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ABSTRACT

Policies focused on deep decarbonization of regional economies tend to emphasize elec-
tricity sector decarbonization in conjunction with electrification of end-uses and increasingly,
on the use of hydrogen (H2) produced via electricity for displacing fossil fuels in difficult-to-
electrify sectors. One such use case is heavy-duty transport, which represents a substantial
and growing share of global transport sector emissions given the increasing electrification of
the light duty vehicle fleet. Here, we assess the bulk energy system impact of decarbonizing
the heavy-duty vehicle (HDV) segment via use of either H2 or drop-in synthetic liquid fuels
produced from H2 along with CO2. Our analysis relies on soft-linking two modeling ap-
proaches: a) a bottom-up model of transportation energy demand that produces a variety of
final energy demand scenarios for the same service demand and b) a multi-sectoral capacity
expansion model, DOLPHYN, that co-optimizes power, H2 and CO2 supply chains subject to
a variety of technological and policy constraints to meet the exogeneous final energy demand
slate. Through a case study of Western European countries under deep decarbonization con-
straints for the year 2040, we quantify the energy system implications of varying levels of H2

and synthetic fuels adoption in HDVs, under scenarios with and without CO2 sequestration
capacity availability. We find that substitution of liquid fossil fuels in the HDV segment is
essential to meet the imposed deep decarbonization constraint across the modeled power,
H2, and transport sectors, particularly in the absence of CO2 storage. Additionally, we find
that utilizing H2 HDVs reduces bulk system costs of deep decarbonization, while reducing
fossil liquids demand, but could increase natural gas consumption in cases. While H2 HDV
adoption reduces the need for direct air capture (DAC), synthetic fuel adoption results in a
greater need for DAC and also leads to system cost increases compared to scenarios without
their adoption. The study highlights the trade-offs associated with different transportation
decarbonization pathways, and underlines the importance of multi-sectoral consideration in
decarbonization studies.
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Chapter 1

Introduction

Modeled pathways for energy system decarbonization are generally based on a two-pronged
strategy of: a) decarbonizing the power sector by expanding variable renewable energy (VRE)
supply, and b) increasing use of electricity to displace fossil fuel use in final energy. To date,
only the first part of this two-pronged strategy has yielded meaningful progress in major-
emitting regions like the European Union and U.S. – for example, power sector greenhouse
gas (GHG) emissions in the European Union (EU) for 2021 were 40% lower than 2005,
as VRE generation increased from 16% to 38% over the same period [1], [2]. In contrast,
GHG emissions from the EU transportation sector have remained largely unchanged over
this period; electricity consumption as a share of total transportation energy consumption
is less than 1% in 2021 [1], [2].

The electrification of light duty vehicles (LDVs) is seemingly well underway, as indicated
by the share of plug-in hybrid (PHEVs) and battery electric vehicles (EVs) as a percentage
of new car sales (PHEV and EV car sales in the EU have increased from 2% to 22 % of all
new car sales between 2018 and 2022) [3]. However, the electrification of heavy-duty vehicles
(HDV), which accounted for around 28% of the transportation sector’s CO2 emissions in
EU in 2021, is uncertain due to several factors including concerns with payload reduction
impacts, and refueling time associated with state-of-art battery and charging technologies
and grid impacts [1], [4]–[7].

In addition to electrification, other decarbonization strategies being contemplated for
HDVs include: a) direct use of hydrogen (H2) produced from low-carbon sources, b) use of
so-called synthetic liquid fuels (SFs) produced using electricity, H2 and CO2, and c) continued
use of petroleum-based liquid fuels that are offset by atmospheric CO2 capture using negative
emissions technologies like direct air capture (DAC). Each of these pathways interact with the
electric grid in different ways and thus will impact its decarbonization as well. For instance,
production of SFs, also called e-fuels, will require substantial quantities of low-carbon H2,
which relies on the development of H2 supply chain and possibly electricity supply chain
[8]. Similarly, the CO2 feedstock for SF production will necessitate deployment of CO2

capture and possibly, transport infrastructure that could also be utilized to facilitate CO2

sequestration where available. Besides technological coupling, decarbonization efforts across
sectors are also coupled through policy instruments like emissions trading schemes (e.g. EU
ETS) that allow for emissions reduction strategies across sectors to directly compete with
each other. Here, we systematically explore the multi-sector impacts of the above-mentioned
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strategies for HDV decarbonization, which as noted in the literature review, remains one of
the lesser studied topics in the area of transportation decarbonization.

In this thesis, we use a multi-model approach, consisting of a bottom-up transportation
energy demand model and a multi-vector energy system model, to study the role for H2

and SF for heavy-duty vehicle (HDV) decarbonization and its bulk energy system impact
(Figure 3.1). For the demand-side analysis, we develop a model to evaluate alternative en-
ergy demand scenarios for HDVs that accounts for factors like vehicle energy efficiency by
vehicle sub-type, and market share of each vehicle type. We then use these resulting scenar-
ios as inputs to the supply-side multi-vector energy infrastructure planning model, Decision
Optimization for Low Carbon Power and Hydrogen Nexus (DOLPHYN), to investigate the
impact of wide-scale heavy-duty transportation decarbonization on the bulk energy infras-
tructure [9]. As part of this work, we expand DOLPHYN to include a representation of
the CO2 infrastructure, including storage, transportation and utilization (in the form of SF
production), as well as consideration of competition between conventional fossil fuels and
liquid fuels. In this way, we are able to capture the interactions between the H2, CO2, and
liquid fuels supply chains and their impact on the power sector which includes: a) changes in
electricity consumption, b) inducing competition for constrained resources like VRE capac-
ity for renewable electricity generation and CO2 storage sites and c) affecting the available
emissions budget for power and H2 production as part of multi-sectoral decarbonization ef-
forts. The goal of our analysis is to understand the drivers for H2 and SFs adoption as part
of cost-optimized deeply decarbonized power, H2 and transportation sectors.

Our analysis focuses on a case study of Western Europe in 2040 under deep decar-
bonization scenarios, where policy deliberations have recently focused on a multi-sectoral
decarbonization effort (e.g. via EU ETS), reducing reliance on fossil fuels, and deployment
of H2 and SFs for transportation decarbonization. There is also considerable uncertainty on
the potential role for CO2 storage in deep decarbonization scenarios for this region, with
considerable public opposition to projects, as well as political and legislative barriers [10].

Specifically, we attempt to address the following questions for the case study of Western
Europe decarbonization by 2040:

1. How does adoption of H2 for heavy-duty transportation impact power and H2 infras-
tructure and fossil fuel demand needs under-cost optimized decarbonization scenarios?

2. How does adoption of SFs for heavy-duty transportation impact power and H2 infras-
tructure needs under-cost optimized decarbonization scenarios?

3. How do factors such as the availability of CO2 sequestration sites and CO2 emissions
limits affect technology deployment?

This thesis is structured as follows: Chapter 2 covers some of the relevant policy discus-
sion around transportation decarbonization in the European context, as well as literature
on transportation decarbonization particularly in the context of macro-energy systems mod-
elling. Chapter 3 outlines the methods used to answer key questions around heavy-duty
transportation decarbonization, covering the demand-side model formulation, in addition
to the SF supply chain formulation in DOLPHYN. Additionally, we detail the case-study
used, key demand-side input assumptions, technology assumptions, and a summary of the
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scenarios analyzed. Chapter 4 describes modeling results, in three sections: the first explores
the impact of using H2 for transportation decarbonization, the second explores the impact
of using SFs for transportation decarbonization along with H2, and the third explores some
key sensitivity results. Chapter 5 delves into some key policy implications of this work on
power and transportation decarbonization, with some discussion of the limitations of this
work.
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Chapter 2

Background and Literature Review

2.1 Policy Landscape

The European Union (EU) and other European countries have set aggressive decarbonization
targets, with the aim of reaching carbon neutrality by the year 2050 [11]. As mentioned in the
previous section, while many sectors have decarbonized in previous years, the transportation
sector has not with emissions remaining relatively stable [1]. More specifically, the road
transportation sector produces around one fifth of all emissions in the EU [12]. The heavy-
duty vehicles (HDV) sector, is responsible for a quarter of all road transportation emission,
and over 6% of total EU emissions [12]. To continue to make strides towards increasingly
ambitious climate targets, policies that ensure the decarbonization of the transportation
sector, and the heavy-duty transportation sector must be pursued. Broadly, transportation
decarbonization strategies can fall into multiple different categories, these are: 1) increased
efficiency 2) reduction in demand 3) modal shifts 4) fuel/vehicle technology shifts [13]. This
project focuses on the last category of transportation decarbonization.

With regards to current policy, the EU has acknowledged the importance of transporta-
tion decarbonization under the EU Green New Deal [11]. The current regulation governing
HDV emissions, the Regulation on CO2 Emissions Standards for HDVs (Regulation EU
2019/1242), aims to reduce the emissions of new HDV vehicles by 30% by the year 2030
[12]. The regulation also provides some incentives for the development of low-emission ICE
vehicles and zero-emission HDVs. There is also some technology agnostic incentivization
of zero-emissions HDVs. In summary, the main focus of current policy proposals is the
continued use of ICEs, albeit more efficient ICEs.

Further, the EU Commission has recently proposed an updated version of the Regulation
on CO2 Emissions Standards for HDVs [12]. The new proposal increases the stringency
of emissions requirements by reducing the average emissions of new HDVs in 2040 by 90%
compared to 2019-2020 levels [12]. The proposal further incentivizes the development of
ZEV and LEV HDVs, and the development of charging and refueling infrastructure [12].
The proposed updated regulations also acknowledge the need for a modal shift in the use of
HDVs with the introduction zero emission vehicles (ZEVs) under such updated regulations,
as well as the utilization of low-carbon fuels [12].

As such, details around technology and fuel shifts in the HDV sector and their impacts
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are still debated on the technological level and on the policy level. Specifically, the choices
around technologies and fuels used to power decarbonziation is uncertain. For instance, ve-
hicle manufacturers have committed to electrical heavy-duty vehicle concepts, despite some
concerns around payload efficiency of high payload long-distance freight [14], [15]. While
electrification has been the preferred method for other road transportation sectors, there is
some question as to how electric batteries will fare in the heavy-duty transportation sector
due to payload loss and refueling times [4]–[6]. Recently, alternative fuels infrastructure
regulation, with specific provisions to support H2 heavy-duty vehicles refueling, was agreed
upon [16]. However, a robust implementation of a widespread H2 transportation vehicles
and networks is yet to be seen. We have also seen some discussions around the inclusion of
SFs, also known as e-fuels, as a possible option for transportation decarbonization [17]. The
utilization of SFs also raises some questions due to the process’ emissions and energetics.
Other options also include the continued use of liquid hydrocarbons, while offsetting emis-
sions using direct air capture (DAC) technology. Regardless of the technological pathway
chosen, each of these pathways has its advantages and disadvantages including cost, land-use,
need for CO2 sequestration, and continued use of hydrocarbons.

2.2 Literature Review

Previous literature on transportation decarbonization can be categorized into a few broad
themes: 1) the techno-economics and efficiency of EVs, H2 vehicles, and SFs [18], [19] 2) fleet
evolution and the impact of policy interventions [20] 3) scenario-based characterization of the
energy demand and emissions associated with transportation decarbonization under various
technology scenarios [13] 4) investigating the impacts of transportation decarbonization on
wider energy systems [21], [22].

Some studies have investigated the use of SFs and H2 in transportation [18], [23], [24].
The unit efficiency and costs of the use of SFs have also been estimated in literature, where
the grid interactions are generally treated in a static manner, i.e. a fixed emissions intensity
and cost of grid electricity per scenario [18], [25]. These studies have quantified the costs,
energy use, and emissions impact of such decarbonization without necessarily exploring what
the adoption of SFs or H2 would mean the entirety of the power, H2, or CO2 infrastructure
in a given region.

Studies investigating the impacts of transportation decarbonization on wider energy sys-
tems are often focused on light duty vehicles (LDV) [20], [22], [26], [27]. Additionally, because
electrification of LDVs appears to be imminent, many of these studies focus on the impacts
on the power sector, while studies that consider the impacts on adjacent H2 and CO2 in-
frastructure are limited [22], [27], [28]. Given the interactions between the infrastructure
for these vectors noted earlier, particularly in the case of SFs and H2, it is important to
consider relevant supply chains concurrently. For instance, some literature considers power,
transportation, water, heating, and industry to assess biofuels in the transportation sectors
[29].

Further, studies that focus on the wider energy system impacts of transportation de-
carbonization incorporate transportation demand using three methods. The first approach
assumes a set amount of transportation energy demand, and then investigates the necessary
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supply infrastructure to meet this demand [26]. The second approach relies on specifying
transportation service demand (e.g. vehicle km or tonne-km), and then endogeneously op-
timizing for both energy and drivetrain choice to meet this demand [21]. The third uses a
multi-model approach, which determines transportation demand exogenously using a trans-
portation demand model, and uses said models’ results as an input in a macro-energy sys-
tems model [27]. The latter approach, also considered in this study, allows for accounting
for non-economic drivers impacting drivetrain adoption to meet transportation demand and
evaluating the impact of such choices on the energy infrastructure investment and opera-
tions.

As noted in the introduction, in this study, we use a multi-model approach, consisting of a
bottom-up transportation energy demand model and multi-vector energy system model, to
study the role for H2 and SFs for HDV decarbonization and its bulk energy system impact.
With the literature and scope of this study in mind, the following are the novel elements
of this study: 1) the multi-model approach allows for a holistic assessment of the multi-
sectoral impacts on demand-side 2) we are able to more fully consider the impacts of HDV
transportation decarbonization, a less explored topic in the macro-energy systems model lit-
erature 3) we study H2 HDVs and SFs, both novel technologies with significant multi-sectoral
implications.
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Chapter 3

Methods and data

3.1 Overview

This section describes the methods used to answer the questions identified in Chapter 1 as
well as the various data inputs used for the analysis. Section 3.2 describes the demand-side
model setup and formulation, while Section 3.3 the supply-side formulation. Section 3.4
describes the case study set-up. We then move on to the model inputs: Section 3.5 details
the demand-side inputs, while section 3.6 details the supply-side model inputs. Finally, we
provide an overview of the scenarios used to answer our research questions of interest in
Section 3.7.

For this study, we developed a multi-model approach, consisting of a bottom-up trans-
portation energy demand model, and a multi-vector energy system model (DOLPHYN), to
study the role for H2 and SFs for heavy-duty vehicle (HDV) decarbonization and its bulk
energy system impact (Figure 3.1). The results of the demand-side model are then input in
the supply-side model.
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Figure 3.1: Overview of supply and demand-side modelling details used for this study. a)
Transportation demand model overview. Blue boxes are data inputs, while orange boxes
are calculated values. b) Overview of DOLPHYN capacity expansion model and the link
with the demand estimation model. The color of arrows highlight various vectors – green:
electricity, blue: H2, orange: CO2, grey: fuels.
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The demand-side model, summarized in Figure 3.1 (a), enables us to construct alternative
fuel demand scenarios for the LDV and HDV transportation sector that are consistent in
terms of delivering the same end-use service demand (e.g. passenger-km (pkm) for LDVs
or tonne-km (tkm) for HDVs). Through the demand-side model, we are able to modify the
marketshare for different vehicle types, and by extension their energy consumption. While
the demand model allows for the creation of scenarios on the basis of vehicle efficiency, modal
shifts, and demand reduction, we focus on shifts in vehicle/fuel types for this study.

The supply-side model, summarized in Figure 3.1 (b), is based on the DOLPHYN ca-
pacity expansion model (CEM), which evaluates the cost-optimal investments in electricity,
H2, carbon-capture utilization and sequestration (CCUS), and SF infrastructure, while ad-
hering to a range of technology-specific and system-specific operational constraints, as well
as imposed policy constraints [9], [30]. For this study, we expanded the DOLPHYN model
in the following ways: 1) we added investment and operation of infrastructure for CO2 se-
questration, transmission and utilization (to produce SF), along with their energy and CO2

interactions with the power and H2 supply chains, and 2) modeled the ability to meet exoge-
neous liquid fuel demand, through a combination of fossil-derived fuels and SF production.
The resulting modeling framework allows us to, for example, identify the location and scale
of fossil fuel power generation with CO2 capture in the electricity sector given inputs on the
location and cost of CO2 sequestration. Similarly, the liquid fuels supply chain allows for
the production of SFs, which induces demand for H2 and CO2 that need to be balanced in
the model.

23



3.2 Demand-side Model Description

This section details the mathematical formulation of demand-side model for generating al-
ternative transportation demand scenarios. In Section 3.5, we detail the demand-side inputs
used for this study. As shown in Figure 3.1, transportation demand, vehicle sub-category
breakdowns, vehicle loading factors, vehicle market share, and vehicle energy consumption
are combined together to create a demand profile. This model outputs the final energy
consumption by fuel type (gasoline, diesel, electricity, H2) for each timestep and country.
To do so, we disaggregate transportation service demand (tonne-km (tkm) or passenger-km
(pkm)) into the following categories: 1) light-duty passenger vehicles 2) buses and coaches
3) 2-wheelers, and 4) heavy-duty and light commercial vehicles. We further dissaggreate
into vehicle types as shown in table 3.1. We also disaggregate demand by road type (urban,
rural, highway). We then transform this service demand into vehicle km (vkm) demand
using loading factors for freight vehicles and occupancy factors for passenger vehicles. We
assign service demand to a specific vehicle drivetrain type (e.g. PHEV, H2, Diesel ICE, etc.)
Using energy consumption factors for a specific fuel per vkm, we arrive at a final energy con-
sumption by fuel (e.g. diesel, gasoline, electricity, H2). We further subdivide into timesteps.
Table 3.2 shows the definitions of indices and sets used in the demand-side model. Table 3.3
contains key input parameters used in this model.

Vehicle Category Vehicle Type

HDV & LCV HDV Light + Short Distance
HDV Light + Long Distance

HDV Medium + Short Distance
HDV Medium + Long Distance
HDV Heavy + Short Distance
HDV Heavy + Long Distance

HDV Super-Heavy + Short Distance
HDV Super-Heavy + Long Distance
HDV Ultra-Heavy + Short Distance
HDV Ultra-Heavy + Long Distance

LCV

Passenger Car Small
Medium
Large

Buses and coaches Buses
Coaches

Two-wheelers Two-wheelers

Table 3.1: Service demand vehicle category and the vehicle types disaggregation categories
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Indices and Sets Definition

r ∈ R r denotes a road type belonging to the set of road types R. Road
types modeled are urban, suburban, and rural.

v ∈ V v denotes a specific vehicle type in a set of all vehicle types V
(e.g. small passenger vehicle, medium passenger vehicle, etc.).

J ⊂ V J denotes a vehicle category (e.g., passenger cars, buses and
coaches, heavy-duty, and light commercial vehicles) made up of
vehicles v ∈ V . Vehicle types and categories modelled is show in
Table 3.1

Vpass ⊂ V Vpass is a subset of passenger vehicles made up from vehicles
v ∈ V . Vehicle types and modelled is show in Table 3.1

Vcargo ⊂ V Vcargo is a subset of cargo vehicles made up from vehicles v ∈ V .
d ∈ D where d is a drivetrain type in a set of all drivetrain types (e.g.

EV, PHEV H2, Diesel ICE, etc).
f ∈ F where f is a fuel type in a set of all fuel or drivetrain types (e.g.

electricity, H2, Biofuel, Diesel, Gasoline, etc).
c ∈ C where c is a country in all countries in Western Europe.
y ∈ Y where y is a year in possible analysis years (e.g. 2040, 2050)

Table 3.2: Demand model indices and sets

Input Parameter Definition

pv,c,y Passenger km demand for a given vehicle type and coun-
try in a given analysis year.

tv,c,y Tonne km demand for a given vehicle type and country
in a given analysis year.

ov,c Vehicle occupancy ratio vkm/pkm. Only defined for v
∈Vpass.

lv,c Loading ratio vkm/tkm. Only defined for v ∈Vcargo.
sv,c,r Road type share for a given vehicle type in a given coun-

try.
mv,d,y Market share for a given vehicle type for a given drive-

train type in a given year.
kr,v,d,f,y Energy demand per vehicle km for a vehicle v on road

type r, for drivetrain d, for fuel f in year y.
ev,d,f,y Efficiency multiplier for a given vehicle type, for a given

fuel type, in a given year.
τt,v,f Load shape factor (percent consumption in a given

hour).

Table 3.3: Definitions of key demand model input parameters. the values of key parameters
can be found in Section 3.5
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The following equation combines key inputs to create the energy demand loadshape at
time t for each of the fuel types in a given country. To do so, we first multiply vehicle
service demand by a factor (occupancy ratio for passenger vehicles, and loading factor for
freight vehicles) to calculate demand in vehicle distance (vkm). This is then multiplied
by the road type share for a given vehicle type. We also subdivide the demand in vehicle
distance by vehicle marketshare, which is the main lever used in this study. To convert this
to energy consumption, we multiply by energy consumed per vkm for a given vehicle type,
roadshare, fuel type, and year. We also have the option of multiplying by an efficiency factor,
which could be used to assess the impact of efficiency measures. Finally, we multiply by a
loadshape factor to calculate the energy consumption at a given timestep. The loadshape
factor is the percentage of energy consumed in an hour out of total energy consumption.
The first part of the equation calculates energy consumption for passenger vehicles, while
the second calculates energy consumption for cargo vehicles.

Et,f,c,y =
∑

v∈Vpass

∑
r∈R

∑
d∈D

pv,c,y × ov,c × sv,c,r ×mv,d,y × kr,v,d,f,y × ev,d,f,y × τt,v,f

+
∑

v∈Vcargo

∑
r∈R

∑
d∈D

tv,c,y × lv,c × sv,c,r ×mv,d,y × kr,v,d,f,y × ev,d,f,y × τt,v,f
(3.1)

The resultant loadshape is added to a given fuel type demand and is used as an input to
the DOLPHYN model.
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3.3 Supply-side Model Description

This section describes the modeling of the liquid fuels, including SFs within the supply-
side model, DOLPHYN. DOLPHYN represents a multi-vector energy system in the form of
a mixed-integer linear programming (MILP) optimization model. The full documentation
of the DOLPHYN model can be found here [9]. Figure 3.2 shows a detailed diagram of
DOLPHYN, including all the technologies modelled. While this work has resulted in con-
tributions to the power, H2, and CO2 supply chains, the liquid fuel modelling represents a
novel addition to DOLPHYN. Additionally, those works are documented elsewhere such as
in [9], [30]–[32]. The CO2 supply chain modelling, will be documented in detail in later work.

Electricity Storage
Li-ion/Flow battery

Pumped hydro

Transmission

Electricity Generation
Wind, Solar, Hydro, Nuclear
Geothermal, CCGT (+CCS)

Power Grid

Hydrogen Storage
AG Pressure Tank

Hydrogen Supply Chain

Electricity

Carbon Dioxide

TransportHydrogen Generation
PEM Electrolyzer

SMR (+CCS)
ATR (+CCS)

Gas-to-Power (G2P)
Fuel Cell, H2 CCGT

Carbon Dioxide Supply Chain

Liquid Fuels Supply Chain

Geologic CO2 
Sequestration

Transport
Atmospheric CO2

Direct Air Capture
Solid Sorbent Capture

Liquid Sorbent Capture

Synthetic Fuel Production

H2

Conventional 
Liquid Fuels

Liquid Fuels

Figure 3.2: Overview of supply-side modelling details used for this study including all the
technologies modelled. The color of arrows highlight various vectors – green: electricity,
blue: H2, orange: CO2, grey: fuels. This diagram is adapted from a simillar diagram created
by Jun Wen Law, Nicole Shi, and Dharik Mallapragada.
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3.3.1 Liquid Fuel Model Formulation1

This section describes the formulation of the liquid fuels supply chain. To meet a specific
demand of liquid fuels, the model has a choice to utilize conventional (fossil-based) or SFs.
Synthetic fuel production arises from a set of resources F . Synthetic fuel plant performance
is parameterized in terms of CO2 input into the process. The model is set-up to account
for up to 3 liquid fuel products: diesel, gasoline, and jetfuel. The user can also model an
unlimited number of synthetic fuel process by-products. The by-product feature is designed
to account for emissions and economic value of byproducts for which there is no exogeneous
demand modeled. The emissions associated with these byproducts are accounted for the
emissions balances, while the revenue from the sale of by-products are accounted for in the
objective function. Any of the 3 modelled liquid fuels can also be modelled as by-products,
in the case they are not explicitly modelled. In the case of this study, jet fuel demand is not
modelled, and therefore jet fuel is considered a byproduct.

Liquid Fuel Model Notation

Notation Description

z ∈ Z z denotes a zone, and Z is the set of zones in the network
t ∈ T t denotes a time step, and T is the set of time steps
f ∈ F Index and set of all synthetic fuels resources
F z ∈ F Index and set of synthetic fuels resources in zone z
k ∈ K k denotes a liquid fuel or by-products modelled in a set of all liquid fuels

or by-products modelled K
L ∈ K L denotes a subset containing liquid fuels modelled excluding by-products
B ∈ K L denotes a subset containing by-products modelled excluding liquid fuels
l ∈ L Index and set of all liquid fuels modelled. Currently three liquid fuels are

modelled (gasoline, diesel, and jetfuel).
b ∈ B Index and set of all synthetic fuels process byproducts

Table 3.4: Liquid Fuel Model Sets and Indices

Objective function

The total cost associated with the liquid fuel infrastructure includes four main elements as
shown in equation 3.2 : 1) the capital cost of synthetic fuel production (see equation 3.3)
2) the operating cost of synthetic fuel production (see equation 3.4) 3) production credits
for any byproducts that are not explicitly modelled (see equation 3.5), and 4) the cost of
procuring liquid fossil fuels (see equation 3.6). These terms are added to the overall multi-
sectoral model objective function, which includes cost associated with infrastructure for other
vectors.

1This section is adapted from documentation of the liquid fuels module in DOLPHYN [9]. The modeling
of liquid fuels was a result of a collaborative effort between Youssef Shaker and Jun Wen Law.

28



Notation Description

xC,Syn
f,t CO2 input into synthetic fuels resource f at time period t in tonnes of CO2

xSyn
f,l,t Synthetic fuel l produced by resource f at time period t in MMBTU

xBy,Syn
f,b,t Byproduct b produced by synthetic fuels resource f at time period in MMBTUt

yC,Syn
f Capacity of synthetic fuels resources in the liquid fuels supply chain in tonnes of

CO2/hr
xConv
z,t,l Conventional fuel l purchased by zone z at time period t in MMBTU

Table 3.5: Liquid Fuel Model Decision Variables

Notation Description

Dz,t,l Demand for fuel l in zone z at time t

ζl Percentage of fuel l that needs to be fulfilled using synthetic fuels

cSyn,INV
f Investment cost per tonne CO2 input of synthetic fuels resource f

cSyn,FOM
f Fixed operation cost per tonne CO2 input of synthetic fuels resource f

cSyn,VOM
f Variable operation cost per tonne of CO2 input by synthetic fuels resource f

cSyn,FUEL
f Fuel cost per tonne of CO2 input by synthetic fuels resource f

cBy,Syn
b Selling price per mmbtu of byproduct by synthetic fuels resource (if any)

cConv
l Purchase cost per mmbtu of conventional fuel

yC,Syn
f If upper bound of capacity is defined, then we impose constraints on the maximum

CO2 input capacity of synthetic fuels resource
yC,Syn
f

If lower bound of capacity is defined, then we impose constraints on the minimum
CO2 input capacity of synthetic fuels resource

τ liquidl,f Amount of fuel l produced per tonne of CO2 input at synfuel resource f

τByproduct
b,f Amount of by-product b produced per tonne of CO2 input at synfuel resource f

ppower
f Power MWh per tonne of CO2 in required for the plant f

phydrogenf H2 tonnes per tonne of CO2 in required for the plant f

µemit
f Percentage of CO2 emitted of the CO2 in for a plant f

µcapture
f Percentage of CO2 captured of the CO2 in for a plant f

λf Emissions of plant fuel per tonne of CO2 in for plant f

θliquidl Emissions per mmbtu for liquid fuel l
θByproduct
b Emissions per mmbtu for by-product b

ωt Time-step weight for time-step t

Table 3.6: Liquid Fuels Model Parameters Description

29



min CLF,Syn,c + CLF,Syn,o − CLF,Syn,r + CConv,o (3.2)

The fixed costs associated with synthetic fuel production is defined such that:

CLF,Syn,c =
∑
f∈F

yC,Syn
f (×cSyn,INV

f + cSyn,FOM
f ) (3.3)

The variable costs associated with synthetic fuel production is defined such that:

CLF,Syn,o =
∑
f∈F

∑
t∈T

ωt ×
(
cSyn,VOM
f + cSyn,FUEL

f

)
× xC,Syn

f,t (3.4)

The credit associated with by-products is defined such that:

CLF,Syn,r =
∑
f∈F

∑
b∈B

∑
t∈T

ωt × xBy,Syn
f,b,t × cBy,Syn

b (3.5)

The cost of conventional fuels is defined such that:

CConv,o =
∑
z∈Z

∑
l∈L

∑
t∈T

ωt × cConv
l × xConv

z,t,l (3.6)

Synthetic Fuel Production Constraints

The amount of SF produced at a given time-step is given by:

xSyn
f,l,t = xC,Syn

f,t × τ liquidl,f ∀f ∈ F, t ∈ T, l ∈ L (3.7)

The amount of byproducts produced at a given timestep is given by:

xSyn
f,b,t = xC,Syn

b,t × τBy
b,f ∀f ∈ F, t ∈ T, b ∈ B (3.8)

For resources where upper bound yC,Syn
f and lower bound yC,Syn

f of capacity is defined,
then we impose constraints on minimum and maximum SF resource input CO2 capacity.

yC,Syn
f ≤ yC,Syn

f ≤ yC,Syn
f ∀f ∈ F

The required capacity is given by the following constraint such that the amount of CO2

flowing into the plant does not exceed the plant’s capacity:

xC,Syn
f,t ≤ yC,Syn

f ∀f ∈ F , t ∈ T (3.9)
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Liquid Fuels Balance Constraints

For each of the liquid fuels the following constraint is implemented to ensure that a sufficient
combination synthetic fuel production and conventional liquid fuel procurement occurs to
meet demand:∑

z∈Z

∑
t∈T

ωt × xConv
z,t,l +

∑
f∈F

∑
t∈T

ωt × xC,Syn
f,l,t >=

∑
z∈Z

∑
t∈T

Dz,t,l ∀l ∈ L

(3.10)

Note that only one constraint is implemented across all zones and time-steps. This is to
reflect the flexibility and interconnectedness of liquid fuel supply chain. The cost of trans-
porting liquid fuels is already included in cost estimates, and is therefore not accounted for
separately. Moreover, because this modeling approach presumes that the product distribu-
tion from synthetic fuel production cannot be changed without impacting the energy inputs
or capital cost of the process, the amount of each fuel produced can potentially exceed the
amount demanded. In this case, the fuel production is penalized from an emission perspec-
tive, without meeting any specific demand. Finally, because one constraint is implemented
across all timesteps and zones, storage is not accounted for.

Additionally, to reflect possible synthetic fuel mandates, the following constraint is used
to force the model to produce a specific amount of synfuels as a percentage of demand, if a
specific fuel mandate is specified:

(ζl − 1)×
∑
f∈F

∑
t∈T

ωt × xC,Syn
f,l,t + ζl ×

∑
z∈Z

∑
t∈T

ωt × xConv
z,t,l = 0 (3.11)

This is just a reorganization version of the following formula in a way that avoids non-
linearities: ∑

f∈F

∑
t∈T

ωt × xC,Syn
f,l,t /(

∑
f∈F

∑
t∈T

ωt × xC,Syn
f,l,t +

∑
z∈Z

∑
t∈T

ωt × xConv
z,t,l ) = ζl (3.12)

Note that only one synthetic fuel product percentage can be specified, otherwise, the
model will become infeasible.

Synthetic Fuel Power Balance Term

The following expression reflects the power consumption associated with synthetic fuel pro-
duction in a given zone that is added to the overall system power supply and demand balance
at each time step and zone:

BalPowerLiquidFuelz,t =
∑
f∈F z

ωt × xC,Syn
f,t × ppower

f ∀z ∈ Z, t ∈ T (3.13)

This term is added to the overall power balance of the multi-sectoral model.
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Synthetic Fuel H2 Balance Term

The following expression reflects the H2 consumption associated with synthetic fuel produc-
tion in a given zone:

BalHydrogenLiquidFuelz,t =
∑
f∈F z

ωt × xC,Syn
f,t × phydrogenf ∀z ∈ Z, t ∈ T (3.14)

This term is added to the overall H2 balance of the multi-sectoral model.

Liquid Fuel Emissions Balance Terms

The following expression shows the emissions associated with the liquid fuel production and
consumption process. It is made up of 4 terms: 1) the component of CO2 input into the
plant that is released into the atmosphere during the fuel production process 2) emissions
from the consumption of SF (all SFs produced are consumed even if there is no demand
for them) 3) emissions from the consumption of byproducts of SFs production process, and
4) emissions from the consumption of conventional liquid fuels. This terms is added to the
overall multi-sectoral CO2 balance constraint.

BalEmissionsLiquidFuelz =
∑
f∈F z

∑
t∈T

ωt × xC,Syn
f,t × µemit

f

+
∑
f∈F z

∑
t∈T

ωt × xSyn
f,t,l × θliquidl

+
∑
f∈F z

∑
t∈T

ωt × xSyn
b,t,l × θByproduct

b

+
∑
t∈T

ωt × xConv
l,z,t × θliquidl ∀z ∈ Z

(3.15)

The following expression shows the emissions captured with the liquid fuel production
and consumption process. It is made up of 2 terms: 1) the component of CO2 input into the
plant from all captured emissions, which is taken from the CO2 captured in the system 2)
emissions captured from the synthetic fuel plant. This term is added to the multi-sectoral
CO2 captured expression, which includes CO2 captured from H2 and power producing plants,
as well as DAC.

BalEmissionsCapturedLiquidFuelz =−
∑
f∈F z

∑
t∈T

ωt × xC,Syn
f,t

+
∑
f∈F z

∑
t∈T

ωt × xC,Syn
f,t × µcapture

f ∀z ∈ Z
(3.16)
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3.4 Case study: Western European decarbonization sce-
narios for 2040

The developed models are applied to the case study of Western Europe (Germany, France,
the United Kingdom, Belgium, the Netherlands, Denmark, Sweden, and Norway) using a
transportation energy demand model, and a 10-zone network representation for power, H2,
and CCUS supply chains. The network is shown in Figure 3.3. This region is central to
European decarbonization efforts due to the availability of high quality onshore and offshore
wind resources, domestic natural gas supply, and CO2 sequestration potential. Countries in
the region have also shown a significant commitment towards decarbonization and a willing-
ness to invest in a H2 supply chain (European Commission 2019). Starting with a brownfield
power sector representation (i.e. existing power transfer capacity between zones and existing
generation capacity), we explore the least-cost system outcomes for alternative technology,
demand, and policy scenarios for 2040. Since we are focused on transportation energy de-
mand and its energy system impacts, we fix the annual non-road transport electricity and
H2 demand for the region to be equal to the projections available from ENTSOE for their
Distributed Energy Scenario at 2,081 TWh and 468 TWh, respectively [33]. The models
sizes were around 6.5 million rows and 3.5 million columns with 24 million non-zero entries.
Table 3.7 contains major case study assumptions.

Figure 3.3: 10-zone model of the Western European region. The lines connecting the zones
represent existing power transmission paths between the various zones. The transfer capacity
across these transmission paths is a model decision variable.

3.5 Demand-side Model Inputs

This section will cover key demand-side model inputs. To begin with, vehicle category
demand is constructed based on EU Reference scenarios for the year 2040 [35]. The scenarios
provide the service demand in pkm and tkm for 4 vehicle categories. Demand for the UK
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Table 3.7: Major case study assumptions. More details on demand-side input assumptions
can be found in Section 3.5. Details on supply-side assumptions can be found in Section
3.6. Non-transportation demand is based on [34]. Transportation demand is an output of
transportation demand model. Fuel price details can be found in Section A.5.

Parameter Value

2040 Non-transportation Electric Demand 2,080.99 TWh
2040 Non-transportation H2 Demand 468.39 TWh

2040 Non-HDV Transportation Energy Demand 381.66 TWh
2040 Non-HDV Transportation Electric Demand 303.15 TWh

Natural Gas Price 8.56 EUR/GJ
Fossil Gasoline Price 0.84 EUR/L
Fossil Diesel Price 0.93 EUR/L

Discount Rate 4.5%

and Norway is not directly available using the EU reference scenario; we therefore utilize
demand from similar countries, Germany and Sweden, respectively, adjusted by population.

We then further disaggregate the demand for these vehicle categories into vehicle types
as listed in table 3.1. This disaggregation is crucial as a vehicle tonnage and size affects
its energy consumption. Vehicle demand is disaggregated on the basis of vehicle size for
passenger vehicles and payload capacity for freight vehicles using TRACCS, a survey on
transportation demand consumption [36].

To convert transportation service demand to distance demand, loading factors based
on Eurostat are used. Payload factors from TRACCS energy demand inconsistent with
historical data. Table 3.8 shows the loading factors used for each HDV & LCV vehicle
category.

Table 3.8: Vehicle Payload by Category and Type

Vehicle Category Vehicle Type Vehicle Payload (Tonnes)

HDV & LCVs LCV 0.40
HDV - Light 1.36
HDV - Medium 5.51
HDV - Heavy 6.65
HDV - Super Heavy 12.52
HDV - Ultra Heavy 15.12

Additionally, the amount of vehicle distance travelled in each road type is based on [13],
and is as shown in table 3.9.

The baseline market shares for each vehicle drive-train type are based on [13], and are
modified throughout the scenarios as outlined in section 3.7. For plug-in hybrid electric
vehicles, it is assumed that all urban distance utilizes electricity, and the rest of the distance
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Table 3.9: Vehicle Road Type Share by Vehicle Category and Vehicle Type Based on [13]

Vehicle Category Vehicle Type Road Type Share

Rural Urban Highway

Buses and Coaches Buses 0.6 0.3 0.1
Coaches 0.12 0.59 0.29

Passenger Cars All 0.3 0.45 0.25
Two-wheelers All 0.3 0.45 0.25
HDV & LCVs HDVs 0.12 0.25 0.63

LCVs 0.42 0.3 0.28

utilizes liquid fuel (gasoline for passenger vehicles, and diesel for the rest). Table 3.10 shows
the baseline market shares for each drivetrain type.

Table 3.10: Vehicle Baseline Market Share by Vehicle Category and Vehicle Type. The
market share is divided by drivetrain type. Based on [13].

Vehicle Category Vehicle Type Market Share

Diesel Electric H2 Hybrid Electric

Buses and Coaches Buses 1
Coaches 0.4 0.6

Passenger Cars Small 1
Medium 1
Large 0.5 0.5

Two-wheelers Two-wheelers 1
HDV & LCVs LCV 0.6 0.4

HDV - Light 0.6 0.4
HDV - Medium 0.6 0.4
HDV - Heavy 0.6 0.4
HDV - Super Heavy 0.6 0.4
HDV - Ultra Heavy 0.6 0.4

Finally, to convert vehicle distance demand into energy demand, we utilize energy con-
sumption factors from the EU reference scenarios technology assumptions [37].

Non-electric demand for HDV and LCV energy is assumed to be flat, while electric
demand assumed a loadshape based on the ENTSOE TYDNP study [34]. For this study, no
efficiency multipliers are utilized.

3.6 Supply-side Model Inputs

This section will cover key supply-side model inputs. Further details can be found in Ap-
pendix A.
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Table 3.11: Vehicle Energy Consumption by Vehicle Category and Vehicle Type (MJ/km).
The energy consumption depends on the mode the vehicle is operating in. Based on [37].

Vehicle Category Vehicle Type Energy Consumption (MJ/vkm)

Diesel Gasoline Electric H2

Buses and Coaches Buses 4.14
Coaches 9.99 4.14

Passenger Cars Small 0.50
Medium 0.54
Large SUV 2.70 0.65

Two-wheelers Two-wheelers 0.22
HDV & LCVs LCV 2.62 0.61

HDV - Light 4.98 2.02
HDV - Medium 7.18 2.66 4.32
HDV - Heavy 10.07 4.68 6.72
HDV - Super Heavy 13.87 5.94 9.12
HDV - Ultra Heavy 13.87 5.94 9.12

The power system representation of this study is based on a brownfield representation
of the European Grid, adapted from the representation used in the PYPSA-EUR model
and data set [38]. PyPSA-EUR is a state-of-art capacity expansion model developed by re-
searchers at TU Berlin, that also includes detailed data set for the European energy system.
The existing available generation is based on data from the ENTSOE transparency platform
[33]. No retirements are assumed. Costs and operational assumptions for power generation
technologies are based on the NREL Annual Technology Baseline 2022 (using data for the
year 2040, medium case) and Sepulveda et al. [39], [40]. The maximum available genera-
tion capacity and temporally resolved capacity factors associated with the VRE generation
technologies is based on PYPSA-EUR data set. Additionally, we assume that existing power
transfer capacities between regions can be expanded by up to 4 times. New power lines are
assumed to have a maximum capacity of 5,000 MW. A greenfield representation of the H2

and CO2 systems are utilized for this study. THe candidate set of pipelines for CO2 and
H2 pipelines is made up of all the possible combinations of zones (i.e. it is assumed that a
pipeline could be built between any two modelled zones).

Since the focus of this is study is road transportation, the supply-side model considers
supply-demand balance for two liquid fuels; diesel and gasoline. We assume that liquid
fuel demand can be met in one of two ways. The first is using conventional hydrocarbons
purchased at an exogeneously specified price (see Table 3.7) and the second is through
SFs based on syngas production from CO2 and H2 followed by Fischer-Tropsch synthesis.
Three SF plant configurations are modeled, summarized in Table 3.12: A) baseline SF
plant based on Zang et al. and James et al. with 44% of the feed carbon recovered as
liquid fuel, B) high CO2 capture variant of the process described in Zang et al. where a
portion of the vented CO2 is captured for sequestration purposes and C) high fuel production
variant of the process where a portion of the vented CO2 is captured and recycled to syngas
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generation unit to enhance liquid fuel production [25], [41], [42]. This option also results in
increased use of H2 for SF production as shown in Table 3.12. While technology cost and
performance assumptions for option A are sourced from Zang et al. [25], those for option
B are developed by combining the SF process configuration from Zang et al. with the CCS
cost and performance assumptions from a natural gas power plant carbon capture study
[25], [41]. The assumptions for option C is developed by assuming that the vented CO2 is
captured in a process similar to option B, but that the captured CO2 is used as feed to the
SF process instead of being stored. The model is allowed to choose between these 3 options
as part of the optimization.

Additional co-product (i.e. jet fuel) from the SF production facility, for which we do not
model an exogeneous demand, is credited for its market value in the objective function of
the supply-side model and is included as an emissions source in the emissions constraint.

Table 3.12: Cost and performance assumptions for synthetic fuel production with different
levels of CO2 utilization. Process information for the right two plant scenarios is generated
by approximately accounting for the cost and emissions for CO2 capture from the flue gas
produced by the baseline plant, using data for flue gas CO2 capture for a natural gas combined
cycle power plant [25], [41]. Some minor modifications for processes from original sources are
made to ensure facility carbon balance is satisfied for the specified fuel carbon intensities.
The carbon intensities of the diesel, gasoline, and jet fuel are 70, 67, and 68 kg of CO2/GJ,
respectively.

Syn Fuel Production Technology Option A:
Baseline
Synfuel
Plant

Option B:
Synfuel
Plant w/
Capture

Option C:
Synfuel
Plant w/
Capture
and
Recycling

CAPEX (MEur/MW of Fuel Out) 2.01 3.15 3.15

CO2 Emissions (Tonnes of CO2 / Tonne of CO2

Feed)
0.56 0.06 0.11

H2 Consumption (GJ of H2 / Tonne of CO2 Feed) 10.7 10.7 21.4
Electricity Consumption (GJ of Electricity /
Tonne of CO2 Feed)

0.13 0.39 0.76

Diesel Out (GJ / Tonne of CO2 Feed) 1,879 1,879 3,687
Gasoline Out (GJ / Tonne of CO2 Feed) 1,780 1,780 3,493
Jet Fuel Out (GJ / Tonne of CO2 Feed) 3,204 3,204 6,288

We model DAC technologies based on solid-sorbent and solvent based schemes as per
the cost and performance assumptions developed by NETL [43]. We model CO2 geological
sequestration sites and capacities as per the data available saline aquifers from the EU
GeoCapacity project [43]. The model is allowed to invest in CO2 pipelines to connect CO2

sources and sinks.
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Table 3.13 summarizes the list of technologies considered across various sectors in the
supply-side modeling efforts.

Table 3.13: Summary of technologies considered in the supply-side analysis. Bolded re-
sources have spatially-resolved capacity deployment limits. Italicized resources are not
considered for expansion. CCGT w CCS, SMR w CCS, and ATR w CCS capture rates are
95.0%, 96.2%, and 94.5%, respectively. Detailed technology cost and performance assump-
tions are provided in Appendix A

Sector Technologies considered

Power Utility-scale VRE, CCGT w & w/o CCS, OCGT, Nuclear, Coal,
Lignite, Hydro, Pumped Hydro, Biomass, Li-ion storage, Trans-
mission

H2 Steam Methane Reforming (SMR) w and w/o CCS, Autothermal
Reforming (ATR) w CCS, Electrolyzer, Tank H2 storage, CCGT-
H2, H2 pipelines

CO2 Direct air capture (DAC), CO2 transport pipelines, and CO2 geo-
logical storage

Liquid Fuels Conventional Fuels, Synthetic Fuels

3.7 Scenarios evaluated

We evaluated alternative scenarios spanning different assumptions for compressed H2 use for
HDV transportation, minimum levels of SF utilization, and CO2 sequestration availability,
as shown in Figure 3.4. The evaluated CO2 emissions constraint of 103 MTonne represents a
high degree of deep decarbonization for power and transportation sectors. To contextualize
the magnitude of the emission limit, 103 MTonnes, it corresponds to almost 90% reduction
in electricity and heat production, and road transportation sector emissions relative to 2019
levels. Emission limits are enforced jointly across sectors, which allows for emissions trading
across sectors.

To test the impact of CO2 sequestration availability on model outcomes, we consider a
baseline CO2 sequestration potential scenario, which allows for up to 650 MtCO2/year of
sequestration distributed across the modelled region and an alternative scenario where no
CO2 sequestration is available. Widespread availability of CO2 sequestration is likely to
incentivize adoption of carbon capture technologies, while their limited availability could
motivate greater reliance on renewable energy adoption and CO2 utilization via SF.

To isolate the energy system impacts of H2 and synthetic fuel use for HDVs, we evaluated
the model across different H2 and SF adoption. We create a baseline case (no H2 HDV, no
SFs HDV, bottom left in Figure 3.4) where all the HDV demand is met either through diesel
either via internal combustion engine vehicles or PHEVs. For the purposes of this study, we
assume that the percentage of plug-in hybrid EV-diesel vehicles and other EVs is static. The
amount of H2 HDVs is varied between none to medium to high, which is equivalent to 0%,
50%, and 100% of the demand satisfied by the diesel ICE vehicles in the baseline scenario.
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Synthetic use in HDV

H2 use in HDV Çç√

No H2 HDV 

High H2 HDV 

No Synfuels HDV High Synfuels HDVMedium Synfuels HDV
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No CO2 Storage

Baseline 

CO2 Storage

Medium H2 HDV

Power + H2 + Road 
Transportation joint 

CO2 emissions 
constraint = 103 

Mtonnes

Core Scenario Set 1:
Impact of H2 HDV Adoption

Core Scenario Set 2:
Impact of SynFuel HDV Adoption

Figure 3.4: Summary study scenarios. Each bubble represents a scenario. The y-axis rep-
resents varying levels of H2 HDV adoption (between 0 and 142 TWh of H2 consumption),
while the x-axis represents varying levels synthetic fuel adoption (between 0 and 128 TWh
of Synthetic Diesel consumption). All scenarios are equivalent from an emissions capping
perspective with a cap of 103 MTCO2. HDV fleet represents all vehicle types with gross
weight greater than 7.5 tonnes. Baseline CO2 storage corresponds to maximum annual CO2

storage injections equal to 650 MtCO2/year. More details on the transportation demand
scenarios can be found in 3.5 and 3.6. Synfuel = SF

Figure 3.5 shows the results of the demand-side model for the varying levels of H2 HDV
adoption. Similarly, the amount of SF use in HDVs is varied between none to medium to
high, which is equivalent to 0%, 25%, and 50% of diesel demand in the baseline scenario.
Figure 3.6 shows the energy consumption broken down by fuel type for the second set of core
scenarios. This scenario set is motivated by recent policy discussions in the EU that utilize
synthetic fuel production as part of a set of transportation sector decarbonization policies
[44].

For these transportation energy demand scenarios, a few key points are to be noted: a)
all scenarios assume a fixed amount of electricity use for LDV and some segments of HDV
with a high degree of electrification (illustrated in Figure 3.5). This also implies that gasoline
consumption for road transportation also remains constant across the scenarios, b) scenarios
with increasing H2 adoption leads to reduced end-use diesel consumption, c) HDV energy
consumption represents a 36-42% of modeled road transportation energy consumption.

In addition to the core set of scenarios outlined above, we ran 4 additional sets of sensi-
tivity scenarios summarized in table 3.14. The first is the based on core scenario set 1, but
with a relaxed emissions constraint (258 MtCO2 or roughly 25% reduction level compared
to 2019 emissions from transport, power and heat production), as shown in Figure C.1. The
second is based on core scenario set 1, but with sensitivities around natural gas price, +/-
30% of the baseline scenario natural gas price, as shown in Figure C.6. Natural gas price is
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Figure 3.5: Transportation final energy consumption across different H2 HDV adoption sce-
narios. HDV energy use included in the category Heavy-duty Vehicles and Light Commercial
Vehicles (HDVs & LCVs), representing 71-76% of the category’s energy consumption, and
36-42% of road transportation energy consumption.

Figure 3.6: Transportation final energy consumption across different SF HDV adoption
scenarios at medium H2 HDV adoption. HDV energy use included in the category Heavy-
duty Vehicles and Light Commercial Vehicles (HDVs & LCVs).

a key input as the relative price between natural gas and electricity determines the type of
H2 production, while the relative price between natural gas and liquid fuels determines the
cost-effectiveness of H2 and SF-based transportation decarbonization solutions.

The third sensitivity set focuses on the impact of lower levels of H2 adoption in the
transport sector. Here, we use the same assumptions as the core scenario set 2, but with a
lower level of H2 adoption C.14. Because the gross demand for diesel is higher in the absence
of any H2 adoption, the percentage of synthetic diesel out of diesel demand was adjusted to
maintain the same gross amount of synthetic diesel demand across core scenario set 2 and
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sensitivity set 3. The final set of sensitivities is the same as core scenario set 1, but with
sensitivities around natural gas price, +/- 30% of the baseline scenario natural gas price, as
shown in Figure C.19.
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Chapter 4

Results

4.1 System impacts of H2 adoption in HDVs

The power and H2 generation impacts resulting from increasing H2 adoption for HDVs under
two CO2 storage scenarios and without any SF utilization are highlighted in Figure 4.1 (see
Figure 4.2 for capacity outcomes). In the absence of CO2 storage, Figure 4.1 shows that the
model produces an infeasible supply-side solution in the case of no H2 use in HDVs. This
infeasibility is a result of the emissions limit being lower than the CO2 emissions associated
with liquid fuel consumption in the transportation sector. Use of H2 for HDVs, however,
resolves the model infeasibility and leads to incremental H2 supply via electrolytic hydrogen
production that consumes 110.1 - 206.2 TWh of electricity or approximately 5.3 - 9.9% of
non-H2 sector electricity demand. Increasing the share of H2 in HDVs from medium to high
results in CO2 emissions reduction in the transportation sector at the expense of increased
power sector emissions through utilization of existing NG generation without CCS that
displaces investments in wind and solar generation. For example, wind and solar generation
share with high H2 HDV is 75% compared to 77% in the medium H2 HDV case. Moreover,
this emissions trading across sectors results in a lower marginal abatement cost for the same
emissions constraint (see Table S XX). In all cases, the maximum level of capacity deployment
for VREs (including on-shore wind) is not reached for all regions.

The availability of CO2 storage results in deployment of CCS technologies for power
and H2 generation as shown in Figure 4.1 which reduces the power sector impacts of H2

adoption in HDV and also leads to a feasible solution without H2 use. This is achieved via
the deployment of DAC and CCS technologies in conjunction with CO2 storage, as indicated
in the CO2 inflows in Figure 4.3. CO2 storage availability also leads to deployment of CO2

infrastructure, that is utilized by both DAC and CCS technologies in the power and H2

sectors. Similar to the case without CO2 storage, increasing H2 use for HDVs leads to
a greater role for gas-based power generation without CCS that comes at the expense of
reduced liquid fuels in transport, gas generation with CCS and DAC deployment (Figure
4.3). At the same time, we see an increase in CCS-based H2 production (greater carbon
inflows in Figure 4.3) which highlights relative cost-effectiveness of deploying CCS in H2 vs.
power generation [45].

Despite achieving the same emissions target, scenarios with CO2 storage result in: a)
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greater overall CO2 throughput as compared to scenarios without CO2 storage, owing to
greater total fossil fuel utilization (Figure 4.3 and 4.5) and b) lower marginal CO2 abate-
ment costs. The availability of CO2 storage allows for greater NG consumption per unit
of liquid fossil fuel displacement via H2 across the medium to high H2 use levels (Fig. 4.5
top panel). Despite these substitution effects, it is important to note that NG consumption
in the scenarios are 61 - 65% lower than the 2019 levels. Additionally, the percentage of
electricity produced by fossil fuel sources is 9.8 - 10.1% in our scenarios compared to 34%
in 2015, despite a significant expansion of the power sector. It is worth noting that all CO2

diagrams include all transportation emissions including non-HDV vehicle categories.
Comparing scenarios with and without CO2 storage also reveals the complementary na-

ture of VRE and electrolyzer deployment (Figure 4.1). This result, previously noted by other
studies, is a result of the capability to operate electrolyzer in a flexible manner in conjunc-
tion with H2 storage and H2 pipelines, so as to maximize H2 production during times and
locations of low electricity prices, synonymous with abundant VRE electricity supply [45].

Figure 4.1: Power and H2 generation for baseline and no CO2 sequestration scenarios under
no synthetic fuel adoption. The left set of charts shows power generation and the right set of
charts shows H2 generation. Within each panel, the amount of H2 HDV adoption increases
moving from left to right.
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Figure 4.2: Power and H2 capacity for baseline and no CO2 sequestration scenarios under no
synthetic fuel adoption. The left set of charts shows power generation and the right set of
charts shows H2 generation. Within each panel, the amount of H2 HDV adoption increases
moving from left to right.
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Figure 4.3: System CO2 balance under varying levels of H2 HDV adoption and no SF adop-
tion. The subfigure on the left shows the CO2 balance under no CO2 sequestration availabil-
ity, while the one on the right shows the CO2 balance under baseline CO2 storage availability.
Within each subplot the H2 HDV adoption level increases left to right. The leftward column
represents CO2 input into the system, while the rightward column represents CO2 outputted
by the system. This is a representation of Figure 5.1. All scenarios adhere to the same emis-
sions constraint of 103 MTonnes. Emissions constraint can be calculated from the chart by
subtracting sequestered emissions and DAC atmospheric capture from the emission outflows.

Figure 4.4: Annualized bulk-system costs under varying levels of H2 HDV adoption and no
SF adoption.The subfigure on the left shows the cost breakdown under no CO2 sequestra-
tion availability, while the one on the right shows the cost breakdown under baseline CO2

sequestration availability. Within each subplot the H2 HDV adoption level increases left to
right. The costs do not include vehicle replacement or H2 distribution costs.

Irrespective of CO2 storage availability, increasing H2 use in the transportation sector
reduces bulk energy system costs, with reductions of up to 6% observed when comparing
the no H2 HDV scenarios to the high H2 HDV adoption scenarios. As seen in Figure 4.4,
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the cost savings primarily stem from reduced liquid fuel consumption, but also lower power
system costs due to reduced decarbonization of this sector and lower carbon supply chain
costs due to the reduced reliance on DAC. These savings fully counteract the net increase in
H2 system costs associated with meeting the added H2 demand. There are two important
caveats to these findings. First, these results only represent bulk system costs and do not
include the cost of distribution, refueling and vehicular infrastructure associated with H2

use for HDV. H2 use in HDV transportation would only be cost-effective, if the additional
end-use infrastructure and equipment upgrades do not outweigh the bulk energy system cost
savings estimated here. Second, because H2 use displaces liquid fuels in lieu of increases in
NG utilization in some scenarios, these results are sensitive to the relative price of NG and
diesel,in the case with CO2 storage available, which in this study was assumed to be 8.56
and 26.63 Eur/MMBtu, respectively (Table 3.7). In Figure C.12, we show how decreasing
spread between NG and liquid fuel costs reduces the incentive for H2 use in HDVs and vice
versa (see section 4.3.2).

The results uncover trade-offs between the utilization of liquid fossil fuels and NG, as
showin in Figure 4.5. In scenarios without CO2 storage, the adoption of H2 HDVs results in
an increase of NG consumption. This occurs due to the reallocation of the emissions budget
from the transportation to the power sector, allowing for expanded NG-based generation.
The relationship is not as straight-forward in the scenarios with CO2 storage: while the NG
consumption increases due to the expansion of NG-based H2 production, it decreases due to
the contraction of DAC. The net change in NG consumption depends on the relative size of
these two effects.
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Figure 4.5: Trade-off between natural gas (NG) and liquid fossil fuel utilization. The sub-
figure on the top shows the relationship for the H2 HDV scenarios(i.e. scenario set 1), while
the one on the bottom shows the relationship for SF adoption scenarios (i.e. scenario set
2). Within each subplot the amount of natural gas consumption can be examined on the
x-axis, while the amount of liquid fossil fuel consumption can be examined on the y-axis.
The amount of H2 and SF HDV adoption increases from top to bottom. The amount of
liquid fossil fuel consumption includes diesel and gasoline, and excludes jet fuel as well as
excess synthetic fuels.

4.2 System Impacts of Synthetic Fuel Adoption

The power and H2 generation impacts resulting from SF production under various CO2 stor-
age scenarios and with medium H2 HDV utilization are highlighted in Figure 4.6 (capacity
results are shown in Figure 4.7). The production of SFs requires three inputs: H2, CO2 and
small quantities of electricity inputs as shown in Table 3.12. The maximum CO2 abatement
potential of SFs is realized when the H2 and electricity supply are sourced from low-carbon
sources while the CO2 is sourced from atmosphere. Consequently, we find that the hydro-
gen for initial levels of SF production is sourced primarily using electrolysis even when CO2

sequestration is available (Figure 4.6). However, increasing electrolyzer deployment raises
electricity demand and consequently, the average electricity price seen by the electrolyzer
[46]. For further increases in SF production, it is more cost-effective to produce H2 via NG
SMR with CCS rather than electrolysis as shown in Figure 4.6. Overall, SF production
is accompanied by an 142% increase in H2 production vs. non-transport H2 demand, as
compared to 30% increase in the case of H2 use in HDVs (Figure 4.1), reflecting the lower
energy efficiency of SF based decarbonization strategies (note these are not equivalent sce-
narios in terms of degree of decarbonization). By extension, and as a result of the expanded
electrolyzer-based H2 demand, a large incremental growth in power sector is also required for
SF production, with a growth in power generation of 44% and 33% vs. non-transport power
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Figure 4.6: Power and hydrogen generation for baseline and no CO2 sequestration scenarios
under medium H2 HDV adoption and varying scenarios of synthetic fuel adoption. The left
set of charts shows power generation and the right set of charts shows H2 generation. Within
each panel, the amount of synthetic fuel adoption increases moving from left to right.

demand in the no CO2 and baseline CO2 storage cases, respectively. As shown in Figure 4.6,
the growth in power sector generation resulting from SF adoption is dominated by VRE,
primarily wind, reinforcing the synergies between electrolyzers and VREs noted earlier.

49



Figure 4.7: Power and H2 capacity for baseline and no CO2 sequestration scenarios under
medium H2 HDV adoption and varying scenarios of synthetic fuel adoption. The left set of
charts shows power generation and the right set of charts shows H2 generation. Within each
panel, the amount of synthetic fuel adoption increases moving from left to right.

Figure 4.8: System CO2 balance under varying levels of SF adoption and medium H2 HDV
adoption and varying scenarios of synthetic fuel adoption. The subfigure on the left shows
the CO2 balance under no CO2 sequestration availability, while the one on the right shows
the CO2 balance under baseline CO2 sequestration availability. Within each subplot the
SF adoption level increases left to right. The leftward column represents CO2 input into
the system, while the rightward column represents CO2 outputted by the system. This
is a representation of Figure 5.1. Emissions constraint can be calculated from the chart by
subtracting sequestered emissions and DAC atmospheric capture from the emission outflows.
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In both CO2 storage scenarios, increasing SF production also leads to additional DAC
deployment, as highlighted in Figure 4.8, ensuring that the emissions constraint. This occurs
despite the increasing share of liquid fuels used in HDV vs. no SF case (illustrated by the
reduction of the size of the black stacks in Figure 4.8). Additionally, as the amount of SF
adoption increases, an additional emissions penalty resulting is incurred from the production
of jet fuels. Further, because excess gasoline is produced beyond system requirements in the
high SF adoption case, there is a large increase in DAC deployment between the medium
and high SF adoption cases. The excess gasoline results in an emissions penalty.

In the baseline CO2 storage case, sequestration requirements are reduced in the medium
SF case, but are subsequently increased to account for the expansion of NG based H2 produc-
tion with CCS. Among SF production processes considered, we see a consistent preference
for the pathway with the lowest overall emissions as noted in Table 3.12, option B. In other
words, pathways that maximize feed carbon conversion into one of two co-products, either
SF or captured CO2, are preferred over pathways with lower carbon conversion.

Figure 4.9: Annualized bulk-system costs under varying levels of SF adoption and medium
H2 HDV adoption and varying scenarios of synthetic fuel adoption. The subfigure on the
left shows the cost breakdown under no CO2 sequestration availability, while the one on
the right shows the cost breakdown under baseline CO2 sequestration availability. Within
each subplot the SF adoption level increases left to right. The costs do not include vehicle
replacement or H2 distribution costs.

The cost impacts of the adoption of SFs are shown in Figure 4.9 where we see that cost
savings from reduced purchases of liquid fossil fuel are more than offset by cost increases
resulting from expanding energy infrastructure of other vectors (H2, CO2, electricity) to
produce SFs. Thus, per our modeled assumptions, SFs would not be cost-optimal to deploy
across any of the scenarios evaluated here (note that we modeled SF adoption as a minimum
requirement per Eqn. 3.3.1). Interestingly, in both CO2 storage cases, the adoption of SFs
increases costs by differing magnitudes; in the no CO2 storage scenario, system cost increase
by 3% and 14% for the medium and high SF adoption cases, respectively. In the baseline
case, the costs increase is more even; the costs only increase by 14% from the No SF case to
the Medium SF case, and then 18% from the Medium SF to the High SF case. As such, the
system cost increase resulting from SF deployment is lower when no CO2 storage is available
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due to the limited number of abatement options in the power generation and H2 sectors,
particularly in cases where no excess by-products exist.

In this set of scenarios, we also observe trade-offs between the utilization of liquid fossil
fuels and NG, as showing in Figure 4.5. In all scenarios, we see an increase in the amount
of NG consumed as a result of SF deployment. The increase results from the increased
adoption of DAC, expansion of NG-based H2 production, and SF production processes.
This is particularly true in the high SF case, where there is a large expansion of DAC, in
addition to an expansion of NG-based H2 production.
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4.3 Sensitivities of Emissions Constraints, Natural Gas
Price, and Level of Fuel Substitution in HDV Sector

4.3.1 Sensitivity Scenario Set 1: Sensitivity to Stringency of Emis-
sions Constraint

The first sensitivity scenario set is based on core scenario set 1, but at a relatively relaxed
emissions cap (detailed results can be found in Section C.1). This sensitivity explores the
importance and effectiveness, or lack thereof, of transportation decarbonization measures
under relatively more relaxed emissions constraints. This sensitivity highlights how the
viability of low-carbon fuels like H2 (and by extension SFs) are impacted in the case of less
stringent decarbonization targets for 2040.

Per Figure C.3, for scenarios with no CO2 storage, the added H2 demand is met through
grey H2, while in baseline CO2 storage scenario, the added H2 demand from H2 HDVs is
met using blue H2. The substitution of fossil fuels in the transportation sector also reduces
the need for fossil fuel substitution in the power sector (See Figure C.3), resulting in the
expansion of fossil fuel power generation in the baseline scenario in the form of NG in the
no sequestration case. In the baseline CO2 sequestration case, we also see a substitution
of less polluting fossil fuel power generation for more polluting fossil fuel generation (i.e. a
substitution of NG with CCS to NG, and NG to coal), as seen in Figure C.3).

In contrast to the stringent emissions constraint case, we also see no deployment of
DAC under relaxed CO2 constraints (See Figure C.4). In addition, the bulk system cost
savings are lower compared to the stringent emissions cap case (See Figure C.5): for the
no CO2 storage case, the cost reduction between medium and high H2 HDV adoption is
4% compared to 12% in the stringent emissions cap case. For the baseline CO2 storage
case, the cost reduction between no H2 HDV adoption and high H2 HDV adoption is 8%,
compared to 12% in the stringent emissions case. This highlights the increased importance
of transportation decarbonization under stringent emissions constraints.

4.3.2 Sensitivity Scenario Set 2: Impact of Natural Gas Prices on
H2 HDV Adoption Scenarios

The second sensitivity scenario set is based on core scenario set 1, but with varying NG
prices (See Section C.2 for detailed results). This sensitivity analysis is motivated by the
recent volatility in NG supply following the Russian invasion of Ukraine in Feb 2022 [47].
While our base case NG prices are based on the assumption that supply for NG in European
context is based on liquified natural gas (LNG), there is considerable uncertainty in the
future evolution of the LNG market itself. For these reasons, our sensitivity focuses on
testing how our model outcomes regarding H2 and SF adoption change with changes in NG
prices.

The impacts of NG prices under the no CO2 scenario are almost negligible due to low
levels of NG consumption. This is due to the lack of alternative methods of H2 production,
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since blue H2 is not feasible without storage. The lack of CO2 storage means that the
emissions budget is met through the use of a limited amount of NG in the power sector (See
Figure C.7). The impacts in baseline CO2 storage case are more substantial. For instance,
the amount of H2 produced using electrolyzers increases from 101.75 TWh to 217.7 TWh
in medium H2 HDV case between the low NG price and the high NG price sensitivities
(See Figure C.9). Additionally, a shift away from NG power generation towards VREs also
occurs; in the medium H2 HDV case for instance, the percentage of wind and solar generation
increases from 52% in the low NG price case to 61% in the high NG price case. Additionally,
the fossil-based generation shifts from gas w/ CCS towards gas (See Figure C.7). This
combination of shifts in H2 generation and power production, as well as a reduction in DAC
deployment, results in a reduction of CO2 sequestration requirements from 273 MTonnes of
CO2 to 163 MTonnes of CO2 (See Figure C.11). The cost savings arising from the increased
adoption of H2 HDVs from none to high with baseline CO2, decreases from 13% in the low
NG price case to 11% in high NG price case (See Figure C.12). While the cost savings margin
decreases with higher price of NG, the limited change suggest that the results are somewhat
robust to the price of NG. Finally, the cost of NG has a large impact on the total amount
of NG consumption as seen in Figure C.13; the amount of fuel consumption increases by
around 75% for the baseline CO2 storage case.

4.3.3 Sensitivity Scenario Set 3: Effect of H2 adoption on the Sys-
tem Impacts of Synthetic Fuel Adoption

The third sensitivity scenario set is based on the the second core scenario set, but with no
H2 HDVs as opposed to a medium level of H2 HDV adoption (See Section C.3 for detailed
results). The motivation behind this scenario is to explore the robustness of the results to
the base level of H2 HDVs. As in core scenario set 1, without the adoption of transportation
fuel substitution measures and with the lack of CO2 storage availability, the supply-system is
infeasible. However, we see that the adoption of SFs allow for sufficient system decarboniza-
tion to meet the necessary emission constraints (See Figure C.15). This highlights the key
role SFs can play in highly decarbonized systems. In the no CO2 storage case, the expansion
of the power sector to meet electrolyzer demand in H2 sector is notable, mostly occurring
with the expansion of VREs. Additionally, we see that the existence of a utilization pathway
allows for the deployment of DAC, even in the absence of CO2 storage C.17. In the baseline
CO2 storage case, the H2 demand is met with a mixture of blue and green H2 (See Figure
C.15).

If we compare this scenario set with core scenario set 1, we notice a few key trends. The
first is that the cost of decarbonziation with SFs is higher than the cost of decarbonization
with H2. Secondly, is that we see a greater role for DAC when SFs are utilized. This role
expands with greater transportation sector decarbonization. Finally, the role of NG is larger
when decarbonization using SFs occurs.
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4.3.4 Sensitivity Scenario Set 4: Impact of Natural Gas Prices on
SF HDV Adoption Scenarios

The final sensitivity is based on the second core scenario set, but with varying NG prices (See
Section C.4 for detailed results). The impact of the higher NG prices mirrors some of the
findings in the second sensitivity scenario set discussed earlier. The impacts of NG prices on
the power and H2 supply mixes under the no CO2 storage scenario are also almost negligible
due to low levels of NG consumption. The lack of CO2 storage means that the emissions
budget is met through the use of a limited amount of NG in the power sector (See Figure
C.20). Further, as in the second scenario sensitivity set, higher NG prices result in a larger
share of H2 production from electrolyzers. In particular, the amount of H2 produced using
electrolyzers increases from 266.3 TWh to 647.9 TWh in medium H2 HDV case between
the low NG price and the high NG price sensitivities (See Figure C.21). Additionally, the
cost increases from the increased adoption of SynFuel from none to high, increases from 33%
in the low NG price case to 34% in high NG price case under baseline CO2 storage, and
increases from 15% in the low NG price case to 17% in high NG price case under the no CO2

storage(See Figure C.25). Finally, the amount of gas consumption decreases from 1617-2354
TWh in the low NG price case to 955-1167 TWh in the high NG price case.
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Chapter 5

Discussion

5.1 Takeaways and Implications

Our analysis reveals the inter-dependence between different sectoral decarbonization strate-
gies, resulting from system carbon balance shown in Fig. 5.1. These strategies include: 1)
fossil fuel substitution in the transportation sector (e.g. use of H2 or SFs) 2) fossil fuel emis-
sions abatement via CO2 sequestration, 3) fossil fuel substitution in power and H2 production,
and 4) atmospheric CO2 removal. All these strategies change the inflows and outflows of
CO2 into the system as highlighted in Figure 4.3 and 4.8. We see how the emphasis on
each decarbonization strategy changes depending on CO2 storage availability and emissions
constraints (see sensitivity results in appendix). For example, as H2 use in HDVs increases,
the reliance on fossil fuel substitution in the power and H2 sector, carbon sequestration
(when available) and atmospheric carbon removal decreases. In contrast, the adoption of
SFs generally increases the reliance on atmospheric carbon removal and sequestration, when
available, as well as the role for fossil fuel substitution in power and H2 production mix.
Below we discuss the policy implications of our findings, while considering the prevailing
policy landscape in the European context that was the basis for our case study. A summary
of key takeaways and findings can be found in Table 5.1.

Figure 5.1: System emissions balance corresponding to equation 1. All terms are assumed
to be positive in value.

In the absence of CO2 storage, deep decarbonization of power, H2 and transportation
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sectors without liquid fossil fuel substitution (using H2, SFs, or other methods not consid-
ered in this study) in the power sector may not be viable, as illustrated by the infeasible
outcomes from the modeled scenarios mimicking these conditions. This finding reinforces
the importance of demand-side measures to enable transportion decarbonization in order to
reduce fossil fuel consumption, including HDV vehicle efficiency improvements, as well as
regulations to phase out new ICE vehicle sales etc.. Such measures have been introduced by
some of the countries in our case study (e.g. U.K), albeit to a limtied extent so far.

We find that the bulk system cost savings result from adopting H2 directly in HDVs, as
opposed to bulk system cost increases resulting from using H2 to first produce SFs that are
then used in HDVs. While the bulk system cost savings are one measure of relevance, several
other factors need to be considered when comparing the two different fuel options. In the
case of H2, substantial investment in distribution, refueling, and vehicular infrastructure will
be needed. This is not accounted in our analysis. For SFs, these costs are expected to be
minimal since SFs can use the existing vehicular, distribution, and refueling infrastructure
developed for fossil-based liquid fuels, thereby minimizing impact on vehicle owners and
operators.

We find that SFs adoption tends to be most cost-effective in the absence of CO2 seques-
tration capacity and when deployed at a limited scale. The widespread adoption of SFs (high
SF adoption scenario representing 50% of HDV demand) results in much larger cost impacts
irrespective of the CO2 storage assumption. These cost increases stem from the significant
investment in not only H2 and by extension electricity supply chains but also CO2 supply
chains, in particular deployment and substantial scale up of emerging DAC technologies,
as well as CO2 transportation infrastructure. Additionally, the production of excess liquid
fuel byproducts incurs an emissions penalty. Further, the system carbon balance (Figure
4.8) with SFs has many more components than the system without SFs adoption. At an
individual producer level, ascertaining the low-carbon nature of SFs will require establishing
regulations and possibly new tracking mechanisms that account for the induced grid emis-
sions associated with each new load. Recent discussions in the U.S. and European context on
ascertaining the carbon intensity of low-carbon H2 are a harbinger to the challenges facing
carbon intensity assessment for SFs producers, who also have to consider embodied emissions
burdens of the CO2 feedstock. These factors could create uncertainty around supply of SFs
and incentivize certain vehicle owners, particularly fleet operators with fixed routes and high
utilization (e.g. city buses, fleets operating across major freight corridors) to choose the
more capital intensive yet energy efficient option of H2-based HDVs to decarbonize their op-
erations. Finally, the lack of flexibility in SF production should be noted in that the amount
of each product of SF production is determined by the set-up of the process from a chemical
engineering perspective. Modifying the outputs to meet demand can have implication on
process efficiency, or may not be possible. In some of the scenarios explored in this study,
the amount of synthetic gasoline produced exceeded the demand for gasoline, highlighting
the drawbacks of the the SF production process.

This study also illustrates how the availability of CO2 sequestration impacts energy sys-
tem decarbonization. While spatially-resolved estimates of technical CO2 storage capacity
have been developed, other factors like social acceptance might constrain practically avail-
able CO2 sequestration capacity. At the same time, limiting sequestration capacity results
in increased reliance on electrolyzer-based H2 production and consequently VRE generation
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for power generation, highlighting societal tradeoffs implicit in the choice of decarboniza-
tion pathway. Another interesting trade-off revealed in our analysis is the increase in NG
consumption in lieu of liquid fossil fuels displacement via H2 or SFs adoption. This is partic-
ularly relevant for policy makers to consider given the precariousness of European NG supply
after the Russian invasion of Ukraine. In our standard cases, our NG prices are synonymous
with long-term projections for liquified natural gas prices. That assumption, combined with
the deep decarbonization emissions constraint ensure that overall NG consumption levels for
power and H2 production are well below 2019 levels in our cases. At the same time, we find
that substitution of fossil liquids with NG is part of many of the cost-optimized decarboniza-
tion scenarios studied here and potentially provides a roadmap for reducing fossil liquid fuel
imports in the European context, at the cost of increasing NG imports and reliance.

The integrated energy system modeling framework used here allows for co-optimizing sup-
ply chains for electricity, H2, CO2 and liquid fuels and thus evaluate potential cross-sectoral
impacts of multi-sector deep decarbonization. Through the case of power-H2-transportation
interactions in the European context, we highlight key enabling opportunities for cost-
beneficial sector coupling across sectors. Importantly, as opposed to sectoral emissions goals
or prescribed technology carveouts, such as policies part of the Inflation reduction Act in the
U.S., a joint emissions reduction approach (e.g. carbon tax or cross-sectoral emissions cap),
allows for leveraging a broader suite of technologies and their synergistic operational inter-
actions (e.g. electrolyzer and VRE operation, deploying CCS where it is most cost-effective)
[48]. In practice, the economic efficiency gains of joint emissions reduction efforts may be
realized through carbon trading similar to the EU ETS, that includes multiple sectors.

5.2 Limitations and Further Work

Due to the complexities of multi-sectoral systems analysis, there are a few limitations associ-
ated with this study. The first is on the emissions and cost accounting for jet fuel emissions.
Ideally, jet fuel supply chains and demand would be accounted for. However, because this
study is only focused on road transportation, we exclude demand for jet fuel from the model.
To account for synthetic jet fuel in terms of emissions and costs, we penalize jet fuel emis-
sions, while crediting them as a by-product sold on the market. This does not fully account
for the emissions benefits of utilizing jet fuels in the transportation sector. An alternative
study that incorporate jet fuel demand could exhibit further benefits to the utilization of
SFs. In a similar vein, in some scenarios (the high SF HDV scenarios) excess gasoline is
produced beyond what is demanded in the passenger sector. In this case, the demand is
penalized from an emissions perspective. In any case, while different approaches may be
taken to account for costs and emissions from by-products, the potential inflexibility of SF
production processes is notable. As exhibited in this study, this does not occur unless SFs
are adopted on a very wide-scale.

Additionally, further work can be done integrating a fleet turnover model into this anal-
ysis, to account for costs and lifetimes of vehicle replacements. Given the longer lifetimes of
HDVs, it is worth noting that some fleet operators may be locked into a specific vehicle tech-
nology. Current policies around HDVs in the EU are promoting more efficient ICE HDVs.
The cost of turning over these vehicles prior to the end of their life could prove to raise the
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Table 5.1: Summary of Advantages and Disadvantages of Transportation Decarbonization
Strategies

Advantages Disadvantages
H2 Heavy-duty
Vehicles • Reduces decarbonization

burden on other sectors

• Reduced bulk system costs

• Reduces need for CO2 Se-
questration

• Relies on unproven tech-
nologies (SMR w/ CCS,
Electrolyzers, H2 vehicles)

• Costs of distribution net-
work, refueling infrastruc-
ture, and vehicle replace-
ment could be high

• Increases natural gas con-
sumption in most cases

Synthetic Fuels

• Reduces decarbonization
burden on other sectors

• Utilizes existing liquid fuel
vehicles and infrastructure

• Beneficial in cases with no
CO2 storage

• Continued reliance on liquid
fossil fuels

• Increases DAC deployment

• Increases system CO2

throughput

• Relies on unproven tech-
nologies (synthetic fuel pro-
duction)

cost of adoption H2 HDVs, and would increase the cost-effectiveness of SFs.
This study also does not account for distribution costs of HDVs beyond a high-level

accounting for distribution and refueling costs. In reality, the distribution and refueling
costs of H2 and liquid fuels could be significant. Given that this is a macro-energy system
study, we focus the bulk-system. More generally, due to the forward-looking nature of this
study, many unproven technologies are assessed including DAC, CCS plants, large scale H2

production, and SF production. Whether these technologies materialize and at what cost is
still unknown.

Another consideration is to expand the available technology options for HDV decar-
bonization. In this study we only considered two decarbonization pathways for two types of
vehicles, H2 HDVs and SF. Both these solutions have not materialized at a large scale. Ad-
ditionally, other options could also materialize such as EV HDVs, NG vehicles, or a further
expansion of biofuels. EV HDVs, in particular, could hold more promise due to synergies
with passenger vehicle electrification. It is worth noting that the level of electrification is
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kept constant throughout this study. Further analysis should be completed to analyze the
full tapestry of possible options.

Finally, in this study we assumed no generation retirements. This assumes that much of
the generation units could have their lifetimes extended at no cost.
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Chapter 6

Conclusions

In this context, our analysis leads to a few key policy-relevant observations. First, we
find that H2 use for HDVs reduces bulk system (power-H2 and transportation) cost of deep
decarbonization and decreases demand for fossil fuel liquid but could increase overall natural
gas (NG) consumption compared to equivalent decarbonization scenarios without H2 use for
HDVs. Part of the cost saving stems from the substitution of more expensive conventional
fossil liquid fuels (vs. natural gas on a per GJ of energy basis) for H2 in end-use that also
reduces need for atmospheric CO2 removal via modeled DAC technologies. Ultimately their
cost-effectiveness will depend on the cost of distribution and refueling infrastructure. As a
result, policies that encourage the provision of H2 distribution and refueling infrastructure
should be encouraged. Second, limitations on CO2 storage availability increase the bulk
system cost savings (in absolute terms) of adopting H2 use for HDVs. Third, the deployment
of synthetic fuels results in substantial expansion of power and H2 production capacity, with
a preference for non-fossil fuel generation sources (electrolyzrs for H2 production and VRE
for power generation) to maximize carbon abatement benefits of synthetic fuel use. The
second order impacts of SF adoption on other sectors should be considered when creating
policies that encourage SF adoption. Fourth, while synthetic fuel adoption generally increases
bulk system costs, the cost increases vs. no synthetic fuel adoption case are the lowest in
case CO2 storage availability is constrained and fossil fuels (natural gas and fossil liquids)
are expensive. In the European context, where the above conditions appear to be true,
synthetic fuels could be viewed as limited but viable decarbonization strategy, so long as
the supporting power and H2 infrastructure requirements can be satisfied. The role for H2

for transport decarbonization reduces the upstream burden on the power and H2 sectors
but comes with the additional downstream challenges of deploying extensive distribution,
refueling and vehicular infrastructure. Finally, our analysis highlights that the optimal-level
of sectoral decarbonization is dependent on the technology pathways adopted and reinforces
the use of multi-sector emissions reduction strategies similar to the European emissions
trading system rather than sector specific decarbonization approaches being contemplated
in other regions (e.g. U.S.). This study exhibits the importance of multi-sectoral analysis and
planning, and by extension policymaking, showing that choices made in the transportation
decarbonization space have far-reaching impacts in other sectors.
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Appendix A

Supply-side (DOLPHYN) Inputs

A.1 Power Network, Cost, and Operational Assumptions

The power system used in this study is based on a brownfield representation of the European
Grid created by PYPSA-EUR [38].We utilize the 37-node representation of the European
continent (which reduced to 10 nodes when we exclude countries outside of the region of
interests. All countries are represented as one node, apart from Denmark and the UK, which
are each represented using two nodes.

Transmission costs and upgrades are based on PYPSA-EUR network representations
[38]. In the model, both AC and DC transmission are treated as the same. We assume that
existing power transmission capacities can be expanded by up to 4 times. Additionally, we
assume that new lines can be built between certain regions up to a capacity of 5000 MW.

The existing available generation is based on data from the ENTSOE transparency plat-
form [33]. We assume that this capacity will be available in the year 2040.

The following table shows the key cost and operational assumptions for generation and
storage technologies:

62



Generation
Technology

Power
CAPEX
(Eur/
kW)

Energy
CAPEX
(Eur/
kWh)

FOM
(Eur/
MW/
yr)

VOM
(Eur/
MWh)

Heat
Rate
(MMBTU
/ MWh)

Capture
Rate

Round
Trip
Effi-
ciency

Lifetime
(Yrs)

Onshore Wind 851 - 32 0 - - - 30
Offshore Wind 3,751 - 69 0 - - - 30
Solar 680 - 13 0 - - - 30
Biomass - - 136 5.2 13.5 - - 45
Nuclear 6,431 - 131 2.6 10.46 - - 60
Hydro - - 56 0 - - - 100
OCGT 785 - 19 1.6 10.1 - - 30
CCGT 937 - 25 4.6 6.5 - - 30
CCGT w/ CCS 1,794 - 52 3.7 7.2 0.95 - 30
Coal 2,733 - 67 7.2 10.0 - - 30
PHS 1,991 - 16 0.5 - - 0.87 100
Battery 137 208 18 0 - - 0.85 30

Table A.1: Power Technology Cost and Operational Assumptions

All costs assumptions are based on the NREL ATB [39]. All operational assumptions are
based on Supelveda et al. [40].

The maximum available generation capacity and temporally resolved capacity factors
associated with the variable renewable energy generation technologies is based on PYPSA-
EUR [38]. We assume no possible expansion in biomass plants. Additionally, we assume
that only nuclear existing (without a phase-out), planned, and under-construction units will
be in-operation by 2040, in line with [34].
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A.2 Hydrogen Cost and Operational Assumptions

We model hydrogen generation, transmission, storage, and G2P technologies. A greenfield
representation of the hydrogen system is utilized for this study.

We modelled electrolyzers, SMR, SMR w/ CCS, and ATR w/ CCS technologies. We
also model above ground hydrogen storage. Cost and operational assumptions for fossile
fuel based plants (SMR, SMR w/ CCS, and ATR w/ CCS) are based on [49]. Cost and
operational assumptions for electrolyzers are based on [50], assuming 2050 costs. Costs and
operational assumptions for G2P is based on [39]. Storage technology cost assumptions are
based on [51]. The following table shows key hydrogen generation technologies cost and
operational assumptions:

H2 Production
Technology

CAPEX
(Eur/
kTonne-
H2/ yr)

FOM
(Eur/
kTonne-
CO2/
hr/yr)

VOM
(Eur/
Tonne-
CO2)

Electricity
Input
(MWh/
Tonne-
H2)

Natural
Gas
Heat
Rate
(GJ/
Tonne
H2)

Capture
Rate

Lifetime
(Yrs)

SMR 15,715 539 0.08 0.65 184.4 - 25
SMR w/ CCS 38,232 1,183 0.22 2.04 196.1 0.96 25
ATR w/ CCS 30,218 917 0.33 4.00 184.3 0.95 25
Electrolyzers 18,954 37.30 - 45.00 45.0 - 20

Table A.2: Hydrogen Production Technology Cost Assumptions

G2P Technology CAPEX (Eur/
MW)

FOM (Eur/
MW/yr)

VOM (Eur/
MWh)

Conversion Ef-
ficiency (MWh/
tonne-H2)

CCGT G2P 816,095 24,570 1.57 21.65

Table A.3: G2P Technology Cost Assumptions

Storage Tech-
nology

CAPEX
(Eur/kTonne-
H2/hr)

CAPEX (Eu-
r/kTonne H2)

FOM (Eur/k-
Tonne H2/yr)

Lifetime (Yrs)

Underground
Storage

1,859 504 1.02 30

Table A.4: Hydrogen Storage Technology Costs Assumptions
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A.3 CO2 Sequestration Assumptions

A.3.1 DAC Cost and Operational Assumptions

We model liquid and solid sorbet direct-air capture (DAC) technologies. The following are
the cost and operational assumptions associated with DAC technologies:

DAC Technol-
ogy

CAPEX
(Eur/
kTonne
CO2/hr)

FOM
(Eur/
kTonne
CO2/hr)

VOM
(Eur/
Tonne
CO2)

Heat
Rate
(MMB-
TU/
Tonne
CO2)

Capture
Rate

Lifetime
(Yrs)

Solvent DAC 12,606 342 57.8 12.2 0.99 30
Sorbent DAC 30,684 1,041 59.8 26.6 0.89 30

Table A.5: Direct Air Capture Technology Operation and Cost Assumptions. Costs based
on Plant Size.

Additionally, we assume that a carbon dioxide pipeline network can be built without
restrictions.

A.3.2 Geological Sequestration Assumptions

CO2 geological sequestration capacities are based on the EU GeoCapacity project for all
countries except Sweden [52]. Sweden geological storage is based on [53]. We utilize the con-
servative assumption. In addition, we assume that only geological storage in saline aquifers
is viable. Additionally, since our model captures on year, we divide the available capacity
by 100 to account for the long-term need for CO2 storage, as well as the utilization for CO2
capture for other purposes such as industrial sequestration. In addition to DAC, we assume
that CO2 captured from the power and hydrogen sectors through PSC is combined with
any CO2 captured from DAC. This captured CO2 is either utilized using the synthetic fuel
pathway or is stored.

Table A.6 shows the modelled available capacity for geological CO2 storage:

65



Country CO2 Storage (Mt/yr)
Belgium 199
Germany 14,900
Denmark 2,554
France 7,922

United Kingdom 7,100
Netherlands 340

Norway 26,031
Sweden 3,400

Table A.6: CO2 Geological Sequestration Availability by Country

A.4 Liquid Fuels Assumptions

A.4.1 Synthetic Fuels Cost and Operational Assumptions

Since the focus of this is study is road transportation, we focus on two liquid fuels; diesel
and gasoline. We assume that liquid fuel demand can be met in one of two ways. The first
is using conventional hydrocarbons and the second is through synthetic fuels.

Three synfuel plan configurations are modelled. The first is a synfuel plant is based
on Zang et al. and James et al.. [25], [41]. Additionally, we model two modified plant
configurations, the first captures a portion of the vented CO2, while the second captures and
recycles the vented CO2.

The following parameters show the synthetic fuels cost and operational assumptions:

Syn Fuel Production Technology Syn Fuel Plant Syn Fuel Plant
w/ Capture

Syn Fuel Plan
w/ Recycling

CAPEX (Eur/kTonne CO2 In / hr) 3,634 5,682 11,153
FOM (Eur/kTonne CO2 In / hr) 193 244 480
VOM (Eur/Tonne CO2 In) 8.5 9.5 18.7
Lifetime (Yrs) 40 40 40
CO2 Utilized (%) 0.46 0.46 0.89
CO2 Captured (%) 0.00 0.50 0.00
CO2 Released (%) 0.56 0.06 0.11
H2 In (Tonnes/Tonne of CO2 In) 0.09 0.09 0.18
Electricity In (MWh/Tonne CO2 In) 0.036 0.107 0.211
Diesel Out (MMBTU/Tonne CO2 In) 1,781 1,781 3,495
Gasoline Out (MMBTU/Tonne CO2 In) 1,687 1,687 3,311
Jet Fuel Out (MMBTU/TonneCO2 In) 3,037 3,037 5,960

Table A.7: Syn Fuel Production Operation and Cost Assumptions

Since jet fuel is a by-product on the synthetic fuel process we are modelling, but the
aviation sector is not included in our model, we assume a "credit" associated with the
production of jet fuels.
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A.5 Fuel costs

Fuel Fuel
Cost
(Eu-
r/MWh)

Nuclear 1.5
Biomass 7.0
Coal 6.2
Lignite 5.8
Natural Gas 30.8

Gasoline 69.3
Diesel 96.2
Jet fuel 44.8

Table A.8: Fuel Cost Assumptions

The source for the nuclear, coal, and lignite costs is the 2022 TYNDP study [34]. The
price of natural gas is based on natural gas futures viewed in June 2022 for the Dutch TTF
[54]. The natural gas prices reflected in the TYNDP are significantly lower than natural gas
futures. Given the state of current state of European natural gas supply, we believe that
relying on futures estimate is more reasonable. Additionally, ENTSOE-TYNDP does not
list biomass prices. The price for biomass is based from PyPSA technology database [55].

The price for gasoline and diesel is based on German gasoline and diesel averaged for
2022 ex-tax, while jet fuel prices are based on the 2022 U.S. Gulf Coast Kerosene-Type Jet
Fuel Spot price. [56]–[58]. These prices are then projected out to 2050 by scaling them in
accordance to the ENTSOE TYNDP study crude oil projection [33].

67



A.6 Non-transportation demand

The baseline electricity and hydrogen demand is based on ENTSOE projected demand sce-
narios, excluding any road transportation demand [34]. We utilize the Distributed Energy
scenario for the year 2040.

Figure A.1: Non-transportation electric demand broken down by country and end-use as
reported by ENTSOE

Figure A.2: Non-transportation H2 demand broken down by country and end-use as reported
by ENTSOE
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A.7 Emissions Constraint

We establish a combined system cap on the power, hydrogen, and transportation sectors.
This is reflective of a combined emission trading market. To establish a baseline, we add
transportation and power sector emissions from the year 2015. We assume that by the year
2040, we will require a 90% reduction in power sector emissions and a 40% reduction in
transportation emissions. It is worth noting that specific economy-wide emissions targets for
the year 2040 have not been set for the EU, let alone sectoral emissions targets. As a result,
we model a range of emissions sensitivities.
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Appendix B

Pracitical Considerations: Run Tools
and Requirements

The first step for model creation is to create a basic DOLPHYN model that does not contain
transportation demand. Then, a transportation scenario is created using the transportation
demand model. This scenario is overlayed on top of a non-transportation scenario demand,
and outputs a new set of DOLPHYN inputs with the required transportation demand, as
well as any other inputs that are modified for a given scenario. Multiple of these scenarios
are created simultaneously to create one scenario set. These scenarios sets are then run on
the MIT Supercloud. The results are then processed using a post-processing script to extract
key insights. In this section we explain some of the key considerations that helped us process
this large collection of scenarios. The transportation demand model, script used to generate
scenario sets, and post-processing script can be found here [59].

In terms of DOLPHYN model considerations, we utilized a couple of techniques t improve
model tractability/ These are: 1) time domain reduction, and 2) linearized-unit commitment.
To improve the tractability of the model, we utilize a time domain reduction, which reduces
the time domain into 100 representative days using a clustering algorithm. This clustering
algorithm takes into account demand and VRE resource availability to select the most rep-
resentative period. We cluster on the basis of non-transportation demand to avoid clustering
separately for each model to avoid differing results. As noted in [60] "the time-domain re-
duction preserves chronological variability of energy demands and VRE resource availability,
as well as the correlations among them, while reducing the model size to still be computa-
tionally tractable." We also utilize a linearized unit-commitment simplification for thermal
and hydrogen production units.

Choosing the correct solver and solver parameters is key to run such optimization models
successfully. The Gurobi solver (v9.5.1) was used to run these models on Julia (v1.7.3).
Given the size of the model, and the amount of varying inputs, the solver often encountered
numerical issues. To solve these issues, optimizer solver settings were tweaked and modified.
Key optimizer settings were found to be: 1) numerical focus (increased numerical focus
means solver uses greater precision as model is solved), 2) bar homogeneous (algorithm to
detect infeasibility and unboundedness. Slower than default algorithm). Finally, to reduce
solve time, the Crossover parameter was set to 0. The Crossover parameter transforms an
interior solution into a basic solution for added accuracy. This was forgone to allow the
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models to be solved, as crossover can often take a very large amount of time to terminate.
It is worth mentioning that other solvers may have different optimal parameters, and that
the best parameter settings will be different depending on the model make-up. Also, the
numerical performance of the solver improved with successive updates to the solver, so it is
important to utilize the latest available solver.

In total, we ran 48 separate DOLPHYN models for this study. Each model would take
2 hours on a standard personal computer 16 GB RAM 6-core machine. To decrease the
runtime required, jobs were run in parallel on the MIT SuperCloud, a high performance
computing (HPC) cluster [61] on 8 Intel Xeon Platinum 8260 nodes. Each node has 48
cores, and each core has 4 GB of RAM. We ran each of the jobs on a separate node. Even
though it should be possible to run more than 1 job per node at a time, sometimes memory
issues are encountered that prevent jobs from terminating properly.

After running the results, post-processing functions were used to create visualization of
model results. These functions were very useful in providing an idea of the success of the
model runs and key insights. The functions created are flexible enough to handle multiple
different scenario set cases.
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Appendix C

Sensitivity Scenarios

C.1 Sensitivity Set 1: Core Scenario Set 1 with Relaxed
Emissions Constraint

The following diagram shows where this sensitivity lies on the scenario matrix.

Synthetic use in HDV

H2 use in HDV Çç√

No H2 HDV 

High H2 HDV 

No Synfuels HDV High Synfuels HDVMedium Synfuels HDV

No CO2 Storage

Baseline 

CO2 Storage

Medium H2 HDV

Power + H2 + Road 
Transportation joint 

CO2 emissions 
constraint = 258 

Mtonnes

Sensitivity Set 1:
Impact of H2 HDV Adoption – Relaxed Emissions Constraint Sensitivity

Figure C.1: Sensitivity set 1 scenario matrix. Each bubble represents a scenario. The y-
axis represents varying levels of H2 HDV adoption, while the x-axis represents varying levels
synthetic fuel adoption. All scenarios are equivalent from an emissions capping perspective
with a cap of 258 MTCO2. HDV fleet represents all vehicle types with gross weight great
than 7.5 tonnes.
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Figure C.2: Power and H2 generation for baseline and no CO2 sequestration scenarios under
no synthetic fuel adoption. The left set of charts shows power generation and the right set of
charts shows H2 generation. Within each panel, the amount of H2 HDV adoption increases
moving from left to right. CO2 constraint is relaxed compared to core scenario set 1.
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Figure C.3: Power and H2 capacity for baseline and no CO2 sequestration scenarios under
no synthetic fuel adoption. The left set of charts shows power generation and the right set of
charts shows H2 generation. Within each panel, the amount of H2 HDV adoption increases
moving from left to right.CO2 constraint is relaxed compared to core scenario set 1.
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Figure C.4: System CO2 balance under varying levels of H2 HDV adoption and no SF
adoption. The subfigure on the left shows the CO2 balance under no CO2 sequestration
availability, while the one on the right shows the CO2 balance under baseline CO2 storage
availability. Within each subplot the H2 HDV adoption level increases left to right. The
leftward column represents CO2 input into the system, while the rightward column represents
CO2 outputted by the system. All scenarios adhere to the same emissions constraint of 258
MTonnes. CO2 constraint is relaxed compared to core scenario set 1. Emissions constraint
can be calculated from the chart by subtracting sequestered emissions and DAC atmospheric
capture from the emission outflows.

Figure C.5: Annualized bulk-system costs under varying levels of H2 HDV adoption and no
SF adoption.The subfigure on the left shows the cost breakdown under no CO2 sequestra-
tion availability, while the one on the right shows the cost breakdown under baseline CO2

sequestration availability. Within each subplot the H2 HDV adoption level increases left to
right. CO2 constraint is relaxed compared to core scenario set 1. The costs do not include
vehicle replacement or H2 distribution costs.
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C.2 Sensitivity Set 2: Core Scenario Set 1 Natural Gas
Price Sensitivity

Synthetic use in HDV

H2 use in HDV Çç√

No H2 HDV 

High H2 HDV 
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CO2 Storage
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Power + H2 + Road 
Transportation joint 

CO2 emissions 
constraint = 103 

Mtonnes

Sensitivity Set 2:
Impact of H2 HDV Adoption – Fuel Price Sensitivity Natural Gas Price: 

+/- 30% of core 
scenarios

Figure C.6: Sensitivity set 2 scenario matrix. Each bubble represents a scenario. The y-
axis represents varying levels of H2 HDV adoption, while the x-axis represents varying levels
synthetic fuel adoption. All scenarios are equivalent from an emissions capping perspective
with a cap of 103 MTCO2. HDV fleet represents all vehicle types with gross weight great
than 7.5 tonnes. This scenario is based on core scenario set 1, but with +/-30% NG prices.
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(a) No CO2 Storage

(b) Baseline CO2 Storage

Figure C.7: Power generation for no (sub-figure a) and baseline (sub-figure b) CO2 seques-
tration scenarios under no synthetic fuel adoption. The price of natural gas increases left
to right. Within each panel, the amount of H2 HDV adoption increases moving from left to
right. The middle panels correspond to the core set of scenarios
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(a) No CO2 Storage

(b) Baseline CO2 Storage

Figure C.8: Power capacity for no (sub-figure a) and baseline (sub-figure b) CO2 sequestra-
tion scenarios under no synthetic fuel adoption. The price of natural gas increases left to
right. Within each panel, the amount of H2 HDV adoption increases moving from left to
right. The middle panels correspond to the core set of scenarios
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(a) No CO2 Storage

(b) Baseline CO2 Storage

Figure C.9: H2 generation for no (sub-figure a) and baseline (sub-figure b) CO2 sequestration
scenarios under no synthetic fuel adoption. The price of natural gas increases left to right.
Within each panel, the amount of H2 HDV adoption increases moving from left to right.
The middle panels correspond to the core set of scenarios.
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(a) No CO2 Storage

(b) Baseline CO2 Storage

Figure C.10: H2 capacity for no (sub-figure a) and baseline (sub-figure b) CO2 sequestration
scenarios under no synthetic fuel adoption. The price of natural gas increases left to right.
Within each panel, the amount of H2 HDV adoption increases moving from left to right.
The middle panels correspond to the core set of scenarios
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(a) No CO2 Storage

(b) Baseline CO2 Storage

Figure C.11: System CO2 balance under varying levels of H2 HDV adoption and no SF
adoption for no (sub-figure a) and baseline (sub-figure b) CO2 sequestration scenarios. The
price of natural gas increases left to right. Within each subplot the H2 HDV adoption level
increases left to right. The leftward column represents CO2 input into the system, while
the rightward column represents CO2 outputted by the system. All scenarios adhere to the
same emissions constraint of 103 MTonnes. The middle panels correspond to the core set of
scenarios. Emissions constraint can be calculated from the chart by subtracting sequestered
emissions and DAC atmospheric capture from the emission outflows. Emissions constraint
can be calculated from the chart by subtracting sequestered emissions and DAC atmospheric
capture from the emission outflows.
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(a) No CO2 Storage

(b) Baseline CO2 Storage

Figure C.12: Annualized bulk-system costs under varying levels of H2 HDV adoption and no
SF adoption for no (sub-figure a) and baseline (sub-figure b) CO2 sequestration scenarios.
The price of natural gas increases left to right. Within each subplot the H2 HDV adoption
level increases left to right. The middle panels correspond to the core set of scenarios. The
costs do not include vehicle replacement or H2 distribution costs.
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Figure C.13: Trade-off between natural gas (NG) and liquid fossil fuel utilization for scenarios
where amount of H2 HDVs is varied. The subfigure on the top shows the relationship for
the H2 HDV scenarios(i.e. scenario set 1), while the second plot shows the results for the
relaxed emission sensitivity (i.e. sensitivity scenario set 1). The last 3 shows the results
for the natural gas price sensitivities (i.e. sensitivity scenario set 2). Within each subplot
the amount of natural gas consumption can be examined on the x-axis, while the amount
of liquid fossil fuel consumption can be examined on the y-axis. The amount of H2 and SF
HDV adoption increases from top to bottom. The amount of liquid fossil fuel consumption
includes diesel and gasoline, and excludes jet fuel as well as excess synthetic fuels.83



C.3 Sensitivity Set 3: Core Scenario Set 2 with No H2

HDV Deployment

Synthetic use in HDV

H2 use in HDV
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Level of H2 HDV Adoption Sensitivity

Figure C.14: Sensitivity set 3 scenario matrix. Each bubble represents a scenario. The y-
axis represents varying levels of H2 HDV adoption, while the x-axis represents varying levels
synthetic fuel adoption. All scenarios are equivalent from an emissions capping perspective
with a cap of 103 MTCO2. HDV fleet represents all vehicle types with gross weight great
than 7.5 tonnes. This scenario set is based on core scenario set 2, but with no H2 HDVs
adoption instead of medium H2 HDV.
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Figure C.15: Power and hydrogen generation for baseline and no CO2 sequestration scenarios
under no H2 HDV adoption. The left set of charts shows power generation and the right set
of charts shows H2 generation. Within each panel, the amount of synthetic fuel adoption
increases moving from left to right.
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Figure C.16: Power and H2 capacity for baseline and no CO2 sequestration scenarios under
no H2 HDV adoption. The left set of charts shows power generation and the right set of charts
shows H2 generation. Within each panel, the amount of synthetic fuel adoption increases
moving from left to right.
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Figure C.17: System CO2 balance under varying levels of SF adoption and no H2 HDV
adoption. The subfigure on the left shows the CO2 balance under no CO2 sequestration
availability, while the one on the right shows the CO2 balance under baseline CO2 seques-
tration availability. Within each subplot the SF adoption level increases left to right. The
leftward column represents CO2 input into the system, while the rightward column repre-
sents CO2 outputted by the system. Emissions constraint can be calculated from the chart
by subtracting sequestered emissions and DAC atmospheric capture from the emission out-
flows. Emissions constraint can be calculated from the chart by subtracting sequestered
emissions and DAC atmospheric capture from the emission outflows.

Figure C.18: Annualized bulk-system costs under varying levels of SF adoption and no H2

HDV adoption.The subfigure on the left shows the cost breakdown under no CO2 sequestra-
tion availability, while the one on the right shows the cost breakdown under baseline CO2

sequestration availability. Within each subplot the H2 HDV adoption level increases left to
right. The costs do not include vehicle replacement or H2 distribution costs.
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C.4 Sensitivity Set 4: Core Scenario Set 2 with Natural
Gas Price Sensitivity

Synthetic use in HDV

H2 use in HDV Çç√
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Figure C.19: Sensitivity set 4 scenario matrix. Each bubble represents a scenario. The y-
axis represents varying levels of H2 HDV adoption, while the x-axis represents varying levels
synthetic fuel adoption. All scenarios are equivalent from an emissions capping perspective
with a cap of 103 MTCO2. HDV fleet represents all vehicle types with gross weight great
than 7.5 tonnes. This scenario is based on core scenario set 2, but with +/-30% NG prices.
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(a) No CO2 Storage

(b) Baseline CO2 Storage

Figure C.20: Power generation for no (sub-figure a) and baseline (sub-figure b) CO2 seques-
tration scenarios under no synthetic fuel adoption. The price of natural gas increases left
to right. Within each panel, the amount of H2 HDV adoption increases moving from left to
right. The middle panels correspond to the core set of scenarios
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(a) No CO2 Storage

(b) Baseline CO2 Storage

Figure C.21: H2 generation for no (sub-figure a) and baseline (sub-figure b) CO2 sequestra-
tion scenarios under no synthetic fuel adoption. The price of natural gas increases left to
right. Within each panel, the amount of H2 HDV adoption increases moving from left to
right. The middle panels correspond to the core set of scenarios.
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(a) No CO2 Storage

(b) Baseline CO2 Storage

Figure C.22: Power capacity for no (sub-figure a) and baseline (sub-figure b) CO2 seques-
tration scenarios under no synthetic fuel adoption. The price of natural gas increases left
to right. Within each panel, the amount of synfuel adoption increases moving from left to
right. The middle panels correspond to the core set of scenarios
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(a) No CO2 Storage

(b) Baseline CO2 Storage

Figure C.23: H2 capacity for no (sub-figure a) and baseline (sub-figure b) CO2 sequestration
scenarios under no synthetic fuel adoption. The price of natural gas increases left to right.
Within each panel, the amount of synfuel adoption increases moving from left to right. The
middle panels correspond to the core set of scenarios
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(a) No CO2 Storage

(b) Baseline CO2 Storage

Figure C.24: System CO2 balance under varying levels of H2 HDV adoption and no SF
adoption for no (sub-figure a) and baseline (sub-figure b) CO2 sequestration scenarios. The
price of natural gas increases left to right. Within each subplot the H2 HDV adoption level
increases left to right. The leftward column represents CO2 input into the system, while
the rightward column represents CO2 outputted by the system. All scenarios adhere to the
same emissions constraint of 103 MTonnes. The middle panels correspond to the core set of
scenarios. Emissions constraint can be calculated from the chart by subtracting sequestered
emissions and DAC atmospheric capture from the emission outflows. Emissions constraint
can be calculated from the chart by subtracting sequestered emissions and DAC atmospheric
capture from the emission outflows.
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(a) No CO2 Storage

(b) Baseline CO2 Storage

Figure C.25: Annualized bulk-system costs under varying levels of H2 HDV adoption and no
SF adoption for no (sub-figure a) and baseline (sub-figure b) CO2 sequestration scenarios.
The price of natural gas increases left to right. Within each subplot the H2 HDV adoption
level increases left to right. The middle panels correspond to the core set of scenarios. The
costs do not include vehicle replacement or H2 distribution costs.
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Figure C.26: Trade-off between natural gas (NG) and liquid fossil fuel utilization for scenarios
where amount of SF adoption is varied. The subfigure on the top shows the relationship for
the core SF HDV scenarios(i.e. scenario set 2), while the second plot shows the results for
the SF scenario with no H2 adoption (i.e. sensitivity scenario set 3). The last 3 shows the
results for the natural gas price sensitivities (i.e. sensitivity scenario set 4). Within each
subplot the amount of natural gas consumption can be examined on the x-axis, while the
amount of liquid fossil fuel consumption can be examined on the y-axis. The amount of SF
HDV adoption increases from top to bottom. The amount of liquid fossil fuel consumption
includes diesel and gasoline, and excludes jet fuel as well as excess synthetic fuels.
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