} =
A(Ny) < Ay = A(Ny) and by = b(N1) < by = b(N2). For all p > pey(A1, b)), where
Pez 1s given by (3.8),

TD
V(p,0; Az, b0) = E [ /0 e (max{py Az, fGu(b2)} — &) du|py = p,Go = 0]

TD
> V(p,0;A,b) =E [/ e ™ (max{p, A1, fGu(b1)} — ¢) dulpo = p, Go = 0] ,
0

since ¢;(be) first-order stochastically dominates g (b;). Since p* is determined by (3.9)
p*(A27 b2) < p*(Aly bl) .

Hence, p* is strictly increasing in N. The exit set F expands in NV, and the process of
G, becomes first-order stochastically dominated as N increases. Therefore, N(N) is

strictly decreasing in N, which proves the uniqueness of the stationary equilibrium.

Proof of Lemma 3.4

The proof is similar to that of Lemma 3.1 and Lemma 3.2. Vj,(p) is the fixed point

of the following map:

Tf(p) = max {(pAn — ¢) dt + (1 — rdt — Mdt)E[f(p)[p],0} ,

10The exit set E cannot be strictly expanding for the entire range of N, since the set becomes
empty for a sufficiently small N.
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where

plp=p+sp(l —p)dZ,

where Z is a standard Brownian motion. The contraction mapping theorem guaran-

tees that
Va(p) = lim T*{(p)

for an arbitrary function f(p). Suppose that f(p) is an (weakly) increasing function
in p. For py < po, E[f(P)|p1] < E[f(P)|p2), since p'|ps first-order stochastically
dominates p'|p; asymptotically as dt — 0. As a result, Tf(p;) < Tf(p2). Hence, T
maps an increasing function to an increasing function. Since f(p) is increasing, Vi (p)

is increasing as well.

Now suppose that f(p) is (weakly) convex. For an arbitrary point p, define

p=p—0p, p=p+dp,

where the order of magnitude of 0p is set to be the same as or smaller than that of

dt. If f(p) is (locally) strictly convex at p, i.e., 822(2” ) > 0,

%E [f@)lpa] + %]E () |ps] = E[f)lp] = %3282 (2p)

op? + O(6pdt) >0 .

and if f(p) is (locally) flat at p, i.e., —-——823’; @ 9,

SEUG)Im] + SE ()] ~ B Gl = 06V

In the continuous-time limit, terms of the order d¢ (or lower) dominate. Hence,

E[f(p')|p] is convex. As a result,

(PAr — @) dt + (1 —rdt — Adt)E [f(p)|p]

is convex and, consequently, T f(p) is convex since taking the pointwise maximum

of two functions preserves convexity. Since the map T preserves convexity, Vi(p) =
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limy_,, T* f(p) is convex.

Proof of Lemma 3.5

If p}, does not exist in a stationary equilibrium, this implies

Vn(p,0) <®, Vp,

in which case there are no entries to mutual fund markets, or

Vm(p,0) > @, Vp,

in which case there are infinite entries to mutual fund markets by (3.5). These

contradict a stationary equilibrium.

If py does not exist in a stationary equilibrium, this implies

Valp) <@, Vp,

which contradict a stationary equilibrium.

If Vin(p, 0) dominates Vj,(p), there are no entries to hedge fund markets. If V},(p)
dominates V,,(p), there are no entries to mutual fund markets. Both of these contra-

dict a stationary equilibrium.

Proof of Proposition 3.15

Suppose that A, < A,,. Fee profit rates for mutual funds are

max{p;Am, fG:} — ¢,

and fee profit rates for hedge funds are

PiAn— ¢ .
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Since the process of p, is the same for hedge funds and mutual funds, given the
same py = p, fee profits for mutual funds strictly dominate those for hedge funds.
Therefore, V,,(p,0) dominates Vj(p), which contradicts a stationary equilibrium by

Lemma 3.5.

Proof of Lemma 3.6

The sensitivity of the hedge fund entry value to p can be easily computed from the

closed form of the value of hedge fund fee profits:

1 _ 1+
Valp) = m(PAh—@‘FCn/ﬁl “V1-p "

A pn—1 1 —1+ A

and
Ap

(1) =
»(1) T+ A

Since Vj(p) is convex, V}(p) increases in p.

The sensitivity of the mutual fund entry value to p is not easy to compute since
Vim(p,0) does not take a closed form. For p > p™, V,,(p,0) can be decomposed as

follows:

Vinlp,0) = — (pAm = 9) + V2(p,0)

where V.2(p,0) satisfies

10°V2(p,0) 2,2 2, IVa(p,0)
/\ Vo — m ? 1 . ™m 3 b .
(r+N)Valp,0) = 5 07 o7 (1-p) 0

Therefore,
OVm(1,0) A, | 8°V2(1,0)

b.
Op T+ A opdq

Now I show that 0,0;V,2(1,0) < 0. First note that

8pagvm(p, O) = 8,,85V,‘,’L(p, 0) .
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Since g, for s > ¢ is independent of p,,

o ™ 5 N
aPVm(lx 0) = %E / e (max{psAm1 qu} - ¢) ds Dt = 17 gt = 0]
t t
= E I:/ e_(r+A)SAm]1{Ame§3}dS] ,
t .
since ps = 1 for s > t given p, = 1. As a result,
9 oo —(r+XA)s
8,;8me(1,0) = —E € Aml{Am>f,§3}d5
8% i -
o a4 A
= —A,E / e s (qs — —m) ds] <0,
[ t G f
because
04
({ >0, Vs>t,
a(h

and strictly positive for finite s. Note that d(-) is the Dirac delta function. As a

result,
0V,.(1,0) < A,

Op T+

Since V,,(p,0) is convex by Corollary 3.1,

aV,
m(pa 0) S a‘/m(]-’ 0) < Am < Ah )
Oop op T+XA T+ A

Therefore, the sensitivity of the mutual fund entry value to p is strictly lower than

Am

r+A°

Proof of Lemma 3.7

Since p defined by (3.14) is a monotone decreasing function of s, s < 5 is equivalent

to p > i where



p}, is determined by the following condition:

e N Vi

T+
where c; is defined by (3.16). In the limit px — oo, i.e., s = 0,
oo _ T+ X2+ ¢
ph - ph = —T .
py, can be decomposed as follows:

pr =0y + opp(n) -

Then, for sufficiently large u, dp;(p) is determined by

-
Ap 2¢ 1 p—1 ( (r+X)®+¢ )
0 = 132 " TP
T+ A T+ Ap+1 (u+1) An Pi(k)
( )“ ! (Ah—(r—l—/\)q)—d))“_]
r+/\)<I>+(b Ay — ¢
1—p .
(r+,\)¢>+¢ 1 (r+,\)<p+¢)6p wa) |
An

which can be approximated as

i~ 128 (1= LR E) (g YT

y (Ah - (r—l—)\)(I) - ¢)“‘1
Ap—¢ '
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For large pu, V) (p},) reads

1-p
A r 4 et :

Vipy) = —t otz [ P
T+ A D 1—pj

*,00 -1 #ol -1 *,00 \ p—1
An 20 P+ 5 p—1 /A" 1—ppe\*
e G 5 ()
A4 ¢ ¢ B A= (T VB — g\
D N N ((7‘+)\)<I)+¢) ( A, — ¢ ) ‘

Hence, V) (p;,) is strictly decreasing in p for large p, and

Ay, A
: 1y, %, _ m
Illl)r{.lth(ph,u)— 4+ A = r4+’

by Proposition 3.15. Therefore, there exists i such that for u >

V. (p:: -
(o 1) > Y

This implies that there exists § such that, for all s < 5,

Vi(prs; s) > H—’"A :

Proof of Proposition 3.16

I first show that p¥, < p;. Suppose that this is not the case, i.e., p}, > p;. This
implies

® = Vi(ph) 2 Vin(p2, 0) -

Since V,(-) is convex, for p > pj,

A, OVi(p,0
S (p )’

Vh(p)>r+)\ Op

where the second inequality comes from Lemma 3.6. Combining the two relations,
for p > pj
Vi(p) > Vin(p,0) ,
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which contradicts the stationary equilibrium by Lemma 3.5. Therefore, p}, < p},, and
this implies

® = Va(ph) < Vin(p},0) -

Now, I show that there exists p; < p < 1 such that

Va(P) = Vi (P, 0) .

Suppose there does not exist such p. Since ® = Vj(p}) < V,,(p}, 0), this implies that,

for all p > pr,
Vh(p) < Vm(p) 0) )

which contradicts the stationary equilibrium by Lemma 3.5. Therefore, there exists

Py < p < 1 where
Vh(ﬁ) = Vm(ﬁa 0) -

Next I show that p is unique and

>0 , fp<p
Vin(p,0) = Vi(p) = _
<0 , ifp>p

The uniqueness of p is straightforward from

An OVm(p, 0)
' )

for p > p;. Since the slope of V}(p) is strictly greater than the slope of V,,(p,0) for
p > p;, once those two functions cross, they never cross again. The continuity of
Vi(p) and V,,.(p, 0) guarantees that V;(p) < Vi,(p,0) for p < p, and Vj(p) > Vin(p,0)

for p > p. Consequently, prospective managers with p € (p*,p) enter mutual fund

markets, and prospective managers with p € (p, 1] enter hedge fund markets.
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Proof of Proposition 3.17

Given that FE,, is empty, no mutual fund managers choose to exit. On the other hand,
the hedge fund exit set E, defined in (3.15) is always nonempty. These together imply
that there exists 0 < p < 1 such that

Vin(p,0) > Vi(p) , VP €[0,9),

and for an arbitrary small ép > 0
V(b + dp, 0) < Vi(p + dp) ,

by Lemma 3.5. Next I show that

Vin(p;,0) < Vi(p) , Vpe (5,1].
Since V,,,(p,0) and V}(p) are smooth,

V(D) > 8,Vm($,0) -
In order to proceed, I first need to show that
030, Vin(p, §) < 0. (3.27)

Since §s for s > ¢t is independent of p;,

. 5 D
apvm(pw (j) = %E [/t e’ (ma'x{psAma f[js} - ¢) ds

TD
Ips
= E —A,1 sds| .

[[ € apt {PsAmeQs} 9}

Note that TP is independent of the change in p,'!, since the mutual fund exit set E,,

1 This property is crucial to prove that 939,V;,(p, §) is nonpositive.
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is empty. As a result,

TD
~ —rs aps
aqame(p, q) = 8—@1&: l:[ e apt Am]].{psAmzfés}deI

TD -~
—rs OPs OG5 (~ psAm)
== —Am]E € e 2 ~ 6 s ds S O 3
[/ I oa \* " T

where §(-) is the Dirac delta function. The sign of 9;0,Vin(p, §) comes from

s 5, s
8pt 3%

0, Vs>t.
Now decompose V,(p,0) as follows:

Vin(p,0) = V2 (p,0) + Vi3(p,0) ,

where
b - pAm " ¢
Vm(p; 0) - T+ )\ )
and V,2(p, 0) solves
10%V2(p,0) 5 5 o OV2(p,0)
0 — 29 Vm\P7) _ GYm\P: D)y
(r+N)Valp,0) =5 52 P (1-p)°+ 9

Note that (3.27) implies
3p05Vm(p, 0) = 0,0;V,5(p,0) <0,

. o . . .
ie., 3—‘/%@ is decreasing in p.

Define
(7 . pAm - ¢
Vm(pa 0) - r + A

1— 1+p
+ Cm,() + CnL,l\/I_) K 1- D )

where ¢, 9 and ¢, 1 are chosen such that

Vin($,0) = Vi ($,0) ,  8,Vim(,0) = 8,Vin(p, 0) .
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I first need to show that
b oVa(»,0)

'm0 <
MmO TN 65

Suppose that this is not the case, ie., ¢, > b Vi (5.0)

% For P = p+ ép with an
arbitrary small ép,

pl
,Vin(¥,0) — B,Vin(5, 0) = / B2Vin(p, 0)dp
P

T2 PAm—¢ b 9Va(p,0)
- [ w0 P e

v 2 / pAm - ¢ oy = ~
o o974 No V’". b - - N - m d == m ,7 - Vm ’0 b
= /ﬁ s2p2(1 — p)? [ (p,0) Y c ,0] p = OpVin(p',0) — 3,V (p,0)

because of (3.28).

Since the first-order derivative of V,,(p’,0) dominates that of
Vin(?',0),

Vi (p',0) > f/m(p',O) }

A similar argument shows that

V,n(1,0) = Am — ¢ b_0Vu(1.0) > Via(1,0) = Am — ¢

~ + cmpo
r+A T+ 0§ T+ A e
PRI ST b V(L0) b_AVS(p.0)
which is a contradiction since - T <= 5 < Cmo- Therefore, ¢, <
b oVE(50)
r+A oq

Now I can prove that for all p > p,

Vin(p,0) > Vi (p,0) ,  8,Vim(p,0) > 8,Vin(p, 0) . (3.29)

For p’ = p + dp with an arbitrary small dp,

o
B,Vin(D', 0) — By Vin($,0) = / B2Vin(p, 0)dp
P

/

i 2 pAm — ¢ b oVi(p, 0)]
= ———— | Vin(p,0) — — U d
/ﬁ 32172(1“7?)2[ (p.0) r+ A r+A  9q P

7

P 2 (7 p m ¢ (7 ’ (7 ~
/ s2p2(1 — p)? [Vm(p, 0) - r+A Cm,o] dp = 0,V (p',0) — 0,V (p,0) ,
P

177



where the equality holds if Va0 i constant over p € [p,p). Otherwise, the strict
y G

inequality holds. This implies that V;,(p',0) < V,.(¢,0). Suppose that (3.29) is
violated. Then, from the continuity of V,,(p,0) and V,,(p,0), there must exist p” €
(p, 1) such that

V(0",0) < Vau(0”,0) ,  8,V(¢",0) = 8, V(9. 0)
and for an arbitrary small ép > 0
OpVim(p" + p,0) > 3,V (p" + 6p,0) .

Suppose that there exists such p”. Then one can construct

- A, — _ 1+
VT;(p7O):£—7:—-A—¢+C'I’n,0+C;n,I\/EI “Vl_p “’

such that
Vi (0",0) = VL (0",0),  3,Vin(®",0) = 8,Vin(p",0) = 3,V (p",0) .

This implies that ¢}, o < ¢ and ¢}, ; = c,1. A similar argument to that of V;,(p,0)

shows that
BpVim(p" + 8P, 0) < BV (9" + 6P, 0) = B, Vin(p” + 6p, 0)
which contradicts the existence of p”. Therefore, for all p > p,

Vin(2,0) > Vio(p,0) ,  8,Vin(p, 0) > 3,Vin(p,0) .

Finally, I show that

Vin(p,0) < Vi(p), Vp e (5,1].
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Denote

9(p) = d% (\/51“‘\/1 - p1+") <0.

Note that g’(p) > 0. Suppose that ¢; > ¢y, 1. Since

o A R R . A .
V(D) = ;ﬁ + 19(P) > OpVin(D,0) = 0,V (p,0) = T + em,19(P) ,

the following holds for all p > p:

Am

r+ A + cm,lg(p) = 8p‘7m(p, O) .

Vi(p) = ;—" + c1g(p) >

Now suppose that ¢; < ¢, 1. It is straightforward that V/(p) is (strictly) greater than
Bme(p, 0) for all p > p. Therefore, since V;(p) = Via(p,0),

Vh(p) > Vm(pa 0) > Vm(p7 0) )

for all p > p.

Proof of Corollary 3.7

The mutual fund exit set F,, is empty in the limit of ¢ — 0, but the hedge fund
exit set I, is nonempty. Since p = 0 is always included in F},, unskilled hedge fund
managers choose to exit once they reach p! , which converges to zero in the limit of

¢ — 0. Therefore, hedge funds exit at a higher rate than mutual funds do.

Proof of Proposition 3.18

Consider a map N(Np,, Ny) = (Np, Ni) : R2y — R2,. The map takes the numbers
N,, and N, for the values of A,,(N,,), b(N,,) and Ap(Ny), and computes the stationary
numbers N, and N}, of mutual fund managers and hedge fund managers, respectively.
A fixed point N* = (Nz,N;) of the map (N, Ny) = N(Np, N) determines a

stationary equilibrium.

Compared with the proof of Proposition 3.12, it is much more tricky to show the
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existence and the uniqueness of a fixed point of a two-dimensional map than that of
a single-dimensional map. In order to address this issue, the proof consists of two
steps: first, I define a map that reduces the dimensionality of the map N(N,, Ny),
and next, I show the existence and the uniqueness of a fixed point of the reduced
map. A fixed point of the reduced map solves for a fixed point of N(N,,, N3), and

vice versa.

Define a map Np,(Nm; Ni) : Rsg — Rso. The map regards N, as an exogenous
parameter, and uses the value for computing A.(N,) and, consequently, V;(p). For
each N,,, the map takes the value of N, to compute A,,(N,,) and b(N,,). Then,
the map computes the stationary number N,, of mutual fund managers as a func-
tion of N,,. I first show that a fixed point of this map Nm(Nm;Nh) exists and
it is unique, given N,. Proposition 3.16 proves that, if there exists p such that
Vin(,0) = Va(p), Vin(p,0) > Vi(p) for p < p and Viu(p,0) < Vi(p) for p > p. Since
p changes continuously as NV, changes, entry decisions are continuous in N,,. Since
Vi (0,0) > V4(0), p exists as long as V,,(1,0) < V,(1). If N, is sufficiently large,
Vin($,0) < ® and there are no entries to mutual fund markets, i.e., Ny, is zero. If
N, is sufficiently small, V,(p,0) > Vi(p,0) for all p, and all entries are into mutual
fund markets. As N, goes to zero, N,, diverges to infinity from (3.3). Therefore,
from the continuity of N,(Nm; Ny), there exists a fixed point N**(N,) satisfying
N**(Ny) = Np(N**(Np); Ni). The uniqueness of the fixed point comes from the
strict monotonicity of Nm(Nm; Ny,) for N,, > 0.

Now define a map Nj(N;) : Ryg — Rsg. The map is defined by
Nu(Ny) = Na(N3(Nn), Nu)

where N**(Ny) is the fixed point of N,, = Npu(Npm; Ny). In other words, Ny (Ny)
computes the stationary number of hedge fund managers taking N, and N}*(Nj) as
given. Note that N}*(NN}) is continuous in N, which can be proven by the continuity
of entry decisions in N,,. If N, is sufficiently large, there are no entries to hedge

fund markets and Nh is zero. In contrast, if N, goes to zero, N, diverges to infinity.
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The continuity of N;*(N}) implies the continuity of Nh(Nh) and, hence, there exists
a fixed point N3* = Nj,(N;*). Then, N*(N;*) and N;* jointly solve

(Now (N3, N3ty = NN (NR™), Ni™) -

Therefore, there exists a stationary equilibrium.

The proof of the uniqueness of the stationary equilibrium requires several steps.
Denote the stationary measure of mutual fund managers and hedge funds managers
in a stationary equilibrium by N* = (N}, N;). Suppose that there exists another
stationary equilibrium, and denote the stationary measure of mutual fund managers

and hedge fund managers by Nt = (N} /N ,‘:) There are four possible cases:

LN:Y>NL O N;>N . 2 NL <N, N:<N/,
3. NL,>NL, Nie <N, 4 N, <N, N:>Nj,

where N* # N1,

In case 1,
Am(NE) < An(NE) , B(NZ) <B(NE),  An(N;) < AR(N))

with at least one strict inequality. This implies that there must be more entries to
one type of the AM markets for the stationary equilibrium with NT than entries to
the same type for the stationary equilibrinm with N*. This implication contradicts

N* > N} or Ny > N}. A similar argument excludes case 2.

In case 3,
An(NL) < An(NEY, B(NZ) <B(NL)Y,  An(Ni) > An(ND)

with at least one strict inequality. This implies that there must be more entries to
mutual fund markets for the stationary equilibrium with NT than entries to mutual

fund markets for the stationary equilibrium with N*. This implication contradicts
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N} > N}. A similar argument excludes case 4.
Therefore, since N # N* is not consistent with a stationary equilibrium, the

stationary equilibrium for N* is unique.

Proof of Proposition 3.19

Consider a map N(Nm, Ny) = (Nm, Nh) : R2, — R?,. The map takes the numbers
Ny, and N, for the values of A,,(Ny,), b(N;,) and A(NVy), and computes the stationary
numbers N,,, and N, of mutual fund managers and hedge fund managers, respectively.
A fixed point N* = (N, Ny) of the map (N, Np) = N(an,Nh) determines a
stationary equilibrium. ’

Define a map Nm(Nm; Np) : Ryg — Ryo. The map regards N, as an exogenous
parameter, and uses the value for computing A,(N},) and, consequently, V},(p). For
each N,,, the map takes the value of N,, to compute A, (N,,) and b(N,,). Then,
the map computes the stationary number N,,, of mutual fund managers as a func-
tion of N,,. I first show that a fixed point of this map Nm(Nm;Nh) exists and
it is unique, given N,. Proposition 3.17 proves that, if there exists p such that
Vin(B,0) = Va(p), Via(p,0) > Vi(p) for p < p and Vi,(p,0) < Vi(p) for p > p. Since
p changes continuously as N,, changes, entry decisions are continuous in N,,. Since
Vin(0,0) > V4(0), p exists as long as V,,,(1,0) < Vi(1). If N, is sufficiently large,
Vin(p,0) < @ and there are no entries to mutual fund markets, i.e., N,, is zero. If
N, is sufficiently small, V,,,(p,0) > V4(p,0) for all p, and all entries are into mutual
fund markets. As N, goes to zero, N, diverges to infinity from (3.3). Therefore,
from the continuity of N,,(Np;Ny), there exists a fixed point N*(N},) satisfying
N*(Np) = Np(N2*(Ny); N). The uniqueness of the fixed point comes from the
strict monotonicity of N,,,(Nm; Ny,) for N,, > 0.

Now define a map Ni(Ny) : Ryg — Rso. The map is defined by
Nh,(Nh) = Nh(N;*(Nh), Nh) 5

where N*(N,) is the fixed point of N, = Np(Np; Ni). In other words, Ni(Ny)
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computes the stationary number of hedge fund managers taking N, and N}*(N3) as
given. Note that N*(N,) is continuous in N}, which can be proven by the continuity
of entry decisions in N,,. If N, is sufficiently large, there are no entries to hedge
fund markets and N, is zero. In contrast, if Ny, goes to zero, Ny, diverges to infinity.
The continuity of N*(N,) implies the continuity of N,(NV,) and, hence, there exists
a fixed point N;* = Nju(N;*). Then, N2*(N;*) and N;* jointly solve

(N (N3), Ni™) = N(NZH(NG), N3

Therefore, there exists a stationary equilibrium.

The proof of the uniqueness of the stationary equilibrium requires several steps.
Denote the stationary measure of mutual fund managers and hedge funds managers
in a stationary equilibrium by N* = (N}, N;). Suppose that there exists another
stationary equilibrium, and denote the stationary measure of mutual fund managers

and hedge fund managers by NT = (N}, N]). There are four possible cases:

1L.N.>NL N:>N 2. NL<N ., Ni<N},

3.Ni>NL N:<N | 4 N:L<N!.N:>NI,

m

where N* # NT.

In case 1,
Am(N;) < An(N)  B(N) <B(NL) . An(Ny) < An(N))

with at least one strict inequality. This implies that there must be more entries to
one type of the AM markets for the stationary equilibrium with NT than entries to
the same type for the stationary equilibrium with N*. This implication contradicts

N > N} or Ni > N}. A similar argument excludes case 2.

In case 3,

An(N2) < An(NL) L B(NZE) <B(NL) . An(Ng) > An(N)),
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with at least one strict inequality. This implies that there must be more entries to
mutual fund markets for the stationary equilibrium with NT than entries to mutual
fund markets for the stationary equilibrium with N*. This implication contradicts
N > NI . A similar argument excludes case 4.

Therefore, since Nt # N* is not consistent with a stationary equilibrium, the

stationary equilibrium for N* is unique.
Proof of Proposition 3.20

Given f and nontrivial ¢(-), i.e., ¥(-) is not uniformly zero, the net alpha is

Pt Adt

qt

]Et [drfz] =

— Jdt — B, [y (dr{)]

Rational investors provide capital until the net alpha becomes zero. If the net alpha
becomes negative, rational investors withdraw their capital and do not invest in the

fund. If rational investors invest in the fund,

ptAdt

qt

— fdt —E [Y(dr{")]| =0 <= ¢= % ,

Et [d’l"ter] =

because dr{® is symmetric and mean-zero and, as a result, E,[¢(drf®)] = 0. On
the other hand, if the amount §, of naive money exceeds the size 24 the net alpha

becomes negative, which implies
E,[dr{*] <0 <= E,[¢(dr®)] <0,

since the conditional distribution of dr{® has a negative mean and is symmetric about
the mean.

Then, the expected fee revenues between ¢ and ¢ + dt at time t is

S

ptAdt ) 61 S Be=

A 't
Et[ {pt—,~t} fdt"‘wder)]: /
g VI 2N L i B ) < adar > 2

Therefore, the conditional expectation of fee revenues at time ¢ is smaller for any
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nontrivial ¢(-) than for uniformly zero ¢(-). At entry, a manager make choices in

order to maximize the discounted fee profits

B TD . M ~} ey )
Vv = f,lrf(l-?l};DE[/o e (maX{ Ik (fdt + p(dr™)) — ¢dt

TD
= nax B [/O e (Ez [max{%,q}}(fdwib(drfm))] —¢dt)] :

where the second inequality comes from the law of iterated expectations. For any
choice of f and TP, because the dynamics of §, does not depend on the choice of y(-),

the manager is better off by choosing (-) = 0, i.e., flat fees.

185



186



Bibliography

AGNEW, J. and BALDUZzZI, P. (2012). The Reluctant Retirement Trader: Do As-
set Returns Overcome Inertia? NFI Working Papers 2012-WP-01, Indiana State

University, Scott College of Business, Networks Financial Institute.

BENARTZI, S. and THALER, R. H. (2001). Naive diversification strategies in defined

contribution saving plans. American Economic Review, 91 (1), 79-98.

BERGSTRESSER, D., CHALMERS, J. M. R. and TUFANO, P. (2009). Assessing the
costs and benefits of brokers in the mutual fund industry. The Review of Financial

Studies, 22 (10), 4129-4156.

BERK, J. B. and GREEN, R. C. (2004). Mutual fund flows and performance in
rational markets. Journal of Political Economy, 112 (6), 1269-1295.

— and TONKS, 1. (2007). Return Persistence and Fund Flows in the Worst Perform-

wng Mutual Funds. Working Paper 13042, National Bureau of Economic Research.

BrowN, S. J., GOETZMANN, W. IBBOTSON, R. G. and Ross, S. A. (1992). Sur-
vivorship bias in performance studies. The Review of Financial Studies, 5 (4),

953-580.

CARHART, M. M. (1997). On persistence in mutual fund performance. The Journal
of Finance, 52 (1), 57-82.

CARLIN, B. 1. (2009). Strategic price complexity in retail financial markets. Journal
of Financial Economics, 91 (3), 278 — 287.

187



CoHEN, R. B., CovaL, J. D. and PASTOR, L. (2005). Judging fund managers by
the company they keep. The Journal of Finance, 60 (3), 1057-1096.

CONRAD, J. S., JOoHNsON, K. M. and WAHAL, S. (2002). Institutional trading and
soft dollars. The Journal of Finance, 56 (1), 397-416.

Cox, J. C., INGERSOLL, J. E. and Ross, S. A. (1985). A theory of the term

structure of interest rates. Econometrica, 53 (2), 385-407.

CrREMERS, K. J. M. and PETAJISTO, A. (2009). How active is your fund manager?

a new measure that predicts performance. The Review of Financial Studies, 22 (9),

3329-3365.

DRAGO, D., LAzzARI, V. and NAVONE, M. (2010). Mutual fund incentive fees:

Determinants and effects. Financial Management, 39 (1), 365-392.

EVANS, R. B. (2010). Mutual fund incubation. The Journal of Finance, 65 (4),
1581-1611.

FAMA, E. F. and FRENCH, K. R. (2010). Luck versus skill in the cross-section of
mutual fund returns. The Journal of Finance, 65 (5), 1915-1947.

FrAZzzINI, A. and LAMONT, O. A. (2008). Dumb money: Mutual fund flows and the

cross-section of stock returns. Journal of Financial Economics, 88 (2), 299 — 322.

FRENCH, K. R. (2008). Presidential address: The cost of active investing. The
Journal of Finance, 63 (4), 1537-1573.

GABAIX, X. and LAIBSON, D. (2006). Shrouded attributes, consumer myopia, and

information suppression in competitive markets*. The Quarterly Journal of Eco-

nomics, 121 (2), 505-540.

GENNAIOLI, N., SHLEIFER, A. and VISHNY, R. (2015). Money doctors. The
Journal of Finance, 70 (1), 91-114.

GLODE, V. (2011). Why mutual funds “underperform”. Journal of Financial Eco-
nomics, 99 (3), 546 — 559.

188



GARLEANU, N. B. and PEDERSEN, L. H. (2015). Efficiently Inefficient Markets for
Assets and Asset Management. NBER Working Papers 21563, National Bureau of

Economic Research, Inc.

GROSSMAN, S. J. and STIGLITZ, J. E. (1976). Information and competitive price

systems. The American Economic Review, 66 (2), 246-253.

— and — (1980). On the impossibility of informationally efficient markets. The Amer-
ican Economic Review, 70 (3), 393-408.

GRUBER, M. J. (1996). Another puzzle: The growth in actively managed mutual
funds. The Journal of Finance, 51 (3), 783-810.

GUERCIO, D. D. and REUTER, J. (2014). Mutual fund performance and the
incentive to generate alpha. The Journal of Finance, 69 (4), 1673-1704.

JENSEN, M. C. (1968). The performance of mutual funds in the period 1945-1964.
The Journal of Finance, 23 (2), 389-416.

KACPERCZYK, M., SIALM, C. and ZHENG, L. (2008). Unobserved actions of mutual
funds. The Review of Financial Studies, 21 (6), 2379-2416.

LINNAINMAA, J. T. (2013). Reverse survivorship bias. The Journal of Finance,
68 (3), 789-813.

LIPTSER, R. S. and SHIRIAEV, A. N. (2001). Statistics of Random Processes. [elec-
tronic resourcef : II. Applications. Stochastic Modelling and Applied Probability:
6, Berlin, Heidelberg : Springer Berlin Heidelberg, 2001.

MADRIAN, B. C. and SHEA, D. F. (2001). The power of suggestion: Inertia in 401(k)
participation and savings behavior. The Quarterly Journal of Economics, 116 (4),

1149-1187.

PASTOR, L. and STAMBAUGH, R. F. (2012). On the size of the active management

industry. Journal of Political Economy, 120 (4), 740-781.

189



RoussaNov, N. L., RuaN, H. and WEL Y. (2017). Marketing mutual funds. SSRN
Working Paper.

190



